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Abstract  
 

Adapting Simulation Environments for Emergency Response Planning and Training 
 

By Bruce Donald Campbell 
 

Chair of Supervisory Committee: 
 

Associate Professor Thomas Furness III  
Department of Industrial and Systems Engineering 

 
Communities are preparing diligently for potential community-wide crises arising from 

natural and man-made causes. First responders are those people who train to fulfill 

emergency response roles on behalf of community residents, seeking to limit loss of life, 

protect property, and reduce the cost of long-term recovery periods associated with crisis 

scenarios. The cost of providing physical drills to train for participation in community-

wide crises is exorbitant and the 24/7 demands for first responders can preclude 

participating in training even if a physical drill is made available. Simulation 

environments are computer programs with specialized interfaces that can expose humans 

to simulated crises in order to gain insight as to how they should respond in an actual 

crisis situation. Role-play allows for a live player to simulate the performance of 

activities independently as well as with other agents, all coordinated with simulation 

software to provide feedback as to their performance. The emergent field of serious 

games has attracted researchers who want to contribute to a distributed process of 

improving the experience and increasing the usefulness of such simulation environments.  

  

This research develops and tests a software architecture named RimSim as a serious game 

for emergency response planning and training.  The software design facilitates 

manipulation of various design issues such as the human interface and representational 

constructs for rapid assimilation and decision-making. Various implementations and 

testing of the RimSim within hospital evacuation teams for a specific community-wide 

hospital evacuation scenario demonstrates that the approach is viable and useful for 

further development and implementation. Appropriate metrics to evaluate the success of 



emergency response team players comes from a wide variety of fields including 

distributed cognition, distributed intelligence, situation awareness, and insight generation, 

each of which is described and integrated into the evaluation of subject experiments. In 

this research, metrics are calculated and discussed in terms of applicability and relevance 

to future work. 
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Chapter 1 – Introduction 
 

There exists widespread concern that community emergency response systems are 

inadequately prepared to respond to large-scale catastrophes of either man-made or 

natural origin. Both the 9-11 terrorist attack in New York City and Washington, DC and 

the Katrina hurricane event in the northern Gulf of Mexico region raised our concern 

about preparedness rather than diminishing it. While there is agreement that an optimal 

emergency response effort to community-wide catastrophic events provides an 

opportunity to save lives and property while mitigating short-term response costs and 

long-term recovery costs [1], such an effort requires the coordination of a complex 

system of people, materials, and supplies that cannot be expected to respond optimally on 

the first try.  

 

Steven Bailey, a typical Director of Emergency Management Department for a 

community of a half-million semi-urban residents in Pierce County, Washington, warns 

that the general public is still generally unaware of the large expectation gap between 

amount of services available and amount of service required for a community-wide crisis 

response to reach and aid effected parties [2]. The severe windstorms that paralyzed 

Pierce County in November 2006 emphasize the point: 220,000 homes lost power in 

Bailey’s jurisdiction and an all out effort by available emergency response workers still 

left 5,000 residents without power ten days after the event. Public outrage aimed at the 

delay in restoration of power appears unfair if a traditional time and motion study of the 

response effort is visualized. Why hasn’t a visualization of resources mapped upon 

resource needs been widely spread in order to educate communities about realistic 

expectations? Technically, of course, visualizations of response efforts could be placed 

on the Web and viewed by those who were affected. But is the requisite visual literacy 

truly available in our communities to process such content? 

 

Like most American mid-size and large urban counties in the United States, 

Pierce County is expected to build an organizational structure in anticipation of 

emergency response efforts through the guidance of the National Incident Management 

Structure (NIMS) handbook [3]. This handbook provides advice on how to organize 
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people into planning, operations, logistics, and finance teams that scale up based on the 

size of the event. As defined in the handbook, an incident commander takes on the 

primary responsibility for the coordination of emergency response activities and tasks 

attempted. This model aligns well with a military model that the United States has used 

extensively in the past [4]. The incident commander makes decisions based on a situation 

awareness, whether implicitly or explicitly sought out, which influences how he or she 

proceeds throughout the response. 

 

As Mica Endsley has investigated in years of highly cited research, the situation 

awareness needed for supporting decision-making in a complex and time-critical 

environment is difficult to obtain and, even if gained, may not suggest the proper course 

of action to pursue [5]. Situation awareness, defined as the perception of environmental 

elements within a volume of time and space, the comprehension of their meaning, and the 

projection of their status in the near future, can be improved through the collection and 

integration of each piece of data that validly sheds light on what is going on, where it is 

going on, who is involved, when it starts and ends, and what are its causes. Every person, 

whether a trained emergency responder or member of the general public, can help collect 

data that can be combined to provide situation awareness - our public 911 telephone 

emergency service has proven that over time when responding to smaller localized 

emergencies.  

 

On the whole, situation awareness relies heavily on the distributed perception and 

cognition of humans located within the geospatial and temporal scope of the crisis event. 

Situation awareness also requires that humans ascertain how valuable perceived data is to 

the development of situation awareness and escalate or de-escalate their data reporting as 

a result. The value of data is highly dependent on whether it has already been reported 

and verified. Shared visualization can greatly assist with providing insight as to what has 

been reported and considered in building situation awareness, even if the situation 

awareness itself is not ready to be exposed to the public. Visualizing both crisis 

awareness and the response effort are just two examples of how real-time visualizations 

can be built to enhance distributed cognition (d-cog), when defined as the process in 
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which cognitive resources are shared socially in order to extend individual cognitive 

resources or to accomplish something that an individual agent could not achieve alone.  

 

 P.D. Magnus asserts that distributed cognition is the perfect framework for 

characterizing the process “by which ordinary people do collectively what they could not 

do alone” [6]. When evaluated in this light, the emergency response effort to the Katrina 

catastrophic hurricane event appears to demonstrate the overall consequences of 

suboptimal distributed cognition while also demonstrating the power of strong distributed 

cognition in sub-tasks associated with the overall effort. Six months after Katrina reached 

New Orleans, emergency responders, governments, and city residents still publicly 

disputed each other’s version of what exactly took place in the city during the emergency 

response effort. Retrospective reviews of the Katrina emergency response are full of 

could haves and should haves that did not happen because situation awareness was 

inferior and distributed cognition was not coordinated into a coherent, emergent whole 

appropriate for supporting necessary decision-making. Accordingly, these retrospective 

reports lack a comprehensive presentation of the Katrina response effort. Alternatively, 

simulation technologies may suggest various presentations that would have been useful 

for gaining a better understanding of the dynamics of the Katrina situation. 

 

The post-event evaluation of Katrina distresses many a citizen who becomes 

aware of a growing list of potential catastrophes that might occur in their community. 

Even if they wish to be proactive in helping participate in promoting distributed cognition 

to help prepare for possible threat scenarios they’ve become aware of, they aren’t sure 

how to proceed. Unfortunately, the complexity of the whole response is too large to 

contemplate without being overwhelmed. As a default, society identifies roles and trains 

individuals to participate in an emergency response effort with a limited, and perhaps 

unrealistic, set of tasks they can perform. Police officers are trained to keep order and 

lawfulness at all times. Firefighters are trained to limit property damage and save lives 

from the threat of fire. Medics are trained to administer medical aid to injured people. 

The general public recognizes these roles based on uniforms worn, tools held, vehicles 

driven and behavior protocols portrayed often in our culture. These trained roles have 
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been successful in improving response to emergencies that only require a handful of 

participants. However, a response event that scales up to requiring hundreds of 

emergency responders becomes too complex to organize as simply an extension of 

individual roles. If our trained emergency response professionals are not able to 

maximize their distributed cognition and help build a useful situation awareness for 

response decision-making across a broad cadre of emergency responders, how can we 

expect the untrained public to best participate in their own right? Simulation technologies 

already are being used to train military, police, and firefighters individually in their tasks 

[7]. Perhaps we can successfully extend simulation technologies to the full emergency 

response effort across roles, authority, and responsibilities in order to support distributed 

cognition and help build useful situation awareness for response decision-making. 

 

Many complex phenomena are regularly studied through software-based 

simulation providing deeper insights and mediated intellectual discussion. Weather 

researchers simulate environmental conditions and known physical principles in order to 

predict future conditions [8]. Supply chain developers simulate the movement of goods 

through value adding organizations and distribution centers in order to understand how 

flow can meet demand while minimizing distribution costs [9]. Construction management 

teams simulate the building of a structure in order to verify their plan works in the 

physical space available and can be completed within the time and resource constraints 

promised to a customer [10]. As a result of these successful practices, we contend that 

simulating emergency response efforts is likely to provide a useful tool for studying 

appropriate emergency response plans — more useful and cost-effective than any other 

method currently in use. A properly built emergency response simulator also enables 

emergency responders to train for their roles on their own asynchronous schedule. And, 

by properly simplifying and yet representing the complexity of the emergency response 

effort in an interactive visual simulation, simulation provides a tool for emergency 

responders and their protected citizens to gain an understanding of the nature of 

collaborative human effort in response to a wide array of potential catastrophic events. 
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Chapter 2 – Background 
 

Based on extensive readings and exploration of the literature, we have come to the 

conclusion that any successful emergency response role planning and training tool should 

incorporate and attempt to take advantage of a rich history of human physiology, 

perception and cognition, computer information processing, interface design, and 

simulation support research. The design of a simulator needs to build upon the outcomes 

of actual events, emulate empirical results of experimentation and in turn, provide a 

means for extrapolating into new domains and circumstances for emergency response.  In 

this way the simulation ‘packages’ the most promising results of many experiments and 

observations made when working with human beings attempting to improve upon task 

performance. 

 

To that end, we performed a literature review of over 200 sources of books, 

journal articles, and research-based websites to gain a robust background of related 

resources. The most interesting and relevant research can be encapsulated into the 

following five areas relevant to simulation tool design and experimentation:  

 
• Distributed Cognition and Situation Awareness 
• Expert Systems Theory and Work 
• Human Cognition, Perception, and Sense-making 
• Dynamic Visualization  
• Geospatial Visualization 

 
A summary of the relevant literature in each of these five subjects follows. 
 
2.1 Distributed Cognition and Situation Awareness 

 

Distributed cognition and situation awareness are two concepts that are closely 

interrelated in their identification of performance goodness for a team performing a team-

based exercise. A team-member’s situation awareness is often highly dependent on other 

team-members’ ability to describe their current understanding of the state of the team 

activity. Therefore, the cognition required to attain situation awareness is often 

distributed among team members. 
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2.1.1 Distributed Cognition 

 

Distributed cognition is a branch of cognitive science that proposes that human 

knowledge and cognition are not confined to the individual. Instead, it is distributed by 

placing memories, facts, or knowledge on the objects, individuals, and tools in our 

environment. Distributed cognition takes place across human iconic memory, working 

memory, and long-term memory. The content of our long-term memory varies 

significantly when a group or team of people comes to work together for the first time. 

Men and women, since the advent of story-telling and writing techniques, have worked 

together to change our collective long-term memories. 

 

With the correct tool, as Heer and Agrawala have demonstrated through a series 

of experiments, people can work together to adjust long-term memories towards 

consensus while avoiding any negative groupthink [11]. They can then attempt to fill 

their collective working memory with as much of the relevant detail of a problem domain 

as possible to find patterns in data that suggest action. Iconic memory can be leveraged to 

quickly share others’ points of view and return to our individual perspective rapidly. 

Human memory is more than just a collection of physical brain functions that work in 

isolation.  

 

An overarching consideration when considering the value of dynamic 

visualizations is Gary Klein’s evidence from studying firefighting. This research shows 

that making decisions in complex situations is more a process of recognition than heavy 

internal processing [12]. His studies with firefighters provide evidence that incident 

commanders make decisions similar to how chess masters plan their defense and attack. 

The power of human pattern recognition suggests data presentation should reuse the same 

effective visualization technique such that humans can chunk patterns within that 

representation over time. 
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There is a growing interest among distributed cognition researchers on social 

cognition and the neurology of the human brain that makes social cognition so important 

to our group behavior [13]. Besides augmenting cognition through external artifacts, 

humans augment their cognition through dynamic social processes we naturally excel at 

through a lifelong process of socialization. Likewise, individual human perceptive 

abilities have been measured and tied to cognition within individuals. In some studies, 

models of human cognition tie together the results of experiments and observations of 

people with unique handicaps brought on by disease or head trauma. Rensink’s model of 

human cognition provides one reasonable and highly cited model of individual human 

cognition [14]. Rensink’s model has been tested with many corroborating results [15]. 

 

Perceptive and cognitive capacity for a group or team of individuals would seem 

heavily dependent on the environment since the environment contains the medium 

through which humans communicate. People cannot read each other’s minds directly. In 

this regard, Hutchins promoted the term ‘distributed cognition’ in 1995 and suggested we 

need to understand it to analyze and evaluate the flow of representations in real-world 

cooperative work settings [16]. He demonstrated how cognitive systems that consist of 

more than one individual have global properties that differ from the individuals that 

participate in them. Hutchins provides evidence that an individual’s cognition cannot 

accumulate to account for many emergent properties of systems involving multiple 

persons. 

 

Yvonne Rogers suggests distributed cognition is a term that encompasses 

individual, social, and organizational cognition when a system of actors interacts with 

each other and technological artifacts to perform a complex activity [17]. If people use a 

computer to capture all the best possible artifacts that can augment cognition, and even 

extend the opportunity to interact with tangible artifacts that fully enable external 

thinking through necessary peripherals, they are still likely overlook the power of humans 

to distribute cognition through social clues brought on by verbal and non-verbal 

communication. 
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Competition of ideas and thoughts communicated among first responders during a 

response exercise leads to the promotion of some and demotion of others according to a 

human social process. Richard Dawkins suggests this process of meme competition 

evolves better thinking in the way the environment evolves human genes over multiple 

generations [18]. Dawkins’ ideas and examples of memes in action suggests that, as 

responders become more familiar with thoughts spawned by the response effort, they can 

consolidate thought patterns into chunks of information that can make the meme 

competition process more efficient. 

 

Because there has been a long history of cognitive scientists attempting to model 

and study internal cognitive processes over external processes, Roger Pea prefers to stay 

clear of the phrase ‘distributed cognition’ in favor for ‘distributed intelligence’. He 

clearly identifies well-known activities where the functional manipulation of 

representational states must occur within the minds of an individual because they are 

alone with no external objects or artifacts in which to offload cognition [19]. Just because 

people can’t prove conclusively enough for Hutchins’ needs what that specific functional 

processing looks like inside our head, we can still suggest it does occur and is a valid area 

for continued study. 

 

Pea suggests a logical process whereby external objects and relationships form the 

basis for creating internal processes. The idea that internal processes don’t exist until 

seeded by external processes seems to be supported by the description of many cognitive 

tasks. Pea shows that even the ability to process language through reading and listening 

can be the result as the internalization of an external process we learn to internalize over 

time, often with the assistance of parents, peers, and trained teachers.  

 

In [20], Cole and Engström walk the reader through the process of a human 

changing his or her internal processing. They show a clear example of how humans need 

to externalize a currently internal process in order to consider it clearly enough to change 

it. By understanding this phenomenon of internalizing cognition, change agents effectuate 

change best by externalizing a sub-optimal process, allowing others to evolve a new 
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process strategy by thinking with this external representation, and then internalizing the 

newly identified optimal one. Such a point of view provides a strong suggestion that the 

sub-optimal process was internalized initially by external thinking initially as well. 

 

There is a rich history of thought that suggests ideas of distributed cognition or 

distributed intelligence that put emphasis on external objects. As Cole and Engström 

remind us, Wilhelm Wundt often identified the dual-goal nature of psychological 

research [21]. He worked in his laboratory to determine how elementary sensations arise 

in consciousness and some universal laws in which such elements could combine to drive 

mental processing. But he also cautioned about considering those results in isolation of 

higher-level reasoning and human language that had a strong social component. He stated 

that understanding some aspects of psychology required ethnographic, folklore, and 

linguistic study. After that, the cultural-historical psychology perspective of the A.N. 

Leontiev drove home the significance of external interactions to the growth of individual 

cognition [22]. 

 

Cole and Engström expanded upon Leontiev’s activity system diagrams with an 

expanded mediational triangle in light of the significance of distributed cognition to 

performing shared activities. The three points of their triangle represent key facilities 

whereby cognition can be held outside of the head: 1) mediating artifacts provide external 

functional processing opportunities through symbolic logic that can be referred to as 

often as needed; 2) rules list heuristics for processing representational states in 

meaningful ways; and 3) division of labor provides an opportunity to break complex 

activities into manageable parts. At the midpoint of each side of their mediation triangle, 

a useful entity exists that can process the cognition-rich components. By walking around 

the perimeter of the triangle, useful analysis of the nature of distributed cognition can be 

analyzed. Starting with the subject and moving clockwise around the elements, we can 

identify how a subject uses a mediating artifact to attain an objective state. That objective 

can use the division of labor to maintain that state within a community at all times (or 

stated another way, can use division of labor to maintain the most objectives 
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simultaneously). And, the community can use rules to assist the subject in maintaining a 

functional state that will be productive to the sum of all objectives. 

 

One last point to consider when designing training and planning tools is that 

cognitive systems consisting of more than one individual have properties that differ from 

the individuals that participate in them [12]. For example, individuals working together 

on a collaborative task possess different kinds of knowledge and so will engage in 

interactions that will allow them to pool their various resources to accomplish tasks. In 

addition, individuals in a cognitive system have overlapping and shared access to 

knowledge that enables them to be aware of what others are up to. This enables the 

coordination of expectations to emerge that in turn form the basis of coordinated action 

(e.g., glancing and nodding at someone to signal it is their turn to do something rather 

than explicitly asking or telling them).  

 

2.1.2 Situation Awareness 
��� 

��� While distributed cognition attempts to look at how groups cognate across minds, 

situation awareness is a well-researched term that pertains to: 1) the perception of 

environmental elements within a volume of time and space; 2) the comprehension of their 

meaning; and 3) the projection of their status in the near future [23]. Research focusing 

on a tested model of situation awareness has been applied to studying critical decision 

making in complex, dynamic areas including air traffic control, aviation, military 

command and control, and nuclear power plant operations – all four of which contain 

characteristics similar to emergency response (complex interactivities, high rate of 

change, high information flow, short time periods for reflection, and duress brought on by 

the potential chance of loss of life). 

 

���Inadequate situation awareness has been identified as one of the primary factors in 

accidents that were found to have contributory human error. As a result, having complete 

and accurate situation awareness is often critical before actors ‘act’. Distributed cognition 

can describe the process by which teams of people attempt to gain situation awareness in 
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order to help each other and themselves. The more complex and dynamic the system in 

which people act, plus the more serious the consequences of their actions, then the more 

critical situation awareness is relevant to the decision-maker. Accordingly, situation 

awareness has been shown to be a significant success factor in aviation control studies 

[24], emergency response scenarios [25], military command and control operations [26], 
and offshore oil platform management [27]. 

 

Situation awareness becomes better understood and more concretely defined by 

following a chronological series of research studies that started in 1991. Sarter and 

Woods concluded that a key pre-requisite to situation awareness is the existence of a 

comprehensive and coherent representation of the environment and actors in that 

environment which is constantly being updated in accordance with the result of making 

situational assessments [28]. Fracker then extended that conclusion with the additional 

requirements of being able to mix new information in with existing knowledge to build a 

specific situation awareness that is relevant to upcoming decisions and the appropriate 

courses of action that come from making those decisions [29]. Dominguez et al. 

researched how situation awareness formed a mental picture in the decision-maker that 

then strongly suggested where to focus perception in order to maintain it [30]. Smith and 

Hancock identified situation awareness as an externally directed consciousness that aligns 

itself with expected future tasks [31]. Morray’s research added the requirement of a tight 

coupling between the actor and the environment [32]. 

��� 

Although much focus has been made of an individual actor’s coupling and mental 

model, the lessons learned from distributed cognition research suggest there is much to be 

gained by having coherent and complete shared situation awareness. Jeannot et al. 

performed research on situation awareness that used surprise as the metric for assessing 

whether a person had situation awareness or not [33]. In watching emergency response 

drills play out in an Emergency Operations Center, we observed that the actions of others 

in the room and in the field were just as likely to be the cause of surprise across National 

Incident Management Structure teams than anything in the environment outside of the 

actors. 
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Endsley’s research shed light on situation awareness as the result of a process that 

starts with perception, proceeds with comprehension, and then ends in projection: 

perception has to do with the human senses and the ability of those senses to do an 

accurate and timely job of ascertaining the state of relevant elements in the environment; 

comprehension is a synthesis of those perceived environmental states into an internal 

model of how the overall state will impact future objectives; projection has to do with 

taking that comprehension and predicting future state given expected trends and the result 

of personal actions – a process very sensitive to anticipating the passing of time [34]. All 

three stages of situation awareness occur in parallel with situational awareness possible at 

any level (perceiving effectively, comprehending effectively, and projecting effectively). 

Since making corrective actions is considered more important than gaining either of the 

internal mental states, a situation awareness that aligns well with correct projection is 

defined as level 3 – the most useful to gain. 

 

Endsley’s research resulted in the model diagram of situation awareness shown in 

Figure 1 – a model that appears highly relevant to planned activities with emergency 

response planning and training simulation participants. 

         
Figure 1 – Endsley’s model diagram of situation awareness 
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��� ��� 

Endsley attributes necessary situation awareness among team members to the 

degree to which every team member possesses the situation awareness required for his or 

her responsibilities. Team collective success is then measured by the success or failure of 

each team member to perceive, comprehend, and project that awareness effectively. One 

team member’s lack of situation awareness can drastically affect team performance, or it 

may not make a tangible difference at all. She measures the entire coordination for the 

effective sharing of team member actions to reach goals within shared situation 

awareness. This concept of effective sharing can be nearly mapped to the various 

definitions and considerations of distributed cognition provided above. 

 

Along with Jones, Endsley identifies four key factors to sharing situation 

awareness within a team [32]: 

 

• Requirements – those information needs that team members understand need to be 

shared in order to be most effective. 

• Devices – those devices, which are available for sharing the information incorporated 

in the requirements (including basic devices such as non-verbal gestures). 

• Mechanisms – those other faculties that is available for sharing the information on the 

devices and projecting their state for future action. 

• Processes – those effective shared behaviors and social protocols that confirm and 

communicate the by-products of the mechanisms (for example, questioning, 

interviewing, planned tasks, and contingency plans). 

��� 

Perhaps the best contribution to this thesis comes from the literature discussion on 

quantitative and qualitative measurements of situation awareness. Garland has shown the 

mathematical properties of situation awareness include a highly multivariate state that 

suggests a difficult road to quantification [36]. Quantification can occur by comparing an 

individual’s perception, comprehension, and projection to some ground truth reality. In 

that case, the more concurrent the individuals reported state of awareness with reality, the 
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higher the value of situation awareness. To quantify, willing participants are often 

interrupted while performing an activity, including a simulated activity, in order to test 

their current level of situation awareness. Situation awareness is ascertained by asking 

open-ended questions and recording verbal responses that demonstrate the current state 

the participant experiences. Jones and Endsley have codified this approach in their 

Situation Awareness Global Assessment Technique (SAGAT) [37] ���. 

 

Unfortunately, there are times when a ground truth is not readily available to use 

in quantification of a participant’s situation awareness. In that case, researchers often ask 

individuals to rate their own quality of situation awareness or use trained observers to rate 

situation awareness based on the participant’s behavior. Strater et al. created a 

questionnaire they call the Subjective Situation Awareness Questionnaire (PSAQ) [38]. 

Their questionnaire built upon the earlier success in evaluating some complex 

environment behavior with Taylor’s Situation Awareness Rating Technique (SART) [39]. 

A glaring issue with using self-assessment is the fact users are often unaware of 

information they need to know because the information is unknown to any previous 

personal experience. Another problem is the awareness reporting only covers a limited 

portion of the multivariate space of potential information relevant to situation awareness 

– in other words, participant reporting is not all-encompassing in scope, in the vein that 

situation awareness provides flow to a participant performing perception, comprehension, 

and projection simultaneously. 

 

Endsley points out the value of self-assessment as an exercise for a participant to 

get in touch with their own self-confidence that effects their perspective in either 

experiencing undue stress from a sense of sub-par performance or making mistakes due 

to over-confidence [40]. Ideally, experienced observers can provide feedback to better 

align a self-reported situation awareness confidence to reality. The experienced observer 

also has the benefit of not having to deal with the full cognitive load required of the tasks 

being performed by the participant and can isolate observation to those visible identifiers 

associated with situation awareness alone. 
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��� Matthews has had demonstrable success in using a Situation Awareness 

Behaviorally Anchored Rating Scale (SABARS) that evaluates situation awareness based 

on the actions a simulation participant chooses to take [41]. This assumes that good 

situation awareness leads to good behaviors, but does not wait until the simulation is over 

to make an assessment. Instead, assessment can be made for each behavior a participant 

exhibits. Wilson provided a useful list of possible psycho-physiological measures that 
could be used to monitor environmental expectancies when observing a participant’s 
behavior for evidence of higher quality situation awareness [42].  

 

Most often one or more observers make a subjective evaluation of each noticeable 

behavior and compare actions to a list of known behaviors successful participants have 

made in the past. The list grows over time as new behaviors are exhibited and analyzed to 

have positive impact on overall performance. Focusing on behaviors allows the observers 

to by-pass a direct evaluation of the internal state of a participant’s mental processes, a 

process that both perception and cognition studies have shown to be extremely difficult to 

ascertain or describe. Situation awareness can be inferred from the end performance 

result of working within the complex environment. Some common performance metrics 

identified in a typical situation awareness manuals include [43]: 

 

• the time to perform the task (presumed to be done faster with better situation 

awareness). 

• time to start the task after it appeared relevant to being performed. 

• ���the accuracy or number of errors experienced in the effort. 

• the quantity of output or productivity level as a measure of output per time 

period. 

��� ��� 

If we can find performance metrics that are relevant to situation awareness 

quantification, we can save a lot of time and money in performing a tedious recording of 

participant behavior during a simulation session. And, our evaluation can be made 

without disrupting the participant as she performs a series of tasks (including those tasks 

with interdependencies that require they be performed in close temporal proximity to 
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maintain situation awareness). Endsley has found that the correlation between situation 

awareness and performance is probabilistic at best [23]. One small omission in situation 

awareness might have a huge performance effect while a huge omission in situation 

awareness might have no performance effect at all, depending on other factors that are 

within the realm of good or bad luck. 

 

Measuring situation awareness has been an important research agenda for 

validating the effectiveness of C4i systems (those entailing command, control, 

communication, computers and intelligence) [44]. The literature suggests that relevant 

situation awareness techniques fall into the following categories: 

 

Freeze probe techniques attempt to measure situation awareness by asking a 

questionnaire of each simulation participant and recording their answers for comparison 

to the ground truth. The simulation stops for short periods of time as the participant 

answers the questions, which raises a potential issue of interrupting the flow of situation 

awareness (thus reducing it) and an issue of interfering with the execution of the task at 

hand. Freeze probe techniques such as SAGAT [45] and SART [46] have been shown to 

have high validity and reliability in predicting performance based on situation awareness 

[47].   

 

Real-time probe techniques attempt to measure situation awareness by having the 

simulation participant identify their situation awareness while the simulation continues 

running. Real-time probe methods in air traffic control simulation include the situation 

present assessment method (SPAM) [48] and SASHA [49]. Often a series of questions is 

asked of the participant in advance whereby the participant then answers those questions 

in the flow of their performance. For example, in a military simulation, a participant can 

be debriefed to explicitly track the movement of all expected enemy resources 

(equipment and personnel) before the simulation begins. The participant can then reflect 

their situation awareness of the state of the enemy through the creation of communicated 

artifacts they embed in the simulation (e.g. map markers, voice annotations, text notes, 

etc.) [50]. Real-time probing can also interfere with flow and performance, but to a lesser 
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degree (especially if the situation awareness questions are those that need answering to 

correlate with good performance highly). A concern not often identified with freeze 

probes is the detriment of other important communications with the focus on 

communicating the metric for situation awareness. 

 

Self-rating techniques attempt to measure situation awareness by debriefing the 

simulation participant after the simulation with self-reporting on a series of components 

that define situation awareness (e.g. situation familiarity, information quantity and 

quality, attention span and flow, etc.). Self-rating can also occur during the simulation but 

has shown to be a significant distraction. CARS [51], QUASA [52], and SARS [53] are 

examples of self-rating techniques. The primary advantages of using self-reporting 

methods are their low-cost and their non-intrusive nature (especially when reported after 

the simulation).  Self-reporting situation awareness has many of the same potential issues 

of self-reporting any personal characteristics that can be judged as good or bad – personal 

biases against reporting anything that might make the participant look bad in their 

abilities or motivation. 

 

Observer rating techniques typically attempt to measure situation awareness by 

having trained observers observe each participant in the simulation and then providing an 

assessment through rating different components of each participant’s situation awareness. 

SABARS is an example of an observer rating technique [54]. An external observer 

provides a more independent reporting in that the observer, if observing in a non-

interruptive manner, is not responsible for the outcomes of the simulation. But, the 

participants’ internal thoughts may not be reflected in observable actions. For example, a 

participant might consider an aspect of the simulation and conclude that no action is 

necessary. To the external observer, it might appear that aspect of the simulation was not 

even considered. 

 

Process index techniques attempt to measure situation awareness by looking at 

the process by which the participant interacts with the simulation. For example, eye 

tracking can suggest what situation identifiers a participant is considering [55]. In 
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software-driven simulations, the participants’ use of mouse, keyboard, and other 

peripheral devices can suggest situation awareness by considering or performing 

appropriate responses. To be effective though, process index techniques need to verify 

conscious attention to the behavior being performed since similar behaviors could be 

performed as a nervous response without due attention associated. Simulation tasks can 

be designed to require the appropriate process, but that can add extra artificial behavioral 

steps that may impede overall performance. 

 

Performance measure techniques attempt to measure situation awareness by 

scoring the overall outcome of the simulation and suggesting that better situation 

awareness drives better performance. Such measures define simulations along the lines of 

scored game play [need to add examples here]. Typical military performance measures 

look at reduced casualties and fatalities as direct outcomes of improved situation 

awareness. But, situation awareness is not defined in terms of performance as a high 

measure of situation awareness can validly mean a participant understands the situation 

but might not know what to do in that situation. Often performance measures identify 

expertise with the activity more than situation awareness. 

 

In [44] Salmon et al. provide an excellent comprehensive matrix of different 

situation awareness measures and their advantages and disadvantages. Given the variety 

of techniques and the variety of domains presented in the matrix, one could conclude that 

the appropriate situation awareness measure is highly dependent on the nature of the 

activity and the simulation being performed by the participants. Other matrix columns 

Salmon compares by method are the number of personnel requirements, cost to 

administer, method training required, additional equipment required, and time to 

administer the technique suggesting that often measurement cost is a significant 

consideration as well. Another column suggests whether the measure had been applied to 

team situation awareness. In all cases of applied use listed in their chart on pages 230-

232, the method was not applied to team situation awareness. 
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That Salmon does not list any team situation awareness measurement techniques 

represents the fact there are very few techniques that have been specifically developed for 

assessing team situation awareness. Endsley and Robertson have put forth a technique 

that looks at a shared situation awareness based on analyzing each participant’s 

individual situation awareness requirements and then measuring each participant’s 

situation awareness resources [56]. 

 

Endsley and Jones define the term shared situation awareness when investigating 

how one participant’s situation awareness relates to another’s when a team works 

together to perform an activity. To perform their roles, some of the data and processed 

information of interest to one participant may be similar to the data of interest of another 

participant. When two participants work to integrate their interests together, they work 

towards developing shared situation awareness. In this vein, Endsley and Jones define 

shared situation awareness as the intersection of elements within an environment upon 

which multiple team members must develop situation awareness for accomplishing 

individual sub-goals leading to achievement of the overall team goal [57]. Ideally, it is 

this shared situation awareness in combinations of interests across all participants that we 

want to measure. If a participant does not have situation awareness for an aspect of the 

simulation that is not critical to their role, situation awareness for the team is not 

necessarily adversely affected. And yet if a participant becomes aware of an aspect of a 

situation that is critical to another participant’s role and does not communicate that 

aspect, situation awareness for the team is not improved when there is potential to do so. 

 

Simulation participants can develop and perform skills that advance situation 

awareness for the team in a valuable manner. In [58], Prince and Salas identify several 

skills of teams, which they suggest are relevant to improving team situation awareness: 

 

• the ability of the team to identify problems; 
 

• the ability to recognize the need for action; 
 

• the ability to determine root causes in discrepancies; 
 



 20 

• the ability of team members to exchange information for prevention of errors; 
 

• the ability of the team to note deviations in situation awareness across members 
and between members; and 
 

• the ability of the team to demonstrate awareness of an overall goal. 
 
By doing so, they provide useful consideration of what we would like to measure when 

measuring team situation awareness. In [59] Uruguay and Hirata provide a mathematical 

model for measuring situation awareness by the lack of uncertainty on some information 

units. 

 

A. R. Pritchett et al demonstrated how the use of testable responses as a 

performance-based measurement of situation awareness is a valuable measurement 

technique for testing of a wide-range of systems [60]. The methods of assessing situation 

awareness can be compared and contrasted for strengths and weaknesses. Because a 

subject's responses depend heavily on the precision with which the situations in a 

scenario are generated, techniques for robust generation of pre-determined situations 

must be followed, and the relevance to the performance of our hospital evacuation tasks 

must be discussed with knowledgeable experts for affirmation. An example of how 

quantitative metrics can be embedded in an operator’s system is provided by [61]. 

 

 Approaches to the evaluation of situation awareness changes when trying to 

quantify a team’s situation awareness. Usually, observers have the benefit of being able 

to observe the communication between team members that often expresses team situation 

awareness in the flow of performing tasks. Communication patterns among team 

members have proven to be very reliable indicators of situation awareness, especially 

when there is a ground truth with which to compare the content of the communication 

messages. Both Endsley and Jones explored and found the process by which team 

communication builds the knowledge base and information processing patterns that 

constructs higher quality situation awareness [35]. 
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��� Psycho-physiological measures also serve as process indices of a participant’s 

situation awareness by providing an assessment of the relationship between his or her 

performance and the measured change in the participant’s physiology [62]. Researchers 

have found that cognitive activity is often associated with changes in a participant’s 

physiological states. Situation awareness researchers measure a changed physiological 

state by looking for changes in recorded electroencephalographic (EEG) data, heart 

behavior, and eye blinking activity. Wilson found such indicators to provide feedback as 

to whether a participant is sleep fatigued at one end of the continuum or mentally 

overloaded at the other end [63]. Wilson even evaluated other sophisticated psycho-

physiological measures, such as event related potentials (ERP), event related 

desynchronization (ERD), transient heart rate (HR), and electrodermal activity (EDA), 

and found mixed results in their usefulness when evaluating a participant’s perception of 

critical environmental cues that is so critical to gaining at least a minimally-necessary 

situational awareness. Barfield and Weghorst looked at physiological measures 

specifically within virtual environments, including posture, muscle tension, and 

cardiovascular and ocular responses to virtual events associated with virtual activities 

[64]. 

��� ��� 

���Often a combination of evaluation processes can provide the best assessment. 

Each objective and subjective measure has its merits and considering the results of 

multiple assessment strategies can identify strengths and weaknesses of each individual 

approach relative to the tasks being studied. Assessment techniques may each tap into 

specific variables inherent in a simulation participant’s performance. By using more than 

one assessment approach, more variables may be included in the analysis. Durso et al. 

found that different measures often do not correlate strongly with each other [65]. Such a 

result strongly suggests we use an array of approaches in quantifying situation awareness 

among participants and across the whole team. Such a conclusion was reached early on 

by Harwood et al. [66]. ��� 

 

 
2.2 Expert Systems Theory and Work 
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As a society, we have invested substantial time, funding, and effort into 

generating expert systems to reason on problems using extensive rule-based logic. Expert 

systems have promised to capture decision-making rationale and make the seasoned 

thinking process of experts available to less knowledgeable thinkers. We had the 

opportunity to work on an expert system for fire insurance underwriting while performing 

our masters work in 1990 [67]. The results were hopeful for that very static application of 

an expert system. Given that published expert system capabilities sound useful to use 

when participating in a complex emergency response simulation, we investigate the 

literature to consider the expert system’s potential contribution in depth.  

 

An expert system is built with software that aims to capture the knowledge of one 

or more human experts such that the system can be used in place of the expert when 

attempting to perform difficult tasks [68]. Alternatively, the system can be used as an 

assistant to someone performing a complex task such as a paranasal sinus surgery 

procedure [69]. By encoding expertise in a reproducible system, we hope to extend the 

life of the expert’s knowledge beyond his or her lifetime – and we can make that expert 

knowledge available for human and computer interaction in more than one place at a 

time. Expert systems are commonly built with a focus on a specific problem domain 

using many highly developed methods of the artificial intelligence community.  

 

A wide range of algorithmic methods has been incorporated into code to simulate 

the performance of the expert. The most common is a knowledge base approach that uses 

formal knowledge representation to capture one or more subject matter expert’s 

knowledge for interactive query and build it into computer software. A knowledge 

engineer uses interview techniques and observation techniques to capture the expert’s 

knowledge in a way that can then populate the knowledge base. Rules in the knowledge 

base often have probabilistic values associated with their likeliness to be appropriate 

under varying circumstances. The addition of probability metrics has made expert 

systems results more correct under a wider range of conditions. 
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Expert systems have been developed that work with emergency response-related 

knowledge bases. Artificial intelligence approaches, and in particular knowledge-based 

techniques, have shown to be adequate for supporting this kind of emergency situation 

and interaction model, given enough time to perform the computation [70]. Alonzo-

Betanzos et al. developed an intelligent system for forest fire risk prediction that they 

used to predict where forest fires were most likely to start and then, once started, how 

they were likely to spread [71]. Chi et al. extended their fire fighting expert system to be 

driven by a genetic algorithm with scenario visualization in 3-D [72]. Su et al. 

implemented an expert system into a mobile computing system that could be taken to any 

physical location where fire was either a high likelihood of great economic or loss-of-life 

concern [73]. Humphrey explored the use of expert systems in nuclear power plant 

emergency decision-making in her doctoral dissertation [74]. Moore built an expert 

system to assist in improved emergency response to chemical accidents [75]. All of these 

systems showed at least some promise in helping human beings make better decisions for 

emergency management. 

 

Rule-based inference engines place large computational memory demands on the 

computing resources they use and require huge storage capacities to store the knowledge 

base and all the related programs that interact with it. Only recently have the 

compatibilities of portable computers made it possible to process results on more 

complex scenarios in real-time as shown by the mixed results of Su and company’s fire 

damage minimization system [76]. Wojtek et al. published an intriguing paper on the 

process and methodology of designing and developing a mobile support system for 

triaging abdominal pain [77]. While many of the expert systems show promise as 

assistants in the Emergency Operations Center, where they can reside full-time with 

larger technological footprints, they need additional work to be ready for participating in 

the rigors of emergency response. Some of that work entails segmenting a large 

knowledge base into role-specific segments that can assist specific emergency response 

roles. Researchers have been segmenting knowledge bases for marketing and 

underwriting analysis for many years to mixed success [78]. Such a mixed result with 
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relative static data analysis suggests a higher failure rate when applied to dynamic 

emergency response crisis analysis.  

 

Much emphasis has been given to the fact that most emergency responders are 

skeptical of using expert system conclusions as their own unless they can review the rules 

by which any conclusion is reached. To be more useful, access to the system must be 

easy and flexible, and the expert system must be capable of explaining the actions and 

conclusions it produces [79]. This secondary use requirement has made an impact on how 

information within an expert system is stored, and has required the development of new, 

interactive, expert system interfaces that can be used efficiently and can be easily 

modified for re-running with adapted situational rule changes. 

 

Success in using expert systems has not been reached to society’s satisfaction 

when applied to chaotic systems that are too complex to be encoded in the typical rule 

bases seen in existence today – such as emergency response systems attempting large 

crisis resolution. Expert systems success has been reported more favorably when applied 

to manufacturing and other processes designed by engineers that follow known rules of 

physics and are void of human behavior. These expert systems shine in reasoning the 

cause or causes of an abnormal situation that arises in the process. They offer useful 

corrective solutions that are immediately believable by the engineering team responsible 

for performing maintenance activities. A key to success appears to be the coupling of the 

control system to the expertise contained in the knowledge base [79]. Society, in the case 

of a large community emergency crisis, acts far differently than an understandable 

manufacturing control system. 

 

As one of two last considerations, we emphasize that an expert system provides 

the opportunity to encode problem-related expertise in data structures only. When none 

of the expertise is encoded in a program, the knowledge is easily reusable with multiple 

programmed systems. In this consideration, we can consider the progress knowledge base 

use has had over time in regards to potential integration in an emergency response 

planning and training simulator. We also emphasize that success or failure in the use of 
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an expert system is highly correlated with the ability to tailor the system to the level of 

knowledge of the user. Both the explanation of rules processed and conclusions reached 

must be comprehensible to the user of the system. In some applications, the group of 

prospective users is nicely defined and the knowledge level can be estimated so that 

system outputs can be presented at a level that corresponds to an average user. However, 

in other applications, knowledge of the specific domain of the expert system might vary 

considerably among the group of prospective users. This suggests that an intended benefit 

of a training and planning simulator should be its ability to level set the base 

understanding a user has before dealing with an expert system under duress. 

 

 Most expert system textbooks identify four major benefits of using expert 

systems in the decision-making process. An expert system: 

 

• provides consistent answers for repetitive decisions, processes and tasks. 

• maintains significant levels of information in a ready for processing state. 

• encourages organizations to clarify the logic of their decision-making. 

• never forgets to ask a question that a human might forget to ask. 

 

On the other hand, there are some disadvantages with trying to force an expert system 

process into a decision-making tool. An expert system: 

 

• lacks human common sense needed in some decision-making tasks. 

• cannot make creative responses as human expert would in unusual 

circumstances. 

• must decipher expert knowledge from domain experts who are not always 

able to explain their logic and reasoning. 

• is susceptible to errors that may occur in the knowledge base, and lead to 

wrong decisions. 

• cannot adapt to changing environments, unless the knowledge base is 

changed. 
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These considerations are all relevant to the emergency response domain, 

especially the disadvantages that make expert system use risky and costly. 

 

2.3 Human Cognition, Perception, and Sense-making 
 

Human cognition, perception, and sense-making are areas of research that shed 

light on the usefulness of tool interfaces when performing team-based activities. We 

discuss each in context within this section. 

 
2.3.1 Human Cognition 
 

Human cognition is often studied from the perspective of processes happening 

within the human mind. Human cognition is also studied as a phenomenon developed 

concurrently with human culture [80]. Hutchins rejects the overrepresented perspective of 

cognition as a complex happening that occurs primarily within the human head. Instead, 

Hutchins defines cognition as a distributed phenomenon performed by the perception and 

manipulation of representational state across media [16].  

 

Although representational state can exist and be manipulated within the head of a 

participant in a group attempting to coordinate an activity, Hutchins shows all the other 

places where a representational state is often maintained and manipulated. External, 

direct physical objects such as doors and windows can be open or closed, lights can be on 

or off, and a Rubik’s cube can be at its solution state or far from it. Artifacts like books, 

maps, and flowcharts indirectly represent states in the world that can be read, consulted, 

or followed to manipulate representational states. Social organizations like clubs, 

corporations, and governments can be arranged and rearranged to represent the state of 

the world as if the organization itself was a physical external entity. Hutchins suggests 

four manners of maintaining and manipulating representational states allow for distinct 

thinking opportunities: internal, external, artifact, and social relationship, He adds a fifth 

category of thinking genre he calls ideas, which includes novel ways of combining 

representational states to come up with new combinations that show promise for some 

particular purpose [16]. 
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Hutchins does a coherent job of applying his concept of distributed cognition to 

the tasks associated with navigating a large boat and flying a large airplane. These tasks, 

through evolution and convention, do convincingly appear to take advantage of useful 

external objects, artifacts, and social relationships to reduce the cognitive load on an 

individual participant. Hutchins clearly demonstrates how the functional decomposition 

of distributed cognition assists in ideas generation when a new situation arises under 

stressful conditions. He makes a strong case for suggesting research should invest more 

resources into assessing and evaluating activities from a distributed cognition perspective 

than continue focusing on individual internal cognition. Following his train of thought, it 

does seem appropriate to try and engineer the internal cognitive load out of dangerous 

activities that have many influencing variables. Watching an ant seamlessly navigate 

through a complex environment suggests that many impressive activities can be attained 

without a significant internal cognitive process at all. 

 

This dividing line between inside the head functions and outside the head 

functions seems obvious because the human skull is an impressive physical barrier to 

processing. But a functional decomposition of how representational states are identified 

and manipulated during an activity need not put such a strong emphasis on the 

distinction. Neuroscience identifies named locations in the brain and associates unique 

processing tasks with these locales. Some characteristics of the process by which 

cognition occurs within the brain can be applied to the manipulation of representational 

states outside of the brain. The brain becomes just another resource in a distributed 

environment for processing during human activity. 

 

So when we try to consider the perceptive and cognitive capacity of a group of 

people attempting a task, we have to rely on the ability of external representations to 

effectively increase the total capacity of the team’s cognition. Researchers have shown 

for years that individual chunking of knowledge increases cognitive capacity [81]. 

Specialization can then increase group capacity by letting different individuals chunk 

different domains related to the task. 
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2.3.1 Human Perception 
 

Human perception is more immediate than human cognition. We increase a 

team’s perceptive capacity by varying each individual’s focus of attention in different 

areas. For example, during a hockey game, each individual can watch a different player 

in order to increase the perception of the team. In emergency response, a greater 

geographical distance between members can be involved whereby individuals experience 

no sensory inputs in common at all. In that case, we need to increase perceptive capacity 

in each individual as best as possible and then coordinate the team’s focus of attention. 

 

An embedded mind theory, suggested and tested by a body of researchers, 

suggests that the focus on individual perception and cognitive abilities is shortsighted 

because so much of perception and cognition takes place via the environment as its 

medium [82]. External artifacts outside of the individual hold important societal and 

cultural clues that affect cognition. J.J. Gibson’s arguments regarding direct perception is 

one particularly compelling challenge to the status quo focus on indirect perception [83].  

 

2.3.3 Human Sense-making 
 

Sense-making is the ability or attempt to make sense of an ambiguous situation 

through the use of information processing that combines human cognition with human 

perception. Russell et al. describe sense-making as the process of searching for a useful 

data representation and encoding data in that representation to answer task-specific 

questions [84]. Compared to situation awareness that is a specific knowledge state 

maintained by one or more individuals, sense-making is focused on the process of 
achieving outcomes that help humans analyze disparate data: the strategies used and the 
barriers encountered [85]. Endsley counters by saying that sense-making is performed by 
a subset of the processes that humans use to maintain situation awareness, but in a more 
explicitly effortful manner than those processes are naturally performed in achieving 
situation awareness [23]. While situation awareness is often instantaneous and effortless 
for experienced task performers, sense-making continues to be effortful based on the goal 
of finding new patterns in data not previously understood or not connected as relevant. 
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When the task demands immediate action, there is not enough time to perform 
sense-making, except perhaps in retrospect if the data used in taking action is captured 
for later analysis. Time thus provides another consideration for comparing sense-making 
with situation awareness. If the analysis is looking backward on events that already took 
place, such as the movement of people, banking transactions, or communiqués between 
team members, the analysis is likely to be made using sense-making. In the field of 
emergency response, both situational awareness of emergency responders during an 
emergency response and sense-making of activities as a review in retrospect are valuable 
goals to attain. 

��� 

2.4 Dynamic Visualization 
 

When considering distributed cognition, we can consider the elemental unit of 

analysis to be a computational or functional unit. The unit may be a human being or it 

may be one artifact such as an organizational chart. But a hierarchy of units can be 

composed and decomposed in order to try and better describe where the cognitive work 

gets done. The brain is comprised of parts that neuroscientists name and identify and 

cognitive work is more and more often being referenced by locale. An organizational 

chart contains boxes and lines, each of which contributes to cognition. A system 

supporting distributed cognition contains hundreds or thousands of units depending on 

the level of decomposition available to the analyst. These units are conditionally internal 

or external depending on the level of hierarchy being considered – representations 

internal to the system can be considered external representations with respect to the 

individual agents that use and make use of them. Once externalized, functional 

representations are easier to identify and evaluate in a distributed cognition context [86]. 

 

As a result of many convincing arguments of physiological findings, we pursue 

technology that stimulates the visual system to kick-start the full processing capacity of 

the brain. A simulation framework provides the opportunity to experiment with a wide 

variety of visual data presentation techniques in order to best present massive amounts of 

data to role playing participants in a way our visual system can best consider and actively 

interrogate that data. Through a variety of information investigation methods that 

information visualization scientists are organizing into the named field of visual 
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analytics, we are becoming aware of how humans best investigate data to see patterns we 

expect to find and to consider patterns we do not expect to find [3]. A wide variety of 

attempted information presentation techniques make different types of patterns more 

readily visible than others [7]. Furthermore, the likeliness of our pattern recognition 

success varies by individual based on their mental models and time spent on becoming 

proficient in specific presentation techniques. 

 

The full possibilities of dynamic visualization to augment cognition have emerged 

over time as seminal work was built upon by new specialized work. Bertin [87] and 

Cleveland [88] provide initial insights into and discussions about the cognition 

augmentation power of the graphical display. Wilkinson adds much value by focusing on 

quantitative aspects, including statistical methods, of visualizing data [89]. Ware 

addresses perceptual considerations related to the design of user interfaces for 

information visualization [7]. MacEachren documents many technical and cognitive 

issues that affect cartographic representation of spatial information in geographic 

visualizations [90]. Shneiderman summarizes visualization techniques, including the 

important concept of coordination across multiple views in information visualizations 

[91]. And, of course, Tufte outlines the principles of visual display and describes methods 

for using these principles to create explanations visually [92, 93, 94]. Tufte’s most 

important principle, which he demonstrates abundantly using visualization examples in 

history, is to keep visually displayed relevance high by minimizing graphics that carry no 

contributory information to useful analysis. Dynamic visualization can thrive on that 

principle by allowing the analyst to add and remove views to the display based on 

relevance and train of thought. Dynamic visualization provides users the opportunity to 

even modify the views if given a tool interface and instruction to do so. 

 

 More and more innovative information view methods and interaction controls are 

becoming available as information visualization research spreads worldwide. Studies are 

suggesting that the ability to interact with a presented visualization may be even more 

important than the initial presentation provided from one specific viewpoint. As human 

working memory is remarkably limited in its capacity, we appear to need change to keep 
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our attention active in the data consideration process [95]. The research that investigates 

human working memory rarely considers the implications of multiple information 

consumers using their individual working memory in unison. With ten collaborators 

participating in a data investigation task, we have ten times the working memory 

available. How can we best take advantage of that capacity when providing collaborative 

tools for a team’s use? 

 

Direct perception suggests that we gain cognition just by the optical flow we 

experience in moving our eyes through a complex world. We can attempt to augment 

cognition by designing dynamic visualizations that match our built-in optimal flow 

processing capabilities. An indirect perception perspective suggests that visualizations 

augment cognition by focusing perception on the problem at hand and providing a tool 

for offloading mental processing when the processing overwhelms human capacity [96]. 

In a group context, visualizations provide the opportunity for humans to distribute 

cognition across the representation of complex phenomena represented in the 

visualization [3]. When considering the facilities human beings have to use in managing 

data and generating useful information from complex data, we cannot overlook the 

dominance of the visual system our brains use to interact with the world [7]. In pure 

information magnitude terms, our visual system processes roughly ten times the amount 

of data than any other sensory system [97]. 

 

Information visualization platforms are being created that let a single user interact 

with the entire visualization pipeline and rapidly change between view controls, 

coordinate multiple view controls, interact with view controls, and perform data queries 

and visual queries to alter what data is currently loaded and how it appears within each 

view. Improvise [98], Perfuse [99], and VTK [100] are examples of visualization toolkits 

that implement a pipeline that can be adjusted by a user from data sources to interactive 

view control. But these platforms have not yet become multi-user applications whereby 

multiple participants can build, interact with, and discuss visualizations in an optimal 

collaborative process. IRIS Explorer is an example of a visualization toolkit that lets 

multiple users control the process from data sources to rendered visualization [101]. But, 
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historically, IRIS Explorer has fallen significantly short of implementing the latest and 

greatest real-time interaction techniques. If we are to take advantage of the larger 

working memory capacity of multiple human beings, how should we design effective 

interactive multi-user information visualization tools that augment cognition to the point 

research suggests is theoretically possible? 

 

In the individual user case, dynamic visualization designers aim to design tools 

that let the human perform processing steps she wants to perform and offload processing 

steps to the computer that she wants the computer to process. In a multi-user 

environment, a user wants to coordinate which processing steps the computer performs, 

which steps she performs, and which processing steps her fellow collaborators perform 

when their expertise suggests they have expertise relevant to that processing. If we aren’t 

slowed down by redundancy and have the processing capacity, we are likely to consider 

having the computer and multiple collaborators perform the same processing step. In that 

case, we want tools that let us visually compare and contrast the results of those 

processing steps and qualitatively describe and the differences. 

 

Interactive dynamic visualizations need to be flexible in the group use case. In 

order to take advantage of each participant’s working memory in augmenting cognition 

within a group, the group wants to coordinate what each participant is seeing at each time 

period that they work together. To be more specific in terms of information visualization 

tools, they want different visualization controls and views to be visible to different 

collaborators simultaneously. A computer can manage the state of the whole shared 

visualization process and record what occurs during a tool use session in order to assess 

effectiveness in retrospect. With the right logic in place and a trained neural net of 

visualization rules, a computer can learn to suggest a perspective to a group when no one 

is specifically considering it currently. We can improve the collaboration facilitation 

computer’s logic over time as groups of users provide feedback in what shared states best 

supported collaboration and which shared states were inefficient or harmful to progress. 

 



 33 

The goal of dynamic visualization is to let a user or group of users interact with 

data in various presentations in order to attempt to discover (or ‘stumble upon’) the best 

mental model for considering the underlying data. Achieving an optimal mental model is 

extremely important, as Sarter and Woods’ research concludes that an accurate mental 

model is one of the key pre-requisites for achieving situation awareness [28], and as Hill 

and Levenhagen’s research concludes that an accurate mental model is a critical success 

factor for sense-making [102]. When building distributed cognition tools for teams of 

emergency responders, we must consider the differences between a dynamic visualization 

designed for optimal situation awareness versus a dynamic visualization specifically for 

sense-making. 

 
2.5 Geospatial Visualization 
 

Effective situation awareness and sense-making processes both rely on temporal 

and spatial data considerations. For the situation awareness case, keeping track of events 

that are occurring in the environment over time and space is paramount. For sense-

making, hypotheses are formed by the relationships of entities and relationships in time 

and space. Time also plays a key role in how we do analysis based on the timing of our 

perceived state and introduction of new pieces of evidence. Geospatial visualization is 

the field of visualization that considers the problem of presenting data, in accordance 

with its time and space characteristics, effectively for knowledge construction. 

 
Like the related fields of scientific visualization and information visualization, 

geospatial visualization emphasizes knowledge construction over specific knowledge 

storage or information transmission [103]. To construct knowledge, geospatial 

visualization communicates temporal and geospatial information in ways that, when 

combined with the human vision system and domain expertise, allow for data exploration 

and decision-making processes [104]. Because emergency response activities are so 

location specific and time-critical, the field of geospatial visualization merits close 

consideration in terms of providing an external tool for enabling human perception and 

cognition for both situation awareness and sense-making. 
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Before the invention of computers with capable graphical displays, traditionally 

static maps had provided a basic, yet limited, exploratory capability. Since the mass-

production of such computers, graphical information systems (GIS) and geospatial 

visualizations have provided more interactive maps. Interactive maps take advantage of 

the concept of layering to explore different layers of a map over time, allow a user to 

zoom in or out smoothly, and enable a user to change the visual appearance of the map in 

order to highlight specific features in conjunction with other features being analyzed 

[105]. With the addition of a first-person view to the traditional god’s eye view, 

geospatial visualizations can enable an analyst to fly-through the geospatial 

representation at different times at human scale in order to call up the same perception 

and cognition used on a daily basis moving about in the physical world. 

 
Geospatial visualization has been used in the exploration of real-world problems 

in order to facilitate the knowledge generation process. In the field of archaeology, 

geospatial visualization has provided a context for considering the geospatial and 

temporal distribution of plants and animals in the ancient world, even to the point of 

providing suggestions on where to find unearthed archaeological specimen [106]. In the 

field of urban planning, both the planners and the public that must live within urban 

spaces use geospatial visualization to review possible designs for future projects. As a 

shared artifact, geospatial visualization lets an urban planner represent his or her thinking 

visually in ways others can understand their design objectives [107]. These visual urban 

plans can then be stored away for timely access in times of community crisis in order to 

facilitate planning in the emergency response. 

 
A dynamic geospatial visualization tool helps with decision-making associated 

with the management of the natural world as well as the man-made. European foresters 

have provided geospatial visualizations on the Internet with the hope all citizens can gain 

a basic understanding of the basic issues confronting forest management practices [108]. 

This particular foresters use study clearly identified the processes by which some people 

are biased towards using geospatial visualizations primarily as a thinking tool while other 

are biased to still thinking about geospatial visualization as a presentation tool that can be 

used after the knowledge construction has already taken place. 
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Geospatial visualization successes can advise a middle-ground presentation on 

which groups of people with different roles in society attempt to reach a consensus. In 

many places around the world, a geospatially-referenced model of a local environment 

has become the base model in which scenarios for environmental management can be 

played out and discussed. A by-product of using such visual representations is a shared 

visual literacy that can then be used in conjunction with on-going decisions that take 

place within that locale [105]. Google, Microsoft, and NASA are all developing 

geospatial tools (Google Earth [109], Virtual Earth [110], and World Wind [111] 

respectively) that can be used for free for shared geospatial and temporal knowledge 

construction over the Internet. In conjunction with the familiar point and click data layer 

acquisition methods of the Web and a tool capable of mapped presentation, the whole 

world can visualize itself as one geospatial model, changing over time at different spatial 

and temporal scales. 

 
 
 
2.6 Synthesis 
 

 The review of the literature confirmed our suspicion that exant bodies of research 

could each shed some light on the appropriate framework from which to build an 

emergency response planning and training simulator. The human cognition, perception, 

and distributed cognition literature sheds light on important processes a participant in an 

emergency response simulation partakes in when performing and reviewing an 

emergency response effort. With emerging neurology techniques and an emerging brain 

theory in which to consider brain processing, the literature shows a useful direction away 

from considering brains in isolation and towards considering them in conjunction with 

their environment and the mass social culture of humanity. Emerging theories of 

cognition and knowledge construction point to an increasing value of external, visual 

tools with which to use our built-in perceptive flow and cognate. 

 

The situation awareness and sense-making literature sheds light on desirable 

mental states and skills to improve upon in order to become better emergency responders, 
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as well as potential metrics of use to consider in evaluating the effectiveness of the 

simulator and participants’ performance in using the simulator. Situation awareness 

seems particularly critical to a successful team performance in an emergency response 

effort – the effort is much more likely to go awry without situation awareness than with 

it. Sense-making techniques suggest meaningful ways to involve participants in 

improvement analysis after the emergency response simulation session has ended. 

 

 The literature review on expert systems theory and work provides a background 

survey of simulation and learning aides using the approach most typical of the days 

before capable personal and mobile computing devices were made available for planning 

and training simulator development. With large mainframes and a competently evolved 

emphasis on numerical computation, computing environments of the past suggested a 

centralized data-intensive approach. This centralized view of computing aligned well 

with a centralized view of cognition. The review of expert systems also enlightened our 

understanding of how knowledge bases can be developed to work in conjunction with 

any software system as a modular component – including an emergency response 

planning and training simulator for team use. 

 

 The literature review on dynamic visualization and geospatial visualization 

suggests many emerging and innovative approaches to stimulating the construction of 

emergency response knowledge and its application to problem solving. Given the 

geospatial and temporal sensitivities of a successful emergency response effort, both 

geospatial visualizations and dynamic presentations for interactive knowledge 

construction seem highly relevant to building the most effective emergency response 

planning and training simulator for individual and team use. Much can be gained by 

enabling dynamically interactive techniques upon competent base geospatial 

visualization. The emergence of new hypotheses and software toolkits are ideal as our 

responsibility in this thesis requires us to consider all this disparate literature, with both 

its obvious and not-so-obvious overlap and competing stances, and apply it selectively in 

building a useful framework for large-scale community emergency planning and training. 
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As the Visualization conference (Vis 2007) took place simultaneously with VAST 

2007, we attended a lunch awards ceremony where Stuart Card was given a lifetime 

achievement award for his contributions in moving visualization from a pure art form 

towards a science. Card described a cognitive amplification framework he suggested 

should drive all visualization to provide a strong base for spurring on effective analytical 

thinking [112].  He presented a slide that showed the components shown in Figure 2. 

 

 
      Figure 2 – Stuart Card’s cognitive amplification framework 

 

As a result of his classification of three key components of cognitive 

amplification (social cognition, machine algorithms, and dynamic visualization), we were 

able to see a clear synthesis between our interest in simulation systems and the 

opportunity to improve distributed cognition among first responders.  

 

Card also mentioned there were two key questions we had to answer with every 

visualization tool we create: “Does it work?” and “What difference does it make?” We 

thought best to address these questions through a pursuit of generating hypotheses, 

identifying objectives, and testing the effectiveness of visualization in support of a 

doctoral thesis. 
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Chapter 3 - Thesis, Objectives, and Hypotheses 
 

Our research is unique in attempting to meld the best practices suggested by 

theory from all five of the domains in the previous chapter into a single framework for 

improving training and planning for emergency response – taking some direction from 

the work that has come before us. 

 

Simulations, if built correctly, provide the opportunity to encode knowledge in 

software that can be interacted with by a learner to explore a complex phenomenon to 

build understanding over time. Researchers documenting and evaluating successful 

learning activities through the constructivist school of thought have consistently 

demonstrated how students learn with a greater contextualized understanding by 

experiencing the world directly or indirectly through a virtual simulation of the world 

[113]. Joseph Novak highly correlated such methods of learning by personal construction 

to the curriculum apprentices are exposed to in professional training programs outside of 

classroom learning exercises [114]. 

 

An agent-based simulation approach to emergency response modularizes first 

responder knowledge into a hierarchy of software objects whereby each simulated agent 

encodes the emergency response information and actions the agent is responsible for 

performing during a response. Generic unskilled behaviors of all human beings in an 

emergency response scenario can be inherited as well as the simulator grows in scope. An 

expert system-like, rule-driven database of all the agents available during an emergency 

response provides the opportunity for the action of one agent to effect the action of 

another. Other software modules that represent the state of all objects outside of those 

encapsulated as agents can trigger agent actions as well. Since many of the actions agents 

make can be expressed by geospatial movements over time, a geospatial visualization of 

software agents as a by-product of the simulation can inform a viewer as to the nature of 

emergency response. The success of an agent-based simulation approach to improving 

emergency response planning and training is heavily influenced by the appropriate 

encoding of agent behavior in software modules that reflect realistic behavior when 

combined in the simulation. 



 39 

 

Other simulation frameworks and prototype implementations have been 

developed that are relevant to emergency response simulation. We aim to build upon the 

preliminary results obtained by Rojas and Mukherjee through building a Virtual Coach 

application aimed at improving the construction management role associated with a 

complex building activity. That work has tested and demonstrated the value of an agent-

based approach to simulation that includes probabilistic response of agents and 

probabilistic inclusion of new environmental injects that require response from agents 

performing the construction [115]. The aim of our dissertation is to explore a similar 

hypothesis to Mukherjee’s dissertation, whereby we could envision directly substituting 

the two words emergency response for the two words construction management in his 

hypothesis that states: 

 

A situational simulation environment can be used as an 

educational environment for construction management personnel while 

providing a test bed to collect and analyze information in construction 

scenarios, thus allowing us to study construction management as a 

dynamic system, consisting of human and resource interactions. 

 

Beyond verifying that Mukherjee’s construction management results are relevant 

to the emergency response domain, we hypothesize that an agent-based simulation 

environment can improve emergency response situation awareness through improving the 

distributed cognition among emergency response personnel. Our main objectives 

associated with this work being pursued have overlap with Mukherjee’s objectives listed 

on page six of his dissertation in that they all need to be verified as applicable to the 

emergency response domain [116]. While construction management decision-making can 

be evaluated on a day-by-day basis, emergency response decision-making often requires 

split-second decisions that need to be evaluated in that light. To be more specific in 

relation to our application area, we state our thesis, objectives, and hypotheses succinctly 

in the next subsection. 
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3.1 Thesis 
 
For our doctoral work, we propose the following thesis: 
 

Emergency Response Performance is significantly improved by participation in 
visual distributed training tools that increase capacity for distributed cognition 
through improved insight generation and situation awareness. 

 
3.2 Objectives 
 

Because this thesis exists within a broad area of research with subjective metrics, 

we propose four objectives to be researched while testing the thesis above. We intend to: 

 

• Develop a methodology for encoding emergency response scenarios into one or 
more environmental modules that capture the significant variables associated with 
each scenario and allows relevant agent-based rules to be triggered by changes in 
the state of the environment. 

 
• Develop a methodology for encoding specific emergency response roles into 

agent modules that capture the essence of that agent’s behavior in the real world. 
 

• Identify a realistic interface that allows one or more role players to perform an 
agent’s responsibilities within a running simulation that involves environmental 
and agent-based modules culminating in a realistic experience from which to 
learn to consider and improve performance. 

 
• Encode derived metrics into a comprehensive assessment tool that enables a 

visual analytics process defined by both the number of insights found per time 
unit spent using the tool and level of situation awareness attained during tool use. 

 
Testing and validating our thesis through the application of our objectives is the 

primary result to be documented herein. 

 
 
3.3 Hypotheses 

 
We propose two hypotheses to be tested in association with the thesis: 
 

• A multi-user situational simulation environment can be effectively used as a 
training tool for generating insight among emergency response personnel. 

 
• A multi-user situational simulation environment can be effectively used as a 

training tool for improving situation awareness among emergency response 
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personnel. 
 
3.4 Relevance of Hypotheses to Work Performed To Date 
 

Many of the debacles associated with emergency response have resulted from a 

lack of organization, inferior allocation of resources, and ineffective deployment of 

external assets (which of themselves appeared adequate) as the complex system did not 

work effectively as a coherent whole. Based on our review of the literature, observation 

of teams working on complex tasks, and our personal experience with performing a role 

within a team performing a complex activity, we believe the distributed cognition of any 

team can be improved through exposure to external artifacts and social communications 

that stimulate thinking about team activities. Ideally, to gain experience as a participant in 

a team emergency response effort, we would like to consider all aspects of distributed 

cognition in improving the individual’s ability to participate: internal cognition, external 

cognition, abstract cognition, and social cognition. 

 

Hutchins, Varela, Pea, and other’s arguments convince us that the body of 

research work on cognition has already spent too much emphasis on attempting to 

determine the nature of internal cognition with neither the ability to agree on most 

conclusions nor how to improve it. Our discussions with emergency responders has 

convinced us that most external objects used in emergency response are already given 

adequate training emphasis and existing methods just need adequate repetition in 

isolation or among a subset of the team to gain full competence. As a result, we look to 

methods for improving abstract cognition and social cognition as the most likely place to 

make a significant impact in improving emergency response team cognition. We turn to 

simulation as an opportunity to provide emergency responders adequate time and place to 

practice and improve abstract cognition and social cognition in conjunction with other 

team member roles. In human history, large-scale emergencies have not occurred often 

enough for emergency responders to practice solely in the physical world. Due to the cost 

of personnel time and materials, emergency responders have not come close to finding a 

cost-effective method to run an additional magnitude’s worth of emergency response 

drills in order to plan and train for contingencies. We do not wish for the rate of 
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community-wide emergencies to rise in the future and so we can look to simulation 

strategies as a potential cost-effective way to prepare roles for first responders in a wide 

variety of scenarios. 

 

 
 
3.4.1 Enabling Abstract Cognition with Artifacts 

 

Based on our literature review, we have concluded that abstraction is best served 

for the advanced thinker who can already chunk concepts in memory to the degree that 

makes the abstraction effective. But, we believe map reading is an important abstraction 

that all human beings can benefit from and must become better at given the explosion of 

geospatial visualization tools made available to humanity for applying abstract, visual 

thinking to large-scale problems. The map abstraction, when maps are generated from 

aerial and satellite photography, requires one major skill to perfect: the ability to visualize 

a first-person location on Earth from a bird’s eye view above that location. In the case of 

a large-scale community-wide emergency crisis, it seems like a necessary skill in order to 

understand where resources, incidents, and people are located throughout the response 

effort. 

 

Once the map abstraction is familiar to an emergency responder, he or she can 

mentally, or physically through dynamic visualization, manipulate symbols on the map to 

express thinking to others and absorb thoughts expressed by others. Given sensors and/or 

in-the-sky observers like the media or military aircraft, updated representations on the 

map can enhance both spatial and temporal thinking. At that point, everything on the map 

has an opportunity to contribute to situation awareness. Through repetition, an emergency 

responder can train to better perceive those symbols on the map that are most relevant to 

his or her situation awareness. Through exposure, an emergency responder can begin to 

comprehend the significance of different temporal and spatial combinations of those 

symbols. Through practice, an emergency responder can become better at projecting the 

future state of the crisis and suggest how their behavior should be modified to fit the 

emerging situation. Even if a physical dynamic visualization is not available to the 
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emergency responder at the time of the crisis, the responder can gain the ability to 

maintain an abstract dynamic visualization with a simple piece of paper and pencil (or 

internally should that skill be developed reliably). 

 

The realities of emergency response suggest that an up-to-date dynamic 

visualization (whether physical or mental) is unlikely to stay concurrent with reality 

during an emergency response scenario. Social cognition is likely to be very important in 

informing the changing state of the crisis and discussing contingencies, priorities, and 

tasks. Roger Pea’s evidence that social cognition fills a basic human need in affixing 

value to cognition seems clear in relation to how we have observed cognition in our ten 

years as a classroom instructor. We have experienced more concrete examples of 

knowledge affixing itself in a higher state in our mind during teaching in the classroom 

than in any other facet of our life. The fact we are sharing information with interested 

learners in a highly social environment, as we first and foremost attempt to set up with a 

new class, crystallizes knowledge into abstract models of a higher order on which we can 

then rely upon to teach better going forward. 

 

3.4.2 Enabling Social Cognition 
 

Hutchins elegantly demonstrates how important social cognition becomes in 

military operations, aircraft piloting, and large ship navigation. By building a sense of 

team and a responsibility to others, participants in a joint activity pursue knowledge 

acquisition and focus on key perceptions when they know another person’s role is 

dependent on that data. The social nature of human beings drives us to consider other 

people when performing our own tasks – the more we are concerned about letting the 

team down, the more acutely we cognate in order to avoid that outcome. Hutchins 

demonstrates how evolved roles in the military, aircraft piloting, and ship navigating have 

lead to clear social responsibilities in fulfilling those roles, and how those trained upon 

responsibilities provide a performance buffer for the team as a whole – a buffer where 

mistakes can be overcome more flexibly and more often. 
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In the case of a large-scale emergency response effort, social bonds can also limit 

the response effort as the effort grows to necessitate new social interactions between 

groups that have no experience nor trust in working with each other. Performing the 

social pleasantries typical of building trust, under the typical time pressures of an 

emergency response effort, can be awkward and uncomfortable compared to sticking to 

social interactions with the usual team a responder knows well. As a result, human nature 

pushes human beings to place emphasis on communication with known social 

acquaintances inappropriately over those communications with those who most need to 

be communicated with for the overall situation awareness to be maintained and to 

improve the overall emergency response effort. 

 

Social cognition needs to be both planned and trained for as much as abstract 

cognition. A simulator that provides new communication channels that are realistic of 

potential communication channels at response time can expand the social thinking of a 

simulation participant. Exposure to thinking about a large community crisis can suggest 

new relationships that are important to form before a crisis occurs. Exposure can help a 

participant better understand the social network within which he does his work, as well as 

the greater social network associated with the community at large. Having the ability to 

adjust communications channels to simulate any quality from an ideal channel to a 

strongly impaired channel affords the opportunity for an emergency responder to practice 

their communication skills under the wide range of realistic situations he or she may 

encounter. 

 

3.4.3 Enabling Recognition-primed Decision-making 
 

When considering cognition, we must revisit the evidence provided by Klein and 

his associates. Their evidence suggests that human beings use recognition-primed 

decision-making during firefighting efforts and nuclear power plant crises to look for 

solutions based on prior knowledge of those decisions that have worked well in the past 

[12]. The built-in ability of humans to find patterns in complex data suggests we have a 

built-in penchant for matching patterns of complex perceptions to thoughts about the 
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significance of our current state. Fires occur often enough that a senior firefighter has the 

opportunity to perceive enough fires under a wide-enough variety of conditions in order 

to connect his pattern-recognition ability to his comprehension of what is going on and to 

his projection of what to do about it. And, if fires are not occurring regularly, training 

regimens allow for minimally-controlled fires to be set in order to gain the requisite 

experience.  

 

We are willing to accept the setting off of bombs, creation of earthquakes, and 

unleashing of tsunamis on a community in order to realistically understand the patterns of 

human beings behaving in emergency response efforts under severe stress. A simulator, 

while training abstract and social cognition, appears to have a side-benefit of providing 

exposure to patterns of community crisis – even the opportunity to replay crises that have 

been recorded in history. Following logic based on Klein’s findings, we may be able to 

build better recognition-primed behavior in our emergency responders as well. 

 

3.4.4 Dynamic Visualization for Sense-making 
 

While there is often little time for reflection during an emergency response effort, 

there is plenty of time for reflection after the fact. The ideal training tool for simulating 

an emergency response effort is unlikely to be the ideal tool for dissecting performance 

and considering behavior modification for next time similar conditions arise. Thankfully, 

there is an emergent field of dynamic visualization that can advise us how to best build a 

review tool with which to provide an in-depth evaluation of a simulated emergency 

response session. The literature is full of hundreds of examples of how visual analytics 

can enlighten a team of individuals through sense-making activities spurred on by an 

interactive, dynamic, visualization tool. Building an appropriate dynamic visualization 

tool and demonstrating its worth independent of the simulation tool should shed light on 

additional tools to improve our abstract cognition when thinking about emergency 

response in general. 
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Chapter 4 – Preliminary Development and Testing of a Role Simulator 
 

We believe that our first challenge was to verify that a role simulation tool would 

show potential for improving a first responder’s depth of understanding when considering 

their individual effort within the emergency response effort as a whole. We concluded the 

tool’s potential was best verified through demonstration of a tool to an emergency 

response team. We attended two emergency response drills that took place at two 

Emergency Operation Centers (EOC): The University of Washington (UW) EOC drilling 

a delivery truck accident scenario that released a chlorine gas plume into the 

environment, and the UW Hospital EOC drilling a tampered water supply scenario. Both 

EOCs follow the National Incident Management Structure (NIMS) recommendation for 

organizational structure during incident response – organizing the effort among four key 

response teams within the EOC: planning, operations, logistics, and finance/accounting. 

We watched the drills looking for an acceptable pilot team of personnel with which to 

present our ideas on role improvement through simulation. 

 

Based on their identifiable tasks and their willingness to work with us, we chose 

the medical logistics team within the UW Hospital EOC and contacted the emergency 

response coordinator, Tamlyn Thomas, to coordinate working with the University of 

Washington hospital emergency response medical logics team. Through interview and 

observation, we identified five roles the medical logistics team needs to perform during a 

community-wide crisis response, having watched similar tasks in action during the water 

contamination scenario played out in the EOC command room in the center of the UW 

Hospital. Our emergency hospital evacuation scenario includes medical logistics roles 

comprising of five overlapping tasks: 

 

• Hospital Transportation Coordinator coordinates patient evacuation through close 
work with the hospital evacuation and floor coordinators. 
 

• Hospital Control coordinator provides an external facilitation role with those at 
the evacuating and receiving hospitals. 
 

• Fire Department Transport Coordinator coordinates fire department personnel in 
the removal of patients from the evacuating hospital. 
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• Receiving Hospital Coordinator One coordinates patient deliveries to hospital 

one. 
 

• Receiving Hospital Coordinator Two coordinates patient deliveries to hospital 
two. 
 

We concluded that these five roles all have clear and distinct goals with 

overlapping data needs that require a shared common operating picture (a key base 

requirement for requiring distributed cognition). Specifically, data we would need to 

represent in a role simulator includes: 

 

• Supplies and materials 
• Transportation routes and vehicles 
• Patients in the evacuating hospital 
• Emergency response personnel 

 

We built a training simulator for the first role listed above, the Hospital 

Transportation Coordinator, who coordinates patient evacuation through close work with 

the hospital evacuation and floor coordinators and other key roles in the emergency 

evacuation scenario. In building the training simulator, we implemented the system 

architecture we had been promoting and refining for a year though interaction with the 

National Visualization and Analytics Center (NVAC) community. Our resultant 

architecture, as used in our first simulation runs, is shown in Figure 3.  

 

                 

     Figure 3 – RimSim computer-mediated simulation support architecture 
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We introduced the word RimSim as a simple name for grouping together software-

supported services that could support visual, thoughtful interaction with a simulation of 

any emergency response crisis scenario anywhere around the Pacific Rim. In this regard, 

we use the word RimSim to describe any system where we are using the architecture 

presented in Figure 3 to support planning and training activities of one or more first 

responders considering an emergency response scenario.  

 

We attended the Visual Analytics Science and Technology conference in 

Sacramento, California on October 31-November 2, 2007 (VAST 2007), to present the 

RimSim architecture and a plan for its use in pursuing a research agenda to a Doctoral 

Colloquium review panel of five well-known visual analytics specialists and the general 

visualization specialists in the audience who were invited to attend. The RimSim 

architecture provides a modular software development process whereby any of the 

software modules identified as diagram boxes in Figure 3 can be improved and iterated 

upon independently of the others. The interface between any two modules can be 

negotiated as new characteristics and needs of any particular module require a change in 

message passing to other modules in a system built using the RimSim architecture as a 

blueprint. Each of the modules provides well-defined services to the rest of the modules 

as a coordinated system. 

 

Because many of the emergency threats around the Pacific Rim exist due to 

natural threats (e.g. earthquake, volcano eruption, tsunami, and wind storm), the RimSim 

architecture provides a module that can drive simulation attributes based on physical 

earth science models (e.g. tectonic, hydrological, and weather). These earth science 

models exist as forcing agents in predictive models around the Pacific Rim, such as exists 

within the PRISM community in the Puget Sound watershed of King County, 

Washington in the United States [117]. 

 

Manmade simulation services suggest a tighter coupling with the simulation 

attributes as many of the simulation attributes can effect the simulation whereas 

simulation attributes are not able to significantly affect the forces of earth science 
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processes. As a result, the RimSim architecture shows simulation services containing 

closely knit simulation engine and simulation attributes modules. The simulation engine 

module runs a time step code loop that keeps the simulation coherent over time. The 

simulation attributes module keeps track of the state of the simulation through value pairs 

of attributes and values of those attributes. For example, if a truck is deployed to deliver 

supplies to a location, the truck is tracked through an array of simulation attributes such 

as truck1_latitude, truck1_longitude, truck1_supply1_allocation, etc. Simulation 

attributes can be added and removed by the simulation engine, but are only added 

through the earth science data and agent predictions module. 

 

A simulation scenario developer can extend the heuristics support module to 

calculate heuristics being used in an emergency response scenario. Heuristics are often 

documented by subgroups of an emergency response team and are agreed upon as 

support algorithms for first responder behavior. Potential heuristics that wish to be 

considered can also be encoded within the heuristics support module and implemented to 

support agents being run in code.  

 

The communications hub communicates the state of simulation services and the 

heuristics support to the role players who are using the simulation services to play a 

scenario. Both asynchronous communication services and synchronous communication 

services can be encoded in models that match a messaging protocol for influencing the 

simulation or receiving communications from the simulation as to the state of simulation 

attributes at any time step. 

 

Asynchronous communication services allow software developers to add popular 

computer-mediated communications features to the simulation session. For example, a 

bulletin board can be provided that allows participants to leave messages and check 

messages during the course of a simulation session. Other potential asynchronous 

features include e-mail, video posting, presentation services, and spreadsheets. 
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Synchronous communication services allow software developers to integrate real-

time communications links to the simulation. Text chat, instant messaging, video and 

audio streams are just some of the possible synchronous communication services in 

which messages to and from the simulation services modules can be incorporated. 

 

To help with coherent message passing between the communications hub and the 

visualization client that presents the state of the simulation to a participant, relational 

database services are available to provide a proper data model in which to connect data 

visualization views. The participant can change these views through the interaction 

widgets module and the participant can maintain the overall appearance of the views 

through the attribute management module. The visualization client architecture follows 

the Improvise modular model described previously. 

 

When we presented the architecture to the doctoral colloquium, the panel 

suggested no significant updates to this presented architecture, and neither did the 

broader audience during the ten-minute question and answer period. Instead, useful 

suggestions were all directed towards possible implementation of both the synchronous 

and asynchronous communication services. The panel’s review focus certainly cemented 

our already anticipated growing emphasis on social cognition as critical when evaluating 

the effectiveness of group analytical visualization tools. 

 

Although we had already presented at the colloquium before attending the 

lunchtime awards ceremony, we see considerable alignment between Card’s augmented 

cognition features in Figure 2 and the features of our RimSim architecture in Figure 3. To 

align the two figures, we suggest synchronous and asynchronous modules emphasize 

social cognition process in tools created with the architecture; we suggest the attribute 

management, interaction widgets, and interactive data visualization views provide 

dynamic visualization services to our tools; and we suggest all other modules assist in 

augmenting the human’s computing capacity through useful machine algorithms (such as 

simulation services, heuristics computation services, earth science prediction services, 

and agent behavior prediction services). Adding a communications hub and a relational 
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database, for quick and efficient data sharing among multiple tool users, adds the 

connectivity Card suggests is so critical to optimally amplify cognition. The correlation 

of our suggested architecture to a wise and well-traveled researcher’s words of wisdom to 

the entire visualization community present at its annual conference reinforced out belief 

our architecture was ready for use.  

 

Focusing on a single role let us explore a typical emergency response role within 

the context of visualizing a community-wide event. Figure 4 shows our interface with red 

icons representing hospital locations and blue icons representing warehouse locations 

(where medical supplies are inventoried in King County). We use blue-purple shaded 

circles to represent current supply levels at each warehouse and yellow shaded circles to 

identify demand for materials at each hospital. We chose the blue-yellow scheme to avoid 

common color-blindness troubles for our users. Truck icons show delivery truck 

locations. Supply trucks are queued at each warehouse location at the start of the 

simulation. Medical logicians determine routes between hospitals in advance based on 

driver training and the routes the medical logistics team identifies as known and easily 

used without likely driver confusion. Tabular output for supply, demand, and route 

combinations are provided in the right pane of the single role simulator interface shown 

in Figure 4. 

 

 

 

 

 

 

 

 

 

 

 

 
Figure 4 – An allocation of medical resources planning and training tool 
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Using the tool, routes can be evaluated visually using a mouse rollover response 

mechanism whereby routes then appear as seen in Figure 5. As a route is selected, the 

current route duration is presented so the medical logistics role player can consider that 

route. In all, 72 different routes were available for evaluation and selection during our 

pilot tests. The medical supply logician role-player loads supplies on a delivery truck 

according to the role-player’s desired delivery amount by hospital on the route. The truck 

attempts to make the deliveries as requested, extending or contracting the estimated 

duration based on real-time conditions within the simulation. 

 

  
                  Figure 5 – Evaluation of a supply truck route for potential assignment 

 

We chose 72 routes as representative and sufficient to capture the essence of the 

allocation role as the team explained it to us. We worked with Onur Mete, a University of 

Washington graduate student focusing on optimization, to solve the allocation problem 

using a linear programming model. By solving the optimal allocations mathematically, 

we could compare the role player’s attempt to an optimized ideal and provide feedback to 

the player. We could then listen to justifications we might have not thought about and use 

that feedback to improve our interface to make it more authentic to the success of the 

task. 
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Our preliminary results showed that a medical supply allocation role player could 

use the interface to repeatedly practice their allocation task. Of the six emergency 

responders we asked to use our tool, their ability to satisfy hospital demand ran at 

approximately 80% of what the optimization model suggested should be possible. Many 

times, the user’s hesitation to allocate resources fully suggested a concern to us about 

anticipated future conditions that were not programmed into the optimization model. 

Because our simulator provided stochastic demand increases and new supply restocking 

arrivals at warehouse locations, we observed the role player hesitate at various times in 

releasing a truck when a new supply amount seemed eminent to arrive at a warehouse 

that would then significantly change her strategy. 

 

Demonstration of our role simulator to the hospital emergency response 

coordinator gave us hope such training simulators could provide great benefit as both a 

planning and training tool, but needed to be played in conjunction with other team 

responsibilities to better represent the cognitive skill needed within an EOC at crisis time. 

Having gained confidence with work on a specific role, and realizing how many potential 

different roles we might be able to help train with our tool, we began working on a 

generic base simulator framework that could be rapidly modified to support a wide range 

of emergency response roles. We also made note of how time consuming testing a role 

simulator could be with emergency personnel that don’t often have the luxury of 

providing their attention to researchers during their work shift. As a result we committed 

to making the simulator run on as many computing platforms as possible. 
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Chapter 5 – Developing Computer-based Agents to Facilitate Planning and Training 
 

We implemented our base emergency response planning and training framework 

in software in order to be able to test its merits and iterate its design based on feedback 

from emergency response personnel. Our software implementation follows the 

architectural design originally published in the 2008 IEEE International Conference on 

Technologies for Homeland Security proceedings [118]. Using that software, we ran 

studies of distributed heuristics simulated by agents in a software-based emergency 

simulation tool we call RimSim:Response (RSR) that lets us study the effectiveness of 

emergency response heuristics while at the same time lets us verify our approach to 

implementing agents that can simulate any heuristic we want to involve in a distributed 

cognition emergency response scenario. 

 

5.1 RimSim: Response for Emergency Response Simulation 
 

We ran weekly tests of our software implementation to verify smooth and 

coherent multi-player use and iterate upon our design for a better player experience. The 

RSR software lets us: 

 

• Build a scenario anywhere on the planet through a drag-and-drop interface on 

top of a virtual Earth-based globe. 

• Generate multiple roles based on jurisdictions within the geospatial extent of 

the scenario. 

• Apply an agent heuristic and a communication strategy to a role in preparation 

for a simulation session using that agent. 

• Delegate a role to a live player who performs that role within the simulation 

session – using the graphical interface to aid in her performance. 

 

Various parameters are available to vary the scenario in which the emergency 

response simulation takes place. Incidents that demand resources in order to administer 

response services can be set up to trigger at geospatial locations over a specific timeline 
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or time distribution. Resources can be allocated to players with geospatial starting 

positions. 

 

In the course of our research, the RSR simulator became a test bed for planning 

and training for emergency response scenarios. Test plans can be run with live players or 

computer-based agents in either local or remote-over-the-Internet mode. We spent 

hundreds of hours developing RSR to be flexible for testing a wide range of scenarios. 

Scenarios can be developed with a scenario developer tool that allows for a visual 

scenario build on top of the NASA World Wind whole Earth drill-down visualization 

system. Seven scenarios have been built to-date to look at four location-based 

communities with different characteristics of interest: 

 

• Seattle, WA for a focus on a water barrier environment with unique 

geographical characteristics. 

• Vancouver, BC for a focus on a large center metropolitan island with 

surrounding suburban communities. 

• Christchurch, NZ for a focus on further distributed communities with natural 

mountainous barriers between. 

• Detroit, MI for a focus on an international border for multi-team organization 

based on nationality. 

 

Three thematic scenarios have been built with differing characteristics in terms of the 

incidents and resources required to respond effectively: 

 

• Earthquake, with spread out incidents but with many intense incidents 

occurring within close proximity. 

• Tsunami, with incidents skewed closer to water sources than Earthquake and 

requiring help from an inland jurisdiction. 

• Man-made bomb, with a single major epicenter for incidents – requiring help 

from neighboring jurisdictions to keep up. 
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Currently, as a ubiquitous tool, emergency professionals can edit these scenarios 

interactively within the scenario configuration tool. The tool enables its user to iteratively 

change: 

 

• jurisdiction boundaries between players. 

• off-limits areas within the community (such as water and mountainous areas). 

• incident locations, quantities, resource demands, and trigger timings. 

• starting resource levels and locations. 

 

Since the scenario configuration tool is highly visual and interactive, a 

demonstration of the tool is warranted in lieu of a long and inefficient written description 

and is included in this document’s accompanying video made available online at 

http://bdcampbell.net/thesis_video.html. Once a scenario has been created, it can be 

played many times with agents or live players to look for improvements in strategy and 

then be practiced for plan execution by one or more human players. 

 

Upon attending tens of emergency response and visual analytics conferences, live 

exercises and business meetings among emergency response personnel, we learned 

without question how important it is to polish any simulation tool before requesting 

precious time from emergency response personnel who are burnt out mentally from being 

provided so many technology support tools for their jobs. To be considerate, we have 

focused heavily on related emergency response published literature and disclosures made 

at emergency response meetings, conferences, and live exercises in order to design our 

simulator. Accordingly, it is essential that we be well organized when requesting 

emergency response teams to participate in the simulation sessions that will be key tests 

of the hypotheses of this doctoral thesis.  

 

Consequently, our approach has been to simulate entire participant sessions with 

heuristic agents to remove any kinks from the emergency response simulation process. 

We simulate various agent behaviors through our agent code that varies agent behavior in 

three core facets, the agent’s: 
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• willingness to cross jurisdictional boundaries; 

• communication frequency with other agents and EOC personnel; 

• response behavior to requests for help from other players or agents. 

 

As a result, some agents are more willing to travel long distances to participate in 

incident management, others only stay close to home, some agents are highly 

communicative, others rarely communicate, and some agents are highly responsive to 

requests for help versus others that are more reluctant. 

 

We have packaged these characteristics into agents to develop profiles of 

emergency responders that match those of published literature on human behavior. In 

building them, we have focused on rapid construction so that we can interview first 

responders and generate new agents based on their strategies for specific scenarios we 

present to them in table-top exercises.  

 

We believe there is value in presenting the result of our agent-based emergency 

response runs in their own right. These results perform useful sensitivity analyses of our 

simulator when looking for a reasonable ability to inform possible behavior changes for 

better emergency response among teams of responders. Because the simulations are run 

in code, we are able to interface our simulator to a genetic algorithm to quantify the 

potential opportunity for improvement among team heuristics. To use a genetic 

algorithm, we generated a population of encoded strings of heuristic behaviors (called 

chromosomes or the genotype of the genome in the terminology of a genetic algorithm), 

which encoded a random set of candidate solutions (called individuals, creatures, or 

phenotypes) to first responder behavior, and then used chromosome mating and mutation 

techniques to see how the combination of heuristic behaviors evolved toward better 

solutions (through the evaluation of those combinations as simulation session runs).  

 

Figure 6 shows the RSR in action for the Seattle-based scenario where agents 

drive the behavior of all four roles designed in the scenario editor (north, east, south, and 
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west). The quad-colored diamond icons show current outstanding demand for resources 

at an incident location. The resources that can satisfy the demand are shown as smaller 

circular icons with type represented by colors that match the respective incident icon 

quadrants. Yellow lines show the path resources en route are taking to an incident 

location while white lines show a potential path being evaluated. 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

 

A resource reduces incident demand as soon as it is identified for allocation, but 

can be redirected at any point in time whereby the demand returns to pre-allocation state. 

Once all required resources reach an incident location, the incident is removed from its 

visible location and resources are available for redistribution to other incidents. The left-

hand pane shows the messaging traffic between players or agents and resource layers can 

be toggled for visibility. The viewpoint is pre-defined based on the bounding box for 

each role’s home jurisdiction with the EOC role viewpoint providing a full view of all 

jurisdictions involved in the simulation. The simulation ends when all incidents have 

been triggered and resolved by the allocation of demanded resources. 

 

Figure 6 – An RSR Session in Action 
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Our team ran eighty-nine simulation sessions using both computer-based agents 

and live players. To play as a live player, a team member used his or her mouse to drag 

resources from their current location to the incident they wished to resolve. The response 

within the visualization to all other players appeared identical to the agent-based mode. 

 

Once we felt comfortable that both live players and agents were consistently 

applying resources as intended, we built facilities to run emergency response scenario 

sessions automatically via a configuration file. To seed configuration files for multiple 

sessions, we incorporated and extended the popular Genetic Algorithm Java 

Implementation Toolkit (GAJIT) to encode each role on a genome that we designed (such 

that each possible behavioral heuristic the role could implement was represented by a 

series of 0s and 1s) and to produce a configuration file by interpreting its genes, thus 

implementing the heuristics encoded in the genes for each role, for each simulation 

session. Interpreting each genome as a blueprint to seed simulation first responder 

behavior conditions let us run emergency response scenarios with multiple agent 

heuristics and optimize group behavior based on any evaluation metric that could be 

calculated in code.  

 

We performed a simulator sensitivity study by applying the genetic algorithm 

(GA) to a scenario with four first responder roles, making four different response 

heuristics available to each role and four different inter-agent communication strategies 

available to each role as well. With such genomic encoding, each scenario role could thus 

simulate 16 different responder profiles (4 times 4) and each profile could be expressed 

zero, one, two, three, or four times in a simulator session. 

 

In the experiment shown in Figure 7, we chose an evaluation metric based on 

resource effectiveness and responder performance solution time that would evaluate the 

effectiveness of the emergency response effort throughout the simulation. We set the 

incidents to occur every seven seconds and an intermediate score to be calculated as a 

fraction of total resource demand met divided by total resource demand (calculated 

immediately when the new incident was announced, but not including its new resource 
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demand burden on the session). We then weighted the fractional value evenly by each 

intermediate score to get a single quantitative evaluation for that emergency response 

scenario session. The GA was able to significantly improve team success as identified by 

the plot of quantitative evaluation as seen in Figure 7. Each series of simulation sessions 

improved over time with time represented on the x-axis from left to right and the level of 

first response efficiency vertical on the y-axis. 

 

  
 

 

Figure 7 shows the improvement in first response evaluation over time of six 

different simulated chromosomal populations that were mutated (average of one bit per 

chromosome per population) and cross-bred (average of two cross-over points) over time 

with a 15% elite rate and 40% cull rate to produce the next generation. Each population 

has twenty chromosomes and is bred six times to produce seven generations. All 140 

resultant chromosomes (20 x 7) are evaluated using the average intermediary value 

described above. The results for that population are then ordered an assigned a number 

from lowest score to highest. 

 

Figure 7 – Representative result of GA-driven RSR runs 
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In all six starting populations of twenty chromosomes, no procedurally-derived 

simulation session response effort scored higher than 0.8. In all six ending populations, 

no procedurally-derived simulation session response effort scored lower than 0.96. 

Conservatively, that is at least a 20% increase in meeting demand, just by letting the GA 

attempt to optimize the emergency response effort. Not only that, but all six populations 

converged on a similar mix of agent profiles for the roles that performed best. 

 

This preliminary result showed promise in suggesting the genetic algorithm as a 

vigorous way to test out our simulation framework as working properly, while at the 

same time providing feedback on the merit of allocating different response heuristics in 

different team combinations for man-made and natural scenarios. The experiment showed 

how the GA could improve first-responder effort over time through simulation feedback. 

We began to expect it would do the same for live role-players as it would do for agents or 

a mix of agents and live players. 

 

In order to verify that these results were not exclusive to our initial generic classes 

of scenarios, we built our scenario editor with help from Konrad Schroder of the 

University of Washington Human Interface Technology Laboratory in order to generate 

thousands of different scenarios through both random and GA-based design. We provided 

the tool seen in Figure 8 to let anyone handcraft a scenario they wanted to provide for use 

in the RSR simulator (including those scenarios that were meant to represent known 

event classes of incidents like earthquake, tsunami, and man-made bomb). 

 

We found a consistent pattern for finding improved team heuristics across all the 

scenarios we created using our scenario editor and, as a result, felt motivated to add new 

features to further vary scenario session play in our future work. 
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Upon completing the above range of live player and computer code agent-driven 

simulation sessions, we learned that our approach could be flexible in allowing a 

simulation session developer to code an emergency response scenario using the RimSim 

architecture as a guide. The RSR rendition allows for matching available first responder 

participation wishes to the simulator: Those who wish to participate can have their roles 

set up as live participant roles while those who wish not to participate can have their roles 

simulated in code based on modeling their role as best as possible using expert system 

techniques. 

 

In our eighty-nine sessions among members of the RSR testing team, we allowed 

each participant to choose to run live or as an agent within their geographical jurisdiction. 

The software behaved stably and responsively to allow each participant to reflect upon 

their role’s participation and consider how they might improve their participation next 

time (either though playing the role in a real-time simulation with others differently or 

through suggesting changes to be made to the underlying agent behavior algorithms). 

    Figure 8 – The RSR configuration editor modifying a Detroit-based Scenario 
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Our various runs of 140 scenario sessions to support our genetic algorithm 

investigation ran without crashing suggesting that the software was ready for intense use 

if five roles were to be supported in a simulation of similar magnitude to our pilot 

scenarios. We needed to find a specific scenario that could provide value to a team of 

emergency responders and also allow us to encode the scenario following the RimSim 

architecture blueprint. Our pilot period suggested we were ready to use the RSR in 

focused user subject experiments. 

 

As we aimed to use software to support emergency response team training, and 

the RSR software was built to focus on enabled real-time simulated role-play, we felt the 

need to also provide a visual analytics tool that would allow a team of RSR session 

players to review their simulation session in an interactive querying approach that might 

suggest reflective, thoughtful analysis.  We called such a tool RimSim: Visualization 

(RSV) 

 
5.2 Dynamic Visualization for Sense-making 
 

To develop a tool to help evaluators perform sense-making analyses of emergency 

response team role-play sessions, we formed a relationship with Chris Weaver at the 

Penn State GeoVista Center [119]. Weaver maintains an interactive, real-time visual 

analytics platform he calls Improvise. Through his dissertation and various academic 

papers, Weaver has demonstrated that his toolkit is very powerful for building visual 

analytic tools for reviewing complex processes and data intensive phenomena in many 

different fields of study [98]. We spent considerable time working with Weaver to build a 

tool that could let first responder teams evaluate their performance in an emergency 

response effort. Our instincts told us that understanding how best to evaluate emergency 

response scenarios would shed much light on the necessary design of the simulator tool 

so that the evaluation data could be generated for review sessions. 
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A community-wide emergency response effort would suggest both a geospatial 

and temporal evaluation of key variable states throughout the length of the effort. Starting 

from that core evaluation tool requirement, we added additional visual query features and 

integrated them with existing widgets one by one. The result was the two-tabbed visual 

tool presented in Figures 9 and 10. 

 

Figure 9 shows the physical movement of resources over time and the routes 

taken. The spatial visualization takes advantage of many King County emergency 

response data sets. Each visual glyph on the map in the upper-left is drawn on a layer that 

can be toggled on and off visually. Example layers include the location of hospitals, fire 

hydrants, bus lanes, police stations, fire stations, other public buildings of interest, 

streams, lakes, roads, etc. In the middle of the interface is a miniature community 

coverage map with a green rectangle that can be moved, grown, or shrunk to change the 

larger city map view interactively. 

 

Tabular lists of key strategic glyphs are hyper-linked to locations on the map and 

provide direct movement to their location for consideration of response activity within 

Figure 9 – Improvise Visualization of Resource Movement 
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that area. In the visualization’s upper right, timelines of all actions made by role players 

(releasing a resource for allocation to an incident, for example) are shown as tick marks 

for an overall view of the players’ temporal pattern of response. Each tick mark is 

hyperlinked to the spatial location where that resource was located at the time of the 

decision in order to quickly analyze other variables at that time and place. 

 

The visual component that appears directly below the action tick marks shows the 

timing of communiqués made by role players either to other players or computer-based 

agents involved in the simulation session. These can be correlated with the decisions 

made for the length of the simulation run by locking the two timelines and scrolling them 

in lock step. 

 

Figure 10 shows intra-player communications and decisions in a manner that 

visually exposes relationships between players over time. Again, both messaging and 

action details can be locked to represent the same time period and both can be scrolled in 

unison to visually evaluate characteristics of player interactivity over long or short 

periods.  
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             Figure 10 – Second Tab RSR Evaluation Tool Components 

 

By using this RSV prototypical emergency response effort evaluation tool 

occasionally to review our RSR team play sessions, we were able to gain insight into the 

nature of emergency response and provide ourselves with a rich inner dialog of thought 

on insights represented in the data. We demonstrated the tool to both Tamlyn Thomas, 

the UW Hospital emergency response coordinator and an experienced FEMA emergency 

response coordinator and addressed their review comments in order to produce better 

iterations of our visual analytics tool. 

 

To be able to seed data in the RSV visual analytics tool for evaluation, we coded 

logging statements into the RSR tool in order to generate a text-based file that logs the 

same key session variables that can be imported and visualized with our RSV Improvise-

based tool. In all, we spent hundreds of hours investigating and implementing visual 
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analysis configurations for potentially reviewing RSR simulation team efforts. Since the 

tool is highly interactive and responsive, demonstration of our interactive RSV tool is 

best done via software demonstration. A text-based description is unable to do the tool 

justice as it is intended to engage the dynamic visual cortex more than the fixed image or 

verbal centers of the brain. As a result, we have posted a Web-based, QuickTime-

encoded video of our tools online at http://bdcampbell.net/thesis_video.html. 
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Chapter 6 - Lessons Learned from Pilot Tests of Simulation Tools 
 

The most important lesson we learned through a rigorous pilot testing period was 

that emergency response personnel have demanding jobs that often require 24 hours a 

day, seven days a week, coverage among multiple people who perform community-

critical roles. Because their jobs are so demanding, first responders have very little extra 

time to waste on co-developing “yet another” tool – including a planning and training 

simulator. Live exercises coordinated in EOCs are precious and although planned in 

advance, often lose attendance at the last-minute as the rest of the world requires a 

scheduled participant’s attention. Because first responders work in shifts around the 

clock, most emergency response exercises, like ours, run in parallel to regular job duties. 

 

A gained respect for the cost of first responder personnel time justified us 

spending even more time on our base system development without co-development by 

the first responders we targeted for eventual experimentation. We believe that developing 

the tool and iterating its evolution among a team of developers who have interviewed first 

responders and attended emergency response exercises is a reasonable alternative given 

the realities of the first responder occupation. We may only have one opportunity at 

gaining the trust of an emergency-response team who, in turn, agrees to participate in a 

computer simulation-aided test trial. Every representative group with whom we talked 

complained of being inundated with software solutions that show little respect for the 

first responder’s existing tools, culture, and collaborative process. 

 

By simulating popular first response heuristics in software agents, we have 

learned that jurisdiction is very important as heuristics that work globally in a community 

contribute vary differently than heuristics that are applied to local regions only. This 

finding supports the reality of a jurisdiction approach to emergency response groups 

traditionally defined as police, fire, and medical.  

 

We have found that communication behaviors affect team response significantly 

as well. As we often heard from interviews with first responders that communication 

success is often the most significant variable in an emergency response event. Our 
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software agents show that to be true, as we have learned that team response effort success 

is sensitive to the messaging buffer level variable for communicating help between 

players.  

 

The communication model that we had used for our pilot tests included two 

simplifying attributes that could continue to be adapted in order to better represent the 

reality of emergency response scenarios. First, the communication model assumed that a 

message recipient always receives messages sent by another player clearly and with only 

a minor delay. When watching emergency responders in action, we notice there is a lot of 

echoing where one communicator repeats back what they think they have heard from the 

initiator of the conversation: This echoing step takes time that our computer-based agents 

should reflect to be more realistic. Second, some communication messages never make it 

to the sender’s intended destination (especially technology-mediated ones). As a result 

our communications model could benefit from including a method for degrading 

communication messages and/or the communication channel quality between responders. 

We consider communication channel degradation an important consideration for future 

work. To compensate in our experiments, we decided to use known poor phone 

connections on the UW campus to connect participants. During the drills we experienced 

significant static on the lines as expected from line testing prior to the drills taking place. 

 

We provided four resource types for resource allocation tasks in our pilot studies, 

but differences between resource types consisted solely in the color attribute by which 

each resource was identified. We used other simplifying features in our pilot studies: All 

resources took the same amount of time to reach an incident from another location; all 

resources immediately provided full value upon arrival at the incident; and all resources 

awaited the end of the incident before being reassigned to other incidents.  

 

More often in real emergency response scenarios, resources have different 

characteristics that require different behaviors of use. Some resources, like a fire hose, 

take a long time to extinguish the incident that made the demand. Other resources, like 

food, expire after a certain period of time when they are no longer effective towards 
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satisfying demand. A police officer in a police car arrives at an incident faster than a 

medic on foot. A key goal of our simulator was to be able to represent resources 

faithfully to the scenario our first responder teams wish to use for planning and testing. 

As a result, our response class needed to have a process by where a subclass could be 

created for unique resource representations.  To prepare for our hospital resource 

allocation experiments, we generated floor nurse, human patient-assistant, wheelchair, 

monitor, and ventilator classes as available resources.  

 

In our pilot tests, we used a single incident type, but varied the resource demand 

each incident requests in order to satisfy the incident’s requirements. In reality, incidents 

have different characteristics that require different behaviors of expression. Some 

incidents, like a fire burning outdoors in a windy and dry environment, magnify in 

resource demand as time passes without resolution. Some incidents, like a contained 

house fire, conclude even if no resources ever arrive to resolve them. Some incidents, like 

those spawned by a knife-wielding madman, move over time. Our simulator goal is to be 

able to represent incidents faithfully to the scenario our first responder teams wish to use 

for planning and testing. As a result, our incident class needed to have a process by where 

a subclass could be created for unique resource representations.   

 

Through our pilot study period, we were surprised by our inability to predict 

which combination of first response heuristics would best meet a scenario response 

effort, no matter what metric we used to determine success. Choosing a specific success 

metric has been very difficult as we find issues with every success metric we have chosen 

to date. As a result, we have not found a single metric that can predict the best 

combination of agent characteristics for multiple agents within a team of agents. We 

agree with Endsley’s suggestion that we use many different evaluation methods [36]. 

 

In anticipation of the general exam process by which our thesis, hypothesis, 

objectives, and work schedule eventually would be appraised, we sponsored a 

brainstorming session at the UW Human Interface Technology Laboratory to receive 

feedback regarding what the RSR project team members thought were our most 
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important tasks to accomplish before suggesting that more formal emergency response 

teams test the emergency response tool with us. We seeded the discussion with the work 

we believed would be most relevant in pursuing and received feedback as to priorities 

and additional thoughts. We learned that collaborative project teams that watched a user 

group in action and then worked together closely for a significant time period (18 months 

in this case) would all gain a natural consensus of next steps associated with the project. 

The project team’s brainstormed suggestions were nearly identical to our own work plan 

but together independently for our doctoral experiments. 

 

As we continued to improve the tool for rapid generation of scenarios, heuristic 

support policies, and inter-agent communication strategies, we made it possible to encode 

a wider range of scenarios into the tool for emergency response effort study and training 

role-play. 

 

Because we found that inter-agent communication is a sensitive variable to 

response effort success, we continued to discuss and consider better communication 

features between agents to better simulate communications between humans who 

participate in a simulated emergency response session. We also needed to build a better 

interface for live simulation role players to communicate with simulated software agents. 

 

Through the pilot testing, we were able to iterate upon our first responder design 

in order to improve the: 

 

• Ability of our tool to model an emergency response scenario in a manner 

appropriate for simulating a realistic scenario for first responder training. 

 

• Ability of our tool to provide an interface that faithfully represents the 

cognitive load of performing the emergency response roles identified by a 

hospital evacuation scenario. 
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• Ability of our visual sense-making analytics tool to provide insight on any run 

simulation session to suggest role-play improvements. 

 

• Ability of our tool to simulate degradation in the communications channel 

between response agents. 

 

As a result, we decided that our simulation tool was ready for empirical 

evaluation in more robust experiments. The core of our experimental design reflects the 

use of our simulator with specific emergency response scenarios suggested by existing 

teams of emergency response personnel with whom we worked extensively including: 

 

• The University of Washington hospital medical logistics team. 

• The University of Washington police department. 

• The Seattle area coast guard logistics team at the Joint Harbor Operations 

Center 

 

To test the hypotheses of this dissertation it was determined to investigate a 

significant emergency hospital evacuation scenario with at least one of the above 

emergency response teams. Since we had developed good relations with team leaders, we 

discussed our goals of experimentation with the hopes of finding willing participants in 

our experiments. Due to the lack of availability of police and Coast Guard personnel we 

placed our emphasis on the UW medical logistics team.  

 

Our various pilot studies of the various incarnations of the emergency response 

simulator were conducted over a period from June 2007 to September 2009. At the end of 

our pilot period, we identified five major task categories associated with the work needed 

to finish our software implement. We had to: 

 

• iterate on our simulator code to improve the emergency response scenario 

session experience and adapt it to a hospital evacuation scenario. 
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• encode the hospital evacuation scenario we intended to use for our major 

experiments with domain specialist groups – this required consulting with 

those who have knowledge in all aspects of such scenarios. 

 

• run informal pilot tests with the UW Medical Logistics team to make sure the 

software was usable without requiring undue attention to the interface. 

 

• encode our data needs from the hospital evacuation scenario into our data 

model and encode situation awareness performance metrics from which we 

can evaluate performance, and then 

 

• iterate on our visual analytics approach to evaluating emergency response 

scenario sessions in order to run future sessions of the hospital evacuation 

scenario looking for improved performance. 

 

Although we had implemented a strong framework for running emergency 

response planning and training sessions, we continued to consider the development of 

new environmental modules to include specific variables for the scenarios our 

experimental subjects require. We continued to demonstrate the competent extension of 

core agent types to support specific roles identified by our target emergency response 

team: the medical logistics team with whom we had been working. Before we ran each 

scenario with our target domain expert teams, we continued to run pilot tests with the 

RimSim: Response software to find glaring errors in our interface design and simulation 

play. After running the scenario often with knowledgeable role players, we were able to 

test each role module with an agent in order to reach acceptable behavior to the RimSim: 

Response team’s satisfaction. We used our agent-driven simulation sessions to visualize 

agent behavior and share those visualizations with a coordinator of our target domain 

expert team in order to verify their efficacy.
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Chapter 7 – Hospital Evacuation Scenario Development 

 
Integrating the tools developed and distilling the insight gained in the research 

described previously, we were ready to develop a simulation tool tailored to the needs of 

hospital emergency first responders.  We worked with Tamlyn Thomas of the UW 

Medical Center and her colleagues at the King County Healthcare Coalition (KCHC) to 

develop our simulator roles for the specific hospital evacuation scenario they had 

identified as a critical skills development and assessment scenario. Through various 

meetings and publications, an example being the overall flowchart in Appendix I, the 

KCHC convinced us that they strongly believed training for a major hospital evacuation 

scenario would build critical emergency response competence within the King County 

community in Washington State. In parallel with our general scenario software simulator 

development, the coalition reviewed and adjusted scenario roles, responsibilities, and 

cross-communication details associated with hospital evacuation. While they worked on 

the human aspects of the scenario, we researched artifact development for computer-

based support as a potential training tool that could provide long-term benefit to hospital 

evacuation preparedness. 

 

As a result of a focused brainstorming session with the RimSim:Response team, 

we ascertained a strong vision of what needed to be done to modify our software in order 

to test our two hypotheses: 

 

• A multi-user situational simulation environment can be effectively used as a 
training tool for generating insight among emergency response personnel. 

 
• A multi-user situational simulation environment can be effectively used as a 

training tool for improving situation awareness among emergency response 
personnel. 

 

To be able to test these hypotheses, we made changes to the simulator software 

components. We added new resource subclasses to include equipment resources that 

patients would need to have access to throughout their stay in a hospital. We added 

incident subclasses that were specific to response needs of patients in a hospital. We 
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added the ability for incidents to be dependent on one another such that one incident had 

to be responded to completely before the next incident could be considered. And, we 

implemented a situation awareness scoring algorithm that would give players a rough 

estimate of how well they were responding to the current crisis as a team. 

 

Upon outlining the code work, we approached the KCHC to help us effectively 

integrate simulator use into training drill support and research experiments in order to test 

our first hypothesis. We were able to modify and use an emergency hospital evacuation 

scenario developed in conjunction with the emergency response drill coordinator at the 

UW Medical Center, Tamlyn Thomas. The KCHC met independently to document the 

hospital evacuation scenario. As a result of their work, the team produced, and provided 

to me, the written documents shown in Appendix I. 

 

Hospital evacuation is performed by defined roles identified in a variety of 

manuals and specifications maintained by the King County Emergency Response 

committee. A Hospital Evacuation Coordinator (HEC) in the evacuating hospital begins 

the emergency evacuation process by contacting all evacuating hospital floor 

coordinators who then provide a patient status report for all patients on each floor. The 

HEC contacts the prearranged Hospital Control (HC) contact at an external location to 

report on the current situation. The HC contacts the Fire Department who selects a Fire 

Department Transport Coordinator (FDTC) to be in charge of all physical patient removal 

performed by Fire Department staff. The HEC also contacts the evacuating hospital’s 

Hospital Transportation Coordinator (HTC) who is responsible for coordinating patient 

transfer with the FDTC. A Patient Tracking Officer and/or Patient Movement 

Coordinator may be involved in the communications between the HEC and HTC. 

 

To negotiate patient allocation away from the evacuating hospital, the HC 

communicates with each Receiving Hospital Coordinators (RHC) to prepare the receiving 

hospitals for the receipt of evacuated patients and gain agreement for transfer. The flow 

of communications between emergency hospital evacuation scenario roles is shown in 

Figure 11. 
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   Figure 11 – Emergency Hospital Evacuation Roles and Communications 

 
7.1 The Hospital Evacuation Scenario Preparations 
 

With help from the KCHC, we were able to generate different patient incident 

classes that each required creative response unique to incident type. We were also able to 

generate different vehicle resource classes that would require creative matching of patient 

needs to vehicular capabilities. These incident and resource classes continued to be 

iterated upon for scenario performance training and improvement up to the time we 

performed the experiment that would test our second hypothesis.  
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In order to be able to evaluate emergency response participation, we enhanced the 

RimSim software so that it would generate and store the more relevant data we believed 

would be most important to visualizing emergency response team behavior during patient 

evacuation of the UW Medical Hospital to other area hospitals. We needed to capture 

data for the hospital evacuation scenario that would at least provide similar analysis to 

each pilot session we had run.  

 

We further developed our skills in building our evolving data model into visual 

analytics widgets that could best provide insights into role player performance in light of 

overall team performance. As expected from our literature review, we found that the 

Improvise visual analytics framework allowed us to extend the Improvise visualization 

widget library to include our own widgets that were unique to emergency response in 

general and hospital evacuation in particular. In parallel to simulator development, we 

continued to develop useful visual analytics widgets based on feedback from our first 

response experiment participants. 

 

With satisfactory versions of those features in place, we fine-tuned the tool to be 

ready for a variety of experiments that could perform first as agent-based simulations and 

then as live players and mixed live players with agents. To prove the merit of such work, 

we knew our simulator experiments should take place with emergency response 

personnel who could evaluate a simulator and/or analysis tool and demonstrate improved 

insight into better designing their role within the hospital evacuation scenario. 

 

As the final step in preparing our software for hypothesis testing, we chose the 

date of Tuesday, April 20th 2010 as the base date for providing starting conditions for our 

scenario. We obtained the complete list of bed allocations for the UW Medical hospital, 

and seeded our hospital floor plan component with visual representation of all 235 

patients. The KCHC helped us encode patient incident types into visual glyphs that 

contained color coding comprised of two parts: A semi-circular solid color pattern on the 

left-hand side of the glyph would represent the mobility of the patient while a vertical 
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rectangle solid color pattern on the right-hand side of the glyph would represent health 

class designation. The specific color allocations were as follows: 

 

Left-hand mobility encoding color  Significance 
Green      Able to move without assistance 

Yellow      Able to move with wheelchair 

Red      Requires human assistance to move 

 

Right-hand health encoding color  Significance 
Yellow      Stable without monitor 

Pink      Monitored 

Orange      Unstable 

Purple      Critical 

 

Upon placing visual glyphs on the five floors of the hospital to represent patient 

incident types, the patient tracking widget appeared with the five floor starting layouts  

seen in Figure 12. 

 

 
         Figure 12 – Patient visual encoding and distribution by patient floor at startup 
 

 

In preparation for our experiments, we also updated our hospital list and visual 

glyphs (including transportation routes from the UW Medical Center). The KCHC 

provided us with the nineteen hospital care locations that participate in the KCHC and 
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would be contacted by Hospital Control in times of countywide emergency. The final list 

and presentation at software launch time appear in Figure 13. 

 

 
        Figure 13 – Participating hospital list and visual map layout of hospital locations 

 

 

To prepare for our experiments, we color-coded the vehicle resource types 

available for the scenario using the following color scheme: 

 

Vehicle circular glyph color   Significance 
Green      Ambulance 

Yellow      CCT Medic 
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Red      High-end EMS Medic 

Cyan      Eight-Seat Aid Car 

Purple      King County Metro Bus 

 

Because the literature consistently identifies interface as a key experimental 

design factor for software-augmented training tools, we continued to refine and verify our 

hospital evacuation interface with emergency response teams. The interface had been 

developed to test out the usability of our code with general emergency response agents 

instead of specific emergency response roles. This approach had great value for 

extensibility to a wide variety of emergency response scenarios, but we chose a specific 

hospital evacuation scenario to test the flexibility of our approach to encode new 

emergency response scenarios in a timely manner. Much of this work has been incidental, 

and yet necessary, to the hypotheses testing we pursued through formal subject 

experiments. 

 

7.2 Experiment Design 
 

Since we needed to focus our experiment design on testing the two hypotheses, 

we designed experiments with the expectation that both hypotheses could be tested 

simultaneously through dual emergency response drills: the first drill would be run using 

role play without the use of a computer interface for emergency response and the second 

drill would be run with the use of our computer interface. Our agent simulator is used to 

report the state of the hospital evacuation scenario from start until finish. 

 

In the first scenario three key role players would attempt to fulfill their 

responsibilities in a simulated hospital evacuation scenario using the case study we had 

developed with the KCHC. We would use the state of the UW Medical Center on April 

20th, 2010 and the current agreement between KCHC constituent hospital members to 

identify the incidents and resources involved in the simulation. As agreed upon in role 

negotiation, the Hospital Control, Hospital Transportation Coordinator, and Fire 

Department Transport Coordinator would play the simulation live and all other roles 
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would be simulated by software agents. The simulated crisis would not involve any 

mitigating community crises occurring simultaneously that would require additional 

environmental modules to be included in the scenario. 

 

We refined basic performance measurement metrics to be specific to the stated 

case study of an emergency hospital evacuation scenario. Time and motion parameters 

used for the experiment would include averages determined through literature review, 

personal observation, and metrics provided by respected authorities. For example, to 

determine stairwell evacuation times, we considered minimum, maximum, and average 

evacuation times provided by number of steps in the Glasgow Hospital study and 

adjusted them based on timed personal experience of walking the UW Medical staircases 

personally. To determine vehicle travel times to and from UW Medical to other hospitals, 

we used estimated travel times from Google routes provided by the Google Maps 

Application Programming Interface (API) at 2:00pm in the afternoon. Since we would 

use the same time and motion parameters in both experiment sessions, we were not 

concerned about them being exactly precise, but instead realistic. 

 
Prior to running the study at the UW Medical center, the RSR development team 

in Seattle and a team in New Britain, Connecticut (to be introduced later in this 

document) repeatedly ran the RSR simulator in role-play sessions that would indentify 

performance bottlenecks. Upon removing bottlenecks to our satisfaction, we focused our 

attention on developing the appropriate hypothesis metrics to be certain that we collected 

all necessary data, during role-play with the software, for testing our hypotheses. 

 

We attempted to develop the best appropriate metrics regarding insight and 

learning to test our first hypothesis and metrics regarding situation awareness in order to 

test our second hypothesis.  Based upon prior review of the literature and the pilot studies 

above, we decided to test our second hypothesis (situation awareness) with in-simulation 

methods and test our first hypothesis (insight generation) with post-performance review 

metrics (that review all participant communications to agree on insight value as a 

contributor to shared knowledge base). 
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Given that we were working with well-trained, specialized emergency responders, 

we included representative role players in the development of a real-time freeze probe 

questionnaire for testing situation awareness and a post-activity self-rating technique for 

evaluating insight generation. The data collection details of our hypothesis-testing 

metrics are provided further below, but because we anticipated that our findings be highly 

dependent upon our choice of metrics, we first provide the following two sections to 

explain and support our choices.  

 
 
7.3 Measuring Insight from Emergency Response Drills  
 

To test the first hypothesis, we investigated responsive metrics for measuring 

insight. Much had been written about insight as a metric during the years of our simulator 

preparation. Insight has varying definitions that appear to focus on two concrete 

definitions pursued by two distinct research groups — computer scientists and cognitive 

scientists [120]. Computer scientists investigate insight as a contribution to knowledge 

building whereby each insight contributes to a relationally semantic knowledge base that 

enables problem solving and reasoning heuristics. In this regard, each insight is a 

describable incremental piece that adds value to the whole knowledge base — insight as a 

noun. Cognitive scientists investigate insight as a neurological function of the brain’s left 

hemisphere where a new perspective on a problem is gained through a burst of brain 

activity — insight as a verb. 

 

Experiments in the cognitive science realm consistently show a general pattern 

whereby left-brain activity spontaneously erupts in the pattern described as insight after 

the right-brain has been active grasping with a problem domain for a period of time. As a 

result, Chang et al. make a strong argument for using the knowledge-based insight metric 

for evaluating the value of external artifacts over the spontaneous thought metric because 

the former appears to be a necessary precedent to the latter given enough focused thought 

time with a robust enough knowledge base [120]. Since we are interested in improving 

performance in emergency response scenarios, we are limited by rules, regulations, and 
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legal actions that can be taken by first responders under the urgency and duress of a first 

response crisis event. Spontaneous insight as “aha moment” may be very useful for long-

term planning processes, but insight that leads to better actions in response to the current 

crisis conditions suggests that insight to build a better knowledge base for improving 

distributed cognition is a useful metric in its own right. 

 

Developing the hospital evacuation scenario as a realistic activity to build 

emergency response skills in the community had already required insight from all role 

players involved in the scenario. The KCHC agreed to a five-step process for training 

participants in their responsibilities during a hospital evacuation scenario. The five steps, 

listed chronologically, involve discussions to scope the scenario, a tabletop exercise to 

run through the scenario in front of all KCHC members, a paper-based drill to role-play 

the scenario, a computer-based drill to role-play the scenario, and a physical drill with 

actors to represent patients in need of evacuation.  

 

We anticipated that the five-steps would likely provide insight at each step of the 

process. We have described the insights that the scenario development team gained 

through the various discussions they shared and documented through the scenario-

scoping period and consider that part of our experiment preparation period. Below we 

also describe the insights that were gained during the regional evacuation tabletop 

exercise that occurred at Evergreen Hospital on March 3, 2010. This also occurred before 

we ran our experiments to compare paper-based drills with computer-based drills in order 

to evaluate the ability of each to provide insight to drill participants. In those 

experiments, we would identify insights and evaluate them in terms of their incremental 

value to the knowledge base associated with emergency response to a hospital evacuation 

scenario. 

 

We would use our post-session visual analytics tool to review all communications 

between players and earmark communications that the team agreed represented insight 

into the knowledge-base necessary to succeed at the hospital evacuation activity. The 
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team would then provide their own rating scale, which we would document and then 

challenge the team to use consistently between drill session evaluations. 

 

Insights come from many people and places when developing relevant and 

representative scenarios for training first responders. In the case of the KCHC hospital 

evacuation scenario, the council met many times to build a scenario that would refine and 

test developed guidelines and procedures. Scenario developers met often in groups of 

twos and threes, with Tamlyn Thomas often in attendance. Document review sessions 

revisited existing forms and procedures mandated or recommended by national and 

regional standards. Roles and responsibilities were reviewed over and over in order to 

make sure the roles and responsibilities associated with a hospital evacuation were 

appropriately in line with document completion and successful first response as identified 

by the National Incident Management System (NIMS). 

 
As stakeholders began to reach a consensus regarding regional hospital 

evacuation roles and procedures, the council determined enough progress had been made 

to warrant a tabletop exercise be run with all key stakeholders in attendance. In the past, 

tabletop exercises had provided new insight and challenged previous insights through 

rigorous discussion of regional first response activities through focus on a particular first 

response scenario. Nothing in the nature of a hospital evacuation scenario suggested 

similar insight would not be gained through a regional medical evacuation tabletop 

exercise. The KCHC convened on March 3rd, 2009 , in for a “Regional Medical 

Evacuation Tabletop Exercise and Pediatric Annex Education Session”. The pediatric 

annex was chosen as a special sub-interest component of the broader tabletop activity 

since the hosting hospital could easily provide a pediatric team to attend the session. 

 

The session ran for three hours with the first hour spent with a review of the 

current rendition first response documents developed for emergency response purposes 

(these documents continue to be iterated upon today and will continue to be iterated for 

the foreseeable future). As the KCHC already felt confident about the documents that had 

been provided and had discussed them heavily before the organizing the tabletop session, 
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no insights were raised during the first hour of the March 3rd session. As invited 

observers, we noticed a clear consensus and appreciation for the state of the documents 

being used to advise and report upon the tabletop exercise that was to be run during hours 

two and three of the March 3rd KCHC meeting. 

 

Before beginning the tabletop exercise, the session coordinator reiterated the goal 

of the exercise explicitly via PowerPoint slide presentation and verbal acknowledgement: 

 
To orient hospitals and response partners to the Regional Evacuation and 
Patient Tracking Mutual Aid Plan as well as the newly completed 
Pediatric Annex and test components of the plan, such as transportation 
coordination, patient tracking, and identified roles and responsibilities. 

 
Twenty-nine people participated in the tabletop exercise, including multiple 

representatives for each key role identified in our simulator. Both the primary and backup 

Hospital Coordinators attended, four Hospital Transportation Coordinators attended, two 

fire departments with their Fire Department Transport Coordinators attended, and eight 

Receiving Hospital Coordinators attended. The role players who would participate in our 

software-supported drills were among these attendees. In addition, two overall domain 

expert tabletop exercise coordinators were brought in to facilitate the discussion 

associated with the drill. 

 

Other special experts with relevant pieces of domain knowledge attended 

including Hospital Emergency Managers, Nursing Managers (from surgery, pediatrics, 

intensive care, labor, and deliver), Emergency Medical Service Technicians, King County 

Metro Employees, and Local Emergency Management. All attendees were invited to 

interject in the tabletop exercise in order to provide insight to the KCHC as to how first 

response for a hospital evacuation scenario could be improved. For those unwilling to 

interject comments during the exercise, an after exercise debriefing known as a hot wash 

to participants was scheduled for the end of the exercise. 

 
We attended the tabletop exercise to perform two duties: 
 

1. To review the hospital evacuation scenario in order to assess the appropriateness 
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of our adaptation of the RimSim simulator for supporting a hospital evacuation 
training session. 
 

2. To record the insight detail, timing, and contribution associated with each insight 
identified through the tabletop exercise. 

 
The first duty pushed us to gain our own insights as to the nature of the scenario 

while the second duty allowed us to record tabletop exercise insights for comparison and 

contrast to future software-supported sessions. 

 
The following table records the results of duty number two above: 
 
Table 1 - Insights During March 3rd KCHC Hospital Evacuation Tabletop Exercise 
Insight Discussion 

Time 
Contribution 

   
Media management provides a 
heavy workload for the 
evacuating hospital – 
preferably by people not 
associated with key evacuation 
roles 

9:50 – 9:54 Reduction of Hospital Transportation 
Coordinator’s responsibilities in regard to 
the media. 

The media is omnipresent and 
likely to broadcast information 
on a hospital evacuation event 
soon after the event begins 

9:58 – 10:03 If possible, each patient should have a 
media management strategy for getting 
information to concerned friends and 
family of the patient.  This will likely 
interfere with the physical relocation of 
patients. 

Supplies for evacuating 
patients are often as important 
as tracking the patients 
themselves. And, yet, 
communications with suppliers 
have not been coordinated as 
well as communications with 
patient providers 

10:12-10:20 Improvement of supplier relationships and 
coordination of supplier relations among 
KCHC hospital staff. 

Hospital Control should not 
allocate patients to nearby 
hospitals as a first choice of 
action since those hospitals 
will have to take over new 
intakes and could still provide 
beds on the tail end if 
absolutely necessary. 

10:32-10:34 Change in expectations of regional 
hospitals, especially receiving 
coordinators who are located far from 
evacuating hospital. 
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In fact, evacuating hospital 
should not recruit any first 
response aid workers from any 
regional hospital since 
personnel will be needed at 
receiving hospitals to make 
creative solutions for intake 

10:35-10:36 Change in expectations of Hospital 
Transportation Control as to who will be 
available to perform the duties associated 
with decisions made. 

Receiving hospitals that 
commit to accepting relocated 
patients should cancel all 
surgical procedures for the day 
in case crisis escalates 
(contentious issue). 

10:39-10:45 Change in awareness of regional hospitals 
in terms of effect of any hospital 
evacuation on a regional hospital’s day-to-
day operations. 

Categorization of patients in 
order to make transport 
decisions is critical yet not 
fully optimal yet 

10:45-10:54 Additional work required by Hospital 
Control and Hospital Transportation 
Control roles in order to be ready to 
decide and communicate transport needs. 

Initial short-term surge 
numbers did not generate 
enough capacity for the patient 
evacuation numbers given the 
number of beds available on 
the WA Trac system. 

11:01-11:07 Awareness of Receiving Hospital 
Coordinators of the criticality of clearing 
beds and thinking creatively as to how to 
accept more evacuating patients up front. 

Differences in equipment types 
among hospitals exist but are 
called the same name across 
hospitals. 

11:15-11:18 Awareness of Hospital Control, Hospital 
Transportation Coordinator, and Fire 
Transport Coordinator as to potential for 
miscommunication in arranging 
equipment for patients. 

Concern related to equipment 
availability and tracking so that 
equipment gets back to lending 
hospital 

11:22-11:26 Awareness of Hospital Control, Hospital 
Transportation Coordinator, and Fire 
Transport Coordinator as to potential for 
hesitation in sharing equipment 

Supplies staging is still in the 
air but planned for stability that 
will support this scenario 
 

11:28-11:29 Awareness of Hospital Transportation 
Coordinator and Fire Transport 
Coordinator as to unpredictable delays 
associated with getting needed supplies to 
the evacuating hospital 

 

We observed direct discussion of the eleven insights above take up thirty minutes 

of the two-hour tabletop exercise. 
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7.4 Measuring Performance-based Situation Awareness   
 

To test our second hypothesis and evaluate changes in situation awareness levels 

when comparing two emergency hospital evacuation drill sessions, we developed a 

measurement process after evaluating the existing successful situation awareness 

measurements that have been found in the literature as documented in section 2.1.2 

above.  

 

At first glance, good team situation awareness might appear similar to good 

distributed cognition, but using Hutchins definition of distributed cognition from section 

2.3.1, we see how interwoven distributed cognition is to the process measurement and 

performance measurement techniques of situation awareness reviewed above. A well-

designed process performs well when the distributed cognition is embedded in the 

external world such that the participants naturally perform the process better through 

expertise captured in the external world. But we are not trying to be designers of the 

process. We are attempting to measure the current process to suggest the level of 

situation awareness provided by the participants and, ideally, the team as a whole. 

 

Many team skills are difficult to measure using the techniques mentioned in 

section 2.1.2.  Because we want to measure team situation awareness levels in an existing 

process, we don’t want to design or engineer the process as part of our body of work. 

Although that work could likely be fruitful in improving team performance and 

improving the overall resiliency of the team to potential variables in a real crisis, it is not 

the aim of this work. We aim to measure the current process that may shed light on needs 

to re-engineer the process. That would be a side effect of our work.  

 

Although we wish not to engineer the process, we may wish to engineer the 

simulation to be able to measure team situation awareness. Through designing the 

specifics of the emergency, we can manipulate the scenario to raise conditions by which 

the skills that lead to and suggest having good team situation awareness are 

demonstrable. For example, in considering Prince and Salas’ list of recommended skills, 
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we can create example situations in the hospital evacuation scenario when multiple 

participants should demonstrate their suggested skills: 

 

• By impairing a key transportation route (creating a bridge outage), we can test the 
ability of the team to identify problems. 
 

• By overcrowding an area of the hospital beyond the Fire Marshall’s stated 
capacity, we can test the ability of the team to recognize the need for action. 

 
• By sending different in-the-field updates to key roles in the hospital evacuation 

process, we can test the ability to determine root causes in discrepancies. 
 

• By injecting events that are not relevant to hospital evacuation, we can test the 
ability of the team to demonstrate awareness of an overall goal (by ignoring 
superfluous information). 

 
And although not all skills are strictly measurable in terms of response to the 

simulation, the mapping does suggest that each skill can be considered independently 

when looking for an appropriate metric to measure that skill. We can pick the best 

measurement technique for measuring each skill and then sum up the measurements for 

an overall measurement of goodness. 

 

By suggesting we consider the skill of the team to note deviations in situation 

awareness across members and between members, Prince and Salas made a strong 

suggestion that we ascertain individual situation awareness in order to identify deviations 

so we can measure whether the team notes the deviation. We can choose between all the 

measurement techniques identified above and yet know that if we choose poorly on 

measuring just one skill, the measurement of other skills can help compensate. 

 

By suggesting we consider the skill of the team ability of team members to 

exchange information for prevention of errors, Prince and Salas touch upon the basic 

requirement of perception of the current situation and the sharing of those findings. In our 

hospital evacuation scenario, we can measure the ability of team members to share 

information by tracking the entropy of the location of patient awareness as an aggregate 

across all roles, weighted by their responsibility to know that information in detail. We 
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appreciate a mathematical model measure of situation awareness works very well for a 

hospital evacuation scenario in that we can track the movement of evacuated patients and 

define uncertainty as the possible distance the patient might be from where he or she is 

expected to be. Uncertainty is a complex metric and is based on probabilities of many 

factors. But, we can measure the uncertainty as the possible distance each patient is from 

expected location based on the most recent communicated update from a member of the 

response team. Such communication can come from a simulated responder or a 

simulation participant. 

 

The skill-by-skill approach to measuring team situation awareness acknowledges 

the shortcomings of the methods used to identify individual situation awareness and 

attempts to water down each individual shortcoming by mixing the techniques for each 

skill measurement in order to make any one skill’s measurement immaterial to the overall 

assessment. Our focus then becomes one of identifying all relevant skills instead of 

stressing over choosing the appropriate method. Spending time on identifying the skills 

sheds light on designing effective training methods as well. A natural way of identifying 

skills is by determining which skills lead to the best overall result for the shared activity. 

The metric for success in a hospital evacuation is highly weighted by the time it takes to 

safely evacuate all patients from the hospital at risk and have them properly cared for en 

route to receiving hospitals. 

 

As described earlier, situation awareness quantification can occur by comparing 

an individual’s perception, comprehension, and projection to some ground truth reality. 

In the team case, team situation awareness quantification can be measured by comparing 

each individual’s perception, comprehension, and projection to each other participant’s. 

In the case of a simulated hospital evacuation, the ground truth is simulated based on 

known hospital patient evacuation timelines [121] that represents reality in the context of 

a drill. The more concurrent the individuals’ reported state of awareness with reality, the 

higher the value of situation awareness.  
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To quantify situation awareness, willing participants are interrupted at ten random 

times while performing their roles, including all simulated activity, in order to test their 

current level of situation awareness. Situation awareness is ascertained by asking open-

ended questions and recording verbal responses that demonstrate the current state the 

participant experiences.  

 

Our situation awareness questionnaire consists of five questions that subjects are 

expected to answer within thirty seconds to minimize interruption to the drill. The 

following questions were chosen upon discussion with the KCHC as being highly 

relevant to a hospital evacuation scenario: 

 

1. How many patients are in a significant state of discomfort currently?  

2. Where are these patients located? 
3. How many patients are currently in transit between the evacuating and receiving 

hospital? 
4. How much more time will it require to fully evacuate the existing hospital given 

ideal circumstances? 
5. How much more time will it require to fully deliver all evacuating patients to their 

receiving hospital given ideal circumstances? 
 

The answers to these questions would be objectively compared to the actual state 

of the drill to ascertain situation awareness. The closer the quantitative response reflected 

quantitative reality, the higher the level of situation awareness metric we would report in 

our conclusions. 

 

We also embed quantitative measures of situation awareness into our software 

based on the success of Pritchett’s demonstration of wide applicability. Unlike 

measurement techniques that attempt to ascertain the subject's mental model of the 

situation at different times throughout an experiment, performance-based testing focuses 

solely on the subject's outputs. This quality makes it ideal for comparing the desired and 

achieved performance of a human-machine system, and for ascertaining weak points of 

the subject's situation awareness. We inject conditions into the emergency hospital 
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evacuation scenario that test situation awareness by setting up situations whereby if the 

subject has sufficient situation awareness, an action is required. By doing so, we aim to 

provide an unambiguous accounting of the types of tasks for which the hospital 

evacuation decision-makers had sufficient situation awareness. 

 
 
7.5 Data Collection 
 

Data collection took place concurrently with the research experiments and 

complied with the data collection document submitted with the UW Human Subjects 

Division as seen in Appendix VII. A pre-study questionnaire asked each subject the 

following three questions: 

 
• What role would you perform if a hospital evacuation emergency response 

activity were required of you today? 

• How many months have you been in that role? 

• Do you have any specific personal characteristics that would make your 

performance in a hospital evacuation emergency response drill significantly 

different than someone else with your training? If so, what are they? 

 

The first of the two emergency hospital evacuation drills, the paper-based 

condition, accumulated data throughout the drill including: 

 

• Text and timestamp (nearest second of clock time) of any and all voice 

utterance(s) uttered and/or overheard by each subject during the drill (as 

transcribed from voice stream). 

• Latitude, longitude, and altitude of each (anonymous) hospital patient being 

evacuated every minute (time stamped via the official drill clock) of the drill 

along with a conversion to known descriptive location when describable (e.g. 

second floor Pacific Tower lobby elevator landing). 
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• Latitude, longitude, and altitude of each live and simulated responder personnel 

during evacuation every minute (time stamped via the official drill clock) of the 

drill along with a known descriptive location when describable (e.g. second floor 

Pacific Tower lobby elevator landing). 

• Latitude, longitude, and altitude of each injected incident (e.g. Pacific Tower 

Elevator outage) during evacuation drill (time stamped with start and end times 

via the official drill clock) along with a known descriptive location when 

describable (e.g. second floor Pacific Tower lobby elevator landing). 

• Latitude, longitude, and altitude of each medical supply (e.g. water bottle, ice bag, 

ambulance, etc.) during evacuation every minute (time stamped via the official 

drill clock) of the drill along with a known descriptive location when describable 

(e.g. second floor Pacific Tower lobby elevator landing). 

• Responder ID for sender and recipient(s) for each command made in the drill – 

both simulated and live participant (along with timestamp of command start). 

• Responder ID attached to patient ID for the duration when a responder is 

responsible and accountable for that patient during the drill. 

• Answers to all questions in the situation awareness questionnaire seen in 

Appendix VI, along with timestamp to the nearest minute of the simulation clock 

for when the questionnaire is implemented (ten times per drill). 

 
Data collection for the second emergency hospital evacuation drill was identical 

to the first drill with the added capture of continuous mouse cursor location on the screen 

of the visualization tool being tested, and the collection of all mouse button up, down, 

and drag events. Continuous mouse cursor location was captured every 30 milliseconds 

whenever the mouse cursor was moving on the screen along with a timestamp of start and 

end of each movement (in milliseconds via each participant’s built-in computer clock 

which were synchronized before start and verified as being synchronous at drill end). 

 

We asked one additional question of subjects before the second drill that was 

inapplicable to the first drill:  
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• How much time have you spent gaining a basic comfort with the 

visualization tool before this drill begins? 

 

We verified that the simulator’s data capture routines would allow the running of 

both experiment conditions to fill out the data model in Figure 14 as accurately as 

possible within ample time precision (as described above). 

 

 
+ after data attribute means zero or more 
* after data attribute means one or more of them 

     Figure 14 – Data Model for Experiment Data Collection 
 
 
As our response team visual analytics evaluation tool uses this exact data model 

in visualizing the simulation session, we were able to test proper software data capture 

during software stress testing. In order to provide an opportunity for subjects to guide us 

in performing future emergency response simulated roll play experiments, we asked for 
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open-ended feedback regarding our experiment design at the end of our contact time with 

them. Specifically, we asked: 

 
• Please let us know any thoughts from participating in the experiments with which 

you don’t mind going on record. 

 
7.6 Experiment Schedule 
 

We requested a Human Subjects Division (HSD) review of our proposed study on 

November 14, 2009. The HSD committee responsible for assigning study applications to 

personnel requested that we attend a meeting at their facility that took place on December 

11, 2009. As a result, we made changes to the study to make the review process easier 

and an approval more likely. The amended study documents were approved on April 9, 

2009 and contained the following agreed upon experiment timing. 

 

The first stage of our experiments required our KCHC personnel to perform their 

usual roles within a two-hour long emergency hospital evacuation drill at the University 

of Washington Medical Center (UWMC) on April 26th, 2010. This drill was a drill that 

Tamlyn Thomas, the UWMC Emergency Management Coordinator, had wanted to run 

for some time with handpicked personnel she chose who would benefit from such a 

training exercise. She actively recruited participants for the drill during February 2010. 

As a result of her recruitment, there were five roles identified as participating in the drill 

(with one person in each role except two each for the receiving hospital roles): 

 

1. Evacuating Hospital Control Coordinator 
2. Fire Department Transport Coordinator 
3. Evacuating Hospital Transportation Coordinator 
4. Receiving Hospital One Coordinator 
5. Receiving Hospital Two Coordinator 

 

Upon determining the participants in the drill, we were to request voluntary 

participant inclusion in the research study aspects of our experiments. As explained 

below, we eventually determined that this first group of participants would not be ideal 
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for our published experiment results and we recruited a second team of subjects based in 

New Britain, Connecticut, in the United States.  

 

Based on the recruitment process results, we concluded that the roles of 

Evacuating Hospital Floor Coordinators (one per patient floor) and Evacuating Hospital 

Evacuation Coordinator would be simulated through the use of our simulation software 

(no live simulation role players for those roles). The movement of fictitious patients 

throughout the evacuating and receiving hospitals and the road networks between 

hospital locations were also to be simulated with software.  

 

As a stipulation of the human subjects review, both the author and Thomas agreed 

to use the evacuation scenario software during the drill to provide drill participants with 

data they would normally gain access to in any drill or real life case should the hospital 

evacuation scenario happen in the future. The data coming from the simulation software 

were to be strictly related to simulated patient locations and obstacles (physical and time 

delays) encountered to desired patient movement. No real person patient data would be 

used for movement. 

 

For those who would agree to be voluntary experiment subjects for our research 

purposes, we would measure situation awareness using the data collection and metrics 

described above while the drill took place. During the first drill that took place on April 

26th between 10am and Noon, drill participants communicated with each other via voice 

to perform actions in the drill and we captured the voice utterances made and heard along 

with timestamps for subjects but not for non-subjects. As the first drill was a paper-based 

drill, we also provided updates to all participants as to the progression of the simulation 

whenever asked by any participant.  

 

Without a computer interface at their disposal, participants used pen or pencil and 

paper to incorporate simulated scenario state into their decision-making process. The 

Hospital Transport Coordinator generated Exhibits 1 and 2 of Appendix I to keep track of 

patient encodings and patient release events. The Fire Transport Coordinator generated 
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Exhibits 3 and 4 to keep track of patient vehicle allocations and the status of vehicle 

movement. Hospital Control created a simple list of hospitals and placed numbers from 

receiving hospital discussions into columns that aggregated numbers into patient types 

according to the categories requested by the Hospital Transport Coordinator in Exhibit 1 

of Appendix II.    

 

Within an hour of the completion of the first drill, Tamlyn debriefed the first drill 

participants after they performed their drill in a manner consistent with all previous drills 

she has coordinated.  As this is normal protocol without the investigators involvement, 

we were not present and the debriefing was outside of the scope of our research study. 

 

A second two-hour long drill took place two days after the first drill, on April 28th, 

between Noon and 2pm. The same key participants as in the first drill, and who were the 

focus of our experiments, performed their tasks a second time, but with a different 

hospital evacuation scenario. The participants performed their roles with the addition of 

the role support software that we were testing for providing superior situation awareness 

and insight generation.  

 

The role-play software required a conventional personal computer for each 

participant, with a keyboard, monitor and mouse. Our agreed-upon protocol suggested 

that subjects would have ample opportunity to gain familiarity with the software at their 

own leisure via a Web-based process. In the second drill case, situation awareness 

metrics were potentially available through data collection in the software in addition to 

the same situation awareness questionnaires we used in the first drill. 

 

As a final opportunity for participants to provide feedback, the KCHC 

coordinator, Tamlyn Thomas, debriefed the KCHC participants after they performed the 

second drill in a manner consistent with all previous drills she coordinated. This 

debriefing was intended for KCHC use only and was outside the scope of the documented 

research study. 
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Chapter 8 – Results 
 

We followed the experiment schedule reported in chapter 7 strictly except for the 

expectation of providing ample time for drill participants to practice using our simulation 

software via the Web before participating in the second drill.  We froze software 

development on April 21, 2010 and provided software to all participants at least three 

days before the second drill began but the participants did not have any time to practice 

the use of the software.  

 

Unfortunately, due to other scheduling constraints, we were not able to complete 

the Web-based version of our simulation and have it work satisfactorily for participants 

to practice leisurely on their own computers. As a result, we provided all the computers 

that were used in the drill. We recorded all the data for the simulated drills, with the 

exception that we did not conduct the freeze-probe situation awareness questionnaires 

since our protocol was not ready for situation awareness testing, as we were uncertain the 

software would be transparent for participants. 

 

As a consequence of the lack of subject pre-training on our simulation software, 

we decided to use the drills to evaluate insight generation and perfect the simulator with 

what was obviously a highly experienced group of role players. We would use the 

individual player’s results to evaluate internally without publishing nor sharing with 

others. We did not pursue formal subject participation requests from the KCHC pool of 

potential subjects, and accordingly, we cannot provide individual data for role players in 

the KCHC drills. Instead we report only the aggregate team results. 

 

Even though additional work would be required and we’d have to do our own 

recruitment to find qualified first responder personnel who could competently role-play 

with our simulator, we believe this decision was not only the right decision to make, but 

significantly motivated us to be better prepared for the next willing and appropriate 

participant group we could find for our formally documented experiments. 
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8.1 Full Protocol Experiments 
 

Upon performing our own recruitment process using the forms and process 

approved by the University of Washington’s Human Subjects Division, we recruited and 

received consent to participate in our research experiments from two employees of a 

Veteran’s Administration Hospital (VAH) and a recently retired fireman in Hartford 

County, Connecticut. Our consent letter appears in Appendix V. The two VAH 

employees had jobs that required significant hospital logistics work and had interacted 

with doctors and nurses on site for multiple decades. They both reported having thought 

of hospital evacuation in their careers and were enthusiastic about gaining insight into 

such an activity through paper and computer-based role-play. The retired fireman had 

performed community-wide fireman services for over thirty years and was highly trained 

in community-wide first response activities that were easily adapted to the hospital 

evacuation scenario. To include him in our subject pool meant we would not be 

interfering with any potential emergency response tasks on the dates we chose for our 

two simulated role-playing sessions. 

 

We performed the complete list of steps in the experiment schedule described in 

section 8.6, with the exception that the first paper-based session took place on June 12th, 

2010 and the second session took place two weeks later on June 26th, 2010. Role-play 

took place for two hours each session with the addition of ten, approximately two-minute, 

simulation breaks to administer the freeze-probe situation awareness questionnaires. 

 

We asked our pre-study questionnaire on June 12th, 2010. Respondents’ answers 

to these questions are contained in Appendix VIII. Compared with the results from 

KCHC drill participants, the Hartford County participants’ roles were less defined. We 

anticipated this difference, as the hospital evacuation scenario had not been part of any 

organized Hartford County hospitals development. The hospital participants had similar 

years of experience, and neither had much experience in the roles they were to play in the 

simulation. But the KCHC personnel had been through the scenario-generation 

discussion where their roles were defined and had participated in a KCHC-wide paper-
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based simulation where they did not perform their roles but watched them being 

performed by the collective. KCHC personnel had less experience with the software 

before participating in the second simulation session. 

 

Again our strategy in these investigative procedures was configured to test the 

insight generation and situation awareness hypotheses presented earlier in this document. 

Metrics for both insight generation and distributed situational awareness were tested 

through drill support and experimentation. As a result, each metric, supporting a 

different, yet likely correlated, hypothesis is described in its own this section that follows. 

 

8.2 Insight Generation 
 

To calculate our insight generation metric for the two emergency response drill 

role-playing sessions, we transcribed the communications and actions made by role 

players into data tables that could be imported into our post-simulation Improvise-based 

visual analytics tool. The tool allowed the team to review their performance, identify 

insights made and score the insights on a scale of one to a hundred as to the significance 

of that insight to their shared knowledge base for performing an emergency hospital 

evacuation. 

 

An example configuration of our visual analytics tool is shown in Figure 15. 

Participants reviewed the geospatial relationships of all incidents and resources and 

reviewed their communications by utterance, timing, and relationship to actions taken. 

They then extracted the list of insights they acquired in the order they gained them, 

created a visual list of the insights, and then scored them on a scale of one to one hundred 

where one hundred meant critical to the success of a hospital evacuation activity and 

lesser numbers represented the contribution they thought the insight had to success of a 

hospital evacuation activity. 
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      Figure 15 – State of the Visual Analytics Tool During An Insight Analysis Session 

 

Upon sharing a visual analysis session, all participants listed all significant 

insights identified for the two drills and reached a consensus score for each. The results 
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for the paper-based session follow with the role that first gained the insight listed and the 

time of that insight for all insights that scored higher than 10: 

 

Table 2 - Insights and Team Score During Paper-based Drill 
Role Time Insight Value 
FTC 4:12 My task is highly dependent on my knowing the timing of 

routes to receiving hospitals. 
25 

HTC 5:45 The hospital has many critical patients who need assistance 
on the top floor. 

40 

HTC 5:57 I care about the discomfort of patients and thus don’t want to 
start releasing critical patients until they can get out. 

60 

HTC 6:12 The hospital has many ambulatory patients who can walk out 
on their own on the fourth floor. 

25 

FTC 8:28 Monitored patients are important to track in order to do 
transport allocations 

60 

FTC 10:18 I have a lot of time to help the Hospital Control role before 
patients are actually available for transporting 

72 

HTC 10:45 The ambulatory patients from the lower floors could already 
be out and on a bus ready to go to a receiving hospital. 

50 

HTC 11:29 The success of a hospital evacuation is highly dependent on 
my prep work with the patient tracking sheets 

90 

FTC 12:04 The ambulatory patients, especially stable ones, can wait 
longer outside before getting on transport 

60 

HTC 12:26 My task is highly dependent on the time it takes to clear 
assisted patients from the floor. 

80 

HTC 13:14 My task is highly dependent on getting information from 
Hospital Control 

72 

HTC 13:58 My task requires me to think about the location of and 
distance to the stairwells. 

15 

FTC 14:21 When considering the eight car and the metro bus, I need to 
make a rule of thumb based on wheelchair capacities 

30 

HTC 14:23 My task requires me to think about the availability of trained 
people to accompany assisted patients. 

40 

HC 15:33 I could help out much better in choosing my receiving 
hospital negotiation strategies if I knew the plan better  

80 

FTC 15:49 I really need to pay attention to critical patients as to when 
they become available for transport allocation 

55 

HTC 16:50 The most important consideration I need to focus on is 
tracking ambulatory versus assisted patient designations. 

75 

HTC 18:30 ICU bed availability at receiving hospitals is highly critical to 
my initial patient release planning 

45 

FTC 20:51 The choices I make are important for Hospital Control to 
consider in negotiating transfers with receiving hospitals 

70 

HTC 21:13 It takes longer to get the assisted patients prepped and out of 35 
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the hospital than I anticipated 
HTC 25:34 It really helps the Fire Transport Coordinator when I 

verbalize the patient number of those I release. 
50 

FTC 26:28 Hospital Transport Control prep time has taken more time 
than expected and reduced that time for patient movements. 

70 

HTC 26:35 To avoid tying up the stairwells, I need to understand how 
wheelchair patients will get down and how long it takes 

35 

HC 29:09 I need a lot more information from the Hospital Transport 
Control role in order to do my task effectively 

80 

FTC 37:00 I am having a hard time deciding when I should send the 
Metro Bus to a receiving hospital 

35 

HTC 41:43 I need to be able to provide better summary data in order to 
answer questions from Hospital Control and Fire Transport 
Control 

80 

FTC 49:38 I need to create better visual aids for keeping track of vehicle 
availability – especially when assigned vehicles return 

60 

FTC 57:29 Some assisted patients take significantly more time to get 
outdoors than I had anticipated 

40 

FTC 59:04 I could be helping and planning better if I asked for thorough 
verbalization and confirmation of patient numbers 

50 

FTC 1:07:53 The tabular summary data I have been keeping is helping me 
make decisions 

60 

FTC 1:12:30 Now that I better understand the flow of patients from the 
hospital, I realize I could have had more time to help the 
HTC with the initial plan 

50 

HTC 1:22:06 I really could use help internalizing the wheelchair patient 
evacuation time versus ambulatory 

60 

FTC 1:31:17 Anticipating bus and eight car travel times are critical to my 
task  

40 

FTC 1:42:16 I am really struggling with keeping up with the ventilators 
and monitor equipment needs of patients 

55 

HC 1:48:37 Once I get good at receiving hospital negotiations, I have lots 
of time to help the other roles. 

45 

 

In addition to the insights listed above, there were seventeen other insights 

generated but deemed to be less significant than the above chronological list. 

 

The results for the computer-based session follow: 

 

Table 3 - Insights and Team Score During Computer-based Drill  

Role Time Insight Value 
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HTC 2:17 I care about the discomfort of patients and thus don’t want to 
start releasing critical patients until they can get out. 

60 

HTC 2:42 The hospital has many critical patients who need extra time 
and assistance on the top floor. 

40 

HTC 4:52 The hospital has many ambulatory patients who can walk 
out on their own on the fourth floor. 

25 

HC 4:53 Watching the patient allocations is going to help me 
anticipate needs when negotiating with receiving hospitals 

60 

FTC 4:55 There are many ambulatory patients on the lower floors who 
can be evacuated quickly and put on a Metro bus or eight car  

50 

HTC 5:19 I can plan my use of the floor nurses before I begin 
allocating assisted patients 

40 

FTC 5:22 I have a sense of basic priorities of which hospitals I’d like 
to allocate to based on the map 

40 

HTC 6:08 The patient hospital interface does a lot of the prep work for 
me if I can trust these encodings 

80 

FTC 7:00 I can help Hospital Control make overall sense of the patient 
encodings while Hospital Transport works on the details 

75 

HTC 7:29 The success of a hospital evacuation is highly dependent my 
ability to internalize these patient color encodings 

60 

HTC 8:16 My task is highly dependent on the time it takes to clear 
assisted patients from the floor.  

60 

HTC 8:32 The ambulatory patients are almost all stable  25 

HTC 8:57 The ambulatory patients, especially stable ones, can wait 
longer outside before getting on transport 

60 

FTC 9:09 The HTC task is highly dependent on the time it takes to 
clear assisted patients from the floor. 

80 

HTC 10:21 To be successful, I need to review the allocations from 
Hospital Control each time I make significant patient 
releases 

70 

FTC 11:43 When considering the eight car and the metro bus, I need to 
make a rule of thumb based on wheelchair capacities 

30 

FTC 14:28 The ICU bed availability at receiving hospitals is a critical 
discussion point between me, HC, and the HTC 

50 

FTC 16:29 The ambulatory patients from the lower floors could already 
be out and on a bus ready to go to a receiving hospital. 

50 

FTC 20:13 I need to verbalize the transportation choices I will make so 
HC can anticipate my needs when discussing with receiving 
hospitals 

62 

HC 21:44 I can spend more time verifying HTC decisions instead of 
always asking for the plan with this interface 

70 

HTC 21:48 There are some summary data values that take me too much 
time to calculate when asked by the FTC or HC 

42 

HTC 23:07 The most important consideration I need to focus on is 
tracking ambulatory versus assisted patient designations. 

75 
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HTC 25:16 I am getting a good sense of how the flow of patients unfolds 
in the simulation 

40 

HC 25:42 Equipment planning might be just as important as bed 
availability planning 

90 

HTC 26:17 Although tempting to use color descriptors of patients, 
patient number is still a better identifier although the 
redundancy is often helpful for finding patients visually 

50 

FTC 27:40 Anticipating bus and eight car travel times and how often I 
can expect them to return in time is critical to my task 

50 

HC 27:58 Equipment planning might be just as important as bed 
availability planning 

90 

FTC 29:29 The Hospital Transport Control patient releasing process still 
takes longer than I need or want it to take. 

70 

FTC 29:43 I forget to look at the vehicle availability panel and yet don’t 
think return distance when looking at the map 

40 

FTC 40:35 Selecting multiple patients at once helps me chunk my 
planning so that the task feels less complex 

40 

HC 40:51 I probably should try to convince a larger hospital to take a 
full bus load of patients at once 

40 

HTC 41:23 To be successful, I need to pay better attention to the 
behavior of patients in the stairwells 

60 

FTC 42:50 I am better off focusing on the right half of patient icons than 
the left as the right is a better identifier of transport needs 

58 

FTC 44:27 I waited too long to send the Metro Bus out on a patient 
delivery run 

40 

HC 46:35 We all could use some more communications about the plan 
as we are doing are individual actions 

70 

FTC 49:03 I realize I should be more concerned about how many 
patients are coming down the stairwells currently 

55 

HC 50:23 Now that I see the flow of patients and vehicles, I realize I 
have more time to work on detailed receiving hospital 
negotiations once I get the first few going 

60 

FTC 51:17 Creating a tabular presentation of the iconic data helps me 
organize my thoughts 

50 

FTC 56:17 I make better decisions when I focus on the orange and pink 
patient health types 

40 

FTC 1:00:15 I can track critical patients much better with a visual color 
coding scheme and bother HTC less as a result 

55 

FTC 1:04:47 Now that I have a sense of the flow of patients from the 
hospital, I realize I could have spent more time helping the 
HTC 

60 

HC 1:05:46 Tracking the vehicular movement myself helps me make 
better requests of the receiving hospitals 

80 

HTC 1:12:45 I get the sense that wheelchair patients take approximately 
twice as long to get out of the hospital as ambulatory 

45 
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FTC 1:26:03 Once I finish my plan for patient evacuations, I have time to 
spend pointing out problems with other’s potential actions 

60 

FTC 1:40:52 I am spending time implementing a plan that could be 
implemented by another process if I could help out with 
others 

40 

 

 

In addition to the insights listed above, there were forty-nine other insights 

generated but deemed to be less significant than the above chronological list. 

 
 
8.3 Distributed Situation Awareness 
 

For both the paper-based and computer-based hospital evacuation session 

conditions, we used a random number generator to choose ten numbers between 0 and 

120, the two hours of our experiment timeline. For the paper-based drill, the generator 

produced the numbers 2, 119, 94, 103, 47, 21, 89, 51, 35, and 104. For the computer-

based drill, the random-number generator produced the numbers 109, 7, 54, 25, 44, 10, 

63, 39, 83, and 82.  We asked our situation awareness questionnaire at these equivalent 

minutes from the start of the drill. 

 

The questions were discussed in advance with the subjects to let them agree on a 

common definition of what the question was asking. As an observer, we listened for 

common ground with the KCHC’s discussion of each question as well. We also 

interviewed each participant to ascertain that they agreed with the significance of each 

question to their belief as to what they would consider a successful evacuation. 

 
We recorded the following responses to the five questionnaire questions for both 

treatments: 

 
1. How many patients are in a significant state of discomfort currently? 

 
As a result of a consensus-building discussion, the subjects agreed that any 

critical patient would be considered experiencing a significant state of discomfort at all 
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times and all assisted critical, unstable, or assisted patients would be deemed 

experiencing a significant state of discomfort when moving. 

 

In the paper-based session, the hospital transport coordinator had information on 

all the patient encodings from patient tracking sheets but did not share that information 

with the hospital control nor transport coordinator roles until deemed relevant. As a 

result, the awareness unfolded over time, as those patients were part of the individual’s 

role responsibilities. The answers to question one on the freeze-probe questionnaire for 

the paper-based session follow: 

 
Table 4 – Freeze-probe Questionnaire Answers to Question One by Role 
for Paper-based Trial 
Question Time Hosp Control Hosp Transport Transport Actual 
2 unknown 20 unknown 15 
21 8 15 unknown 15 
35 10 15 12 15 
47 14 25 17 27 
51 14 24 22 26 
89 30 30 28 32 
94 30 29 26 28 
103 30 33 30 32 
104 30 33 30 32 
119 25 25 26 26 
 
In the computer-based session, visual representation of patient-related data was 

available for the needs of all three roles to all participants. As a result, awareness did not 

require direct input from other participants, as the data upon which their roles were acted 

out were available irrespective of any one individual’s role responsibilities. 

 

Table 5 – Freeze-probe Questionnaire Answers to Question One by Role 
for Computer-based Trial 
Question Time Hosp Control Hosp Transport Transport Actual 
7 15 15 15 15 
10 15 15 15 15 
25 15 15 15 15 
39 22 21 20 22 
44 25 24 22 24 
54 24 25 24 24 
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63 27 26 27 26 
82 33 31 31 31 
83 33 31 31 31 
109 31 30 30 30 
 

 

A paired t-test was performed to determine if situation awareness was improved 

in the computer-based trial. The mean number of improvement (M=2.6, SD =3.28, N= 

30) was significantly greater than zero, t(29)=4.347, two-tail p = .0002, providing 

evidence that the situation awareness of discomforted patients is higher. The calculation 

of the statistics are provided in Appendix III.  

 

2. Where are these patients located? 
 

As a result of a consensus-building discussion, the subjects agreed that relevant 

location information would include their status (lying in a bed, moving in a stairwell, 

moving from indoors to outdoors, or in transit to receiving hospital), and general location 

(which floor, which stairwell, which waiting location, and which transport). 

 

We compared their answers to the actual location of patients and recorded the 

number of locations they got correct for patients that met their experiencing significant 

discomfort definition.  

 
In the paper-based session, the hospital transport coordinator had information on 

all the patient encodings from patient tracking sheets but did not share that information 

with the hospital control nor transport coordinator roles until deemed relevant. As a 

result, the awareness unfolded over time as those patients were part of the individual’s 

role responsibilities. The answers to question one on the freeze-probe questionnaire for 

the paper-based session follow: 

 
Table 6 – Freeze-probe Questionnaire Answers to Question Two by Role 
for Paper-based Trial 
Question Time Hosp Control Hosp Transport Transport Actual 
2 0 15 0 15 
21 0 15 0 15 
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35 0 15 15 15 
47 7 20 22 27 
51 4 24 22 26 
89 8 30 28 32 
94 10 29 26 28 
103 12 33 30 32 
104 12 33 30 32 
119 15 25 26 26 
 
In the computer-based session, visual representation of patient-related data was 

available for the needs of all three roles to all participants. As a result, awareness did not 

require direct input from other participants as the data upon which their roles were acted 

out were available irrespective of any one individual’s role responsibilities. The answers 

to question one on the freeze-probe questionnaire for the computer-based session follow: 

 

Table 7 – Freeze-probe Questionnaire Answers to Question Two by Role 
for Computer-based Trial 
Question Time Hosp Control Hosp Transport Transport Actual 
7 10 15 15 15 
10 12 15 15 15 
25 15 15 15 15 
39 20 20 20 22 
44 18 21 23 24 
54 16 20 22 24 
63 14 18 24 26 
82 20 22 30 31 
83 22 22 30 31 
109 16 18 28 30 

 
A paired t-test was performed to determine if situation awareness was improved 

in the computer-based trial. The mean number (M=3.867, SD =8.114, N= 30) was 

significantly greater than zero, t(29)=2.610, two-tail p = .0142, providing evidence that 

the situation awareness of discomfort patient location is higher. The calculation of the 

statistics are provided in Appendix III. 

 

3. How many patients are currently in transit between the evacuating and 
receiving hospital? 
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The subjects agreed immediately that the appropriate answer to this question is 

the total number of patients associated with vehicles in transit to or from receiving 

hospitals.   

 

In the paper-based session, the transport coordinator verbally communicated what 

he thought was relevant in regards to patient transport allocations and timings. No other 

role player had transportation included as part of their individual role responsibilities. 

The answers to question one on the freeze-probe questionnaire for the paper-based 

session follow: 

 
Table 8 – Freeze-probe Questionnaire Answers to Question Three by Role 
for Paper-based Trial 
Question Time Hosp Control Hosp Transport Transport Actual 
2 0 0 0 0 
21 0 0 0 0 
35 0 0 0 0 
47 8 4 8 8 
51 12 4 12 12 
89 34 24 34 32 
94 32 20 30 28 
103 42 26 34 32 
104 42 26 34 32 
119 26 22 26 26 
 
In the computer-based session, visual representation of patient and vehicle data 

was available for the needs of all three roles to all participants. As a result, awareness did 

not require direct input from other participants as the data upon which their roles were 

acted out were available irrespective of any one individual’s role responsibilities. The 

answers to question one on the freeze-probe questionnaire for the computer-based session 

follow: 

 
Table 9 – Freeze-probe Questionnaire Answers to Question Three by Role 
for Computer-based Trial 
Question Time Hosp Control Hosp Transport Transport Actual 
7 0 0 0 0 
10 0 0 0 0 
25 0 0 0 0 
39 0 0 0 0 
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44 6 6 6 6 
54 12 12 12 12 
63 38 36 36 36 
82 42 40 40 38 
83 42 38 40 38 
109 24 24 24 24 

 
A paired t-test was performed to determine if situation awareness was improved 

in the computer-based trial. The mean number (M=1.933, SD =32.99, N= 30) was 

significantly greater than zero, t(29)=3.537, two-tail p = .0014, providing evidence that 

the situation awareness of in-transit patients is higher. The calculation of the statistics are 

provided in Appendix III. 

 
4. How much more time will it require to fully evacuate the existing hospital 

given ideal circumstances? 
 

As a result of a consensus-building discussion, the subjects agreed that the 

relevant answer to this question was the number of hours remaining to completely get all 

patients out of the hospital from the current point in time. 

 

Since the role-playing session by design only lasted two hours, we had no actual 

data for how long it would actually have taken to evacuate the hospital if the subjects 

continued to evacuate the hospital until the last patient was out of the hospital and ready 

for transport. But, as we had calibrated the simulation based on KCHC role-play, we 

were able to run the simulation from each point in time to generate a simulated time to 

finish up from the current point in time. We compare subject’s answers to simulated time 

in the last four tables in this section. 

 
The answers to question four on the freeze-probe questionnaire for the paper-

based session follow: 

 
Table 10 – Freeze-probe Questionnaire Answers to Question Four by Role for 
Paper-based Trial 
Question Time Hosp Control Hosp Transport Transport Simulated 
2 10 12 8 6 
21 10 12 8 6 
35 11 12 9 7 
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47 11 12 9 8 
51 11 12 9 9 
89 9 11 9 8 
94 9 11 8 8 
103 9 11 8 7 
104 9 11 8 7 
119 9 10 7 7 
 
The answers to question four on the freeze-probe questionnaire for the computer-

based session follow: 

 
Table 11 – Freeze-probe Questionnaire Answers to Question Four by Role for 
Computer-based Trial 
Question Time Hosp Control Hosp Transport Transport Simulated 
7 8 10 8 6 
10 8 10 8 6 
25 8 10 9 8 
39 8 9 9 8 
44 7 9 9 9 
54 7 9 9 8 
63 7 8 8 8 
82 7 8 8 7 
83 7 8 8 7 
109 7 7 7 6 

 
A paired t-test was performed to determine if situation awareness was improved 

in the computer-based trial. The mean number (M=1.4, SD =1.380, N= 30) was 

significantly greater than zero, t(29)=5.558, two-tail p = <.0001, providing evidence that 

the situation awareness of time to complete the scenario is higher. The calculation of the 

statistics are provided in Appendix III. 

 
5. How much more time will it require to fully deliver all evacuating patients to 

their receiving hospital given ideal circumstances? 
 
 

As a result of a consensus-building discussion, the subjects agreed that the 

relevant answer to this question was the number of minutes it would take to deliver all 

patients to their receiving hospital after all patients had been evacuated from the sending 

hospital. 
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The answers to question five on the freeze-probe questionnaire for the paper-

based session follow: 

 
Table 12 – Freeze-probe Questionnaire Answers to Question Five by Role for 
Paper-based Trial 
Question Time Hosp Control Hosp Transport Transport Simulated 
2 60 90 45 42 
21 60 90 45 42 
35 60 90 45 41 
47 60 75 45 39 
51 60 75 45 36 
89 60 60 45 37 
94 60 60 45 37 
103 60 60 45 39 
104 60 60 45 39 
119 60 60 45 38 
 
The answers to question five on the freeze-probe questionnaire for the computer-

based session follow: 

 
Table 13 – Freeze-probe Questionnaire Answers to Question Five by Role for 
Computer-based Trial 
Question Time Hosp Control Hosp Transport Transport Simulated 
7 60 60 45 42 
10 60 60 45 42 
25 60 60 45 41 
39 60 60 45 40 
44 60 60 45 39 
54 60 60 45 38 
63 60 60 45 37 
82 60 60 45 40 
83 60 60 45 40 
109 60 60 45 40 

 
 

A paired t-test was performed to determine if situation awareness was improved 

in the computer-based trial. The mean number (M=3.767, SD =10.040, N= 30) was 

significantly greater than zero,  t(29)=2.055, two-tail p = 0.049, providing evidence that 

the situation awareness of remaining patient delivery time is higher. The calculation of 

the statistics are provided in Appendix III. 
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Chapter 9 – Discussion 
 

We began applying a RimSim architecture to an emergency hospital evacuation 

response scenario because we were convinced the KCHC could benefit from our 

participation in their efforts to have first responders gain skills and training through the 

use of such a scenario.  We tested our application for utility using two metrics that were 

well supported by both the literature and advisement from experts in the field. We would 

like to be able to conclude that a RimSim architecture-driven approach would be valuable 

to train responders for a scenario before having to be confronted by such a scenario 

without training. 

 

Having run our experiments with two different teams (one a team that helped 

define the roles for a hospital evacuation scenario and another that attempted to train on 

those roles as defined by the first team), we generated data that supported an analysis of 

the contribution that a geospatial interface provides a hospital evacuation team when 

performing a hospital evacuation scenario. Although the experiments with the role 

designing team were short of an ideal protocol, we can make some broad conclusions 

about the contribution the visual interface provides that team, based on the role-play 

sessions captured by our software and observations. 

 

Having learned from the interface and procedural shortcomings identified by the 

first team, we were able to implement a more complete experimental protocol with a 

second team of hospital staff and fire department trained personnel as described in the 

previous chapter. We received their approval in sharing the results of the formal 

experiment, which were also reported in chapter 8. We now evaluate those results in the 

context of our doctoral hypotheses. 

 

We then end this chapter with some insights into the quality of the emergency 

response game play by the teams. We also compare and contrast generalities between the 

team that spent time generating and refining the roles.   
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9.1 Evaluating Insight Generation Hypothesis 
 

When comparing insights generated of the paper-based role simulation session 

and computer-based role simulation session, we look at both the number of insights and 

the sum of the value of all scores on a 1 to 100 scale arrived at by a team discussion 

process. In analyzing the data, we noticed a clustering effect of those insights rated less 

than or equal to ten versus those insights rated more than ten. As a result, we broke those 

two clusters out separately. We found the following aggregate results: 

 

Table 14 – Insight Comparison Between Paper-based and Computer-based Trials 
Trial Number 

of 
Insights 

Number 
valued 
<=10 

Number 
values 
>10 

Average 
Score 
<=10 

Average 
Score 
>10 

Total 
Score 
<=10 

Total 
Score 
>10 

1.Paper 52 17 35 7.41 53.97 126 1889 

2.Computer 94 49 45 5.51 55.27 270 2487 

 

Looking at both the number of insights and the total score of insights, we found a 

substantial increase in the number of insights in the computer-based trial over the paper-

based one. The average score of those insights scored greater than ten by team consensus 

is not significantly different between the two trials. The average score of those insights 

that were deemed less significant, i.e. with a score less than ten, was significantly higher 

for the paper-based trial. But since there were more computer insights than paper 

insights, the total score for the computer-based insights is substantially greater. 

 
Because the goals of the computer-based trial were the same as the goals of the 

paper-based one, we were able to compare the times at which similar insights were made 

within the simulation session. Thirteen of the insights were deemed identical and took an 

average of 54 seconds earlier to be made by our computer-based simulation participants. 

Of these thirteen, four came later in the simulation with the computer-based scenario, 

with the longest later timestamp being seven minutes and 27 seconds after the insight 

timestamp in the paper-based scenario. Each of the differences provides potential insight 

for us into the possible change in role thought-processes brought on by the change of tool 

used to facilitate role-play. 



 117 

 

We also considered which role player first had which insight in each scenario and 

found three situations where a different role player had the insight first in the computer-

based trial versus the paper-based one. All three suggest there was added distributed 

cognition enabled by our computer-based interface. 

 

In the paper-based drill, at ten minutes and forty-five seconds into the simulation, 

the Hospital Transport Coordinator realized she could have already processed and 

released many ambulatory patients from the lowest patient floor. By releasing them 

earlier, the Metro Bus could have been better utilized by making a trip to a receiving 

hospital with ambulatory patients earlier than when the bus was finally released to do so. 

With the addition of a computer-based interface to the simulation, the Fire Transport 

Coordinator was able to have that insight just four minutes and fifty-five seconds into the 

simulation. The HTC and the FTC we able to have a tactical conversation that helped the 

two coordinate patient releases and transport releases in an improved manner. 

 

In the paper-based drill, eighteen minutes and thirty seconds into the simulation, 

the Hospital Transport Coordinator realized that ICU bed availability was a highly critical 

data point to monitor in order to improve initial patient release planning. With the 

addition of a computer-based interface to the simulation, the Fire Transport Coordinator 

was able to realize the significance of the ICU bed availability numbers only fourteen 

minutes and twenty-eight seconds into the simulation. As a result, the FTC began a 

conversation between the HTC, HC, and himself that led to better planning of patient 

release timings. 

 

These three examples reflect the benefit of having a computer-based interface for 

role players to consider the conditions of the incidents and resources in a way that they 

can contribute to overall decision-making through improved distributed cognition. Not 

only were insights made earlier in the simulation, but they were made by a different 

participant who had time to assist in role planning in order to improve their contribution 

and the contribution of a fellow first responder. 
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9.2 Evaluating Situation Awareness 
 

When comparing insights generated of the paper-based role simulation session 

and computer-based role simulation session, we report the following aggregate results for 

the five freeze-probe survey questionnaire questions asked of the Hospital Control role: 

 
Table 15 – Analysis of Hospital Control Insights for Freeze-Probe Questionnaire by 
Question  
Question 
Number 

HC Variance 
Paper 

HC Variance 
Computer 

HC Variance as 
% Paper 

HC Variance as 
% Computer 

1 61 7 24.6 3.0 
2 180 70 72.6 30.0 
3 26 10 15.3 6.5 
4 25 9 34.2 12.3 
5 210 201 53.8 50.4 
 

When comparing insights generated of the paper-based role simulation session 

and computer-based role simulation session, we report the following aggregate results for 

the five freeze-probe survey questionnaire questions asked of the Hospital Transport 

Coordinator role: 

 
 
Table 16 – Analysis of Hospital Transport Coordinator Insights for Freeze-Probe 
Questionnaire by Question 
Question 
Number 

HTC Variance 
Paper 

HTC Variance 
Computer 

HTC Variance 
as % Paper 

HTC Variance 
as % Computer 

1 15 2 6.0 0.8 
2 15 47 6.0 2.0 
3 44 2 25.9 1.3 
4 41 15 56.2 20.6 
5 330 210 84.6 50.4 
 

When comparing insights generated of the paper-based role simulation session 

and computer-based role simulation session, we report the following aggregate results for 

the five freeze-probe survey questionnaire questions asked of the Fire Transport 

Coordinator role: 
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Table 17 – Analysis of Fire Transport Coordinator Insights for Freeze-Probe 
Questionnaire by Question 
Question 
Number 

FTC Variance 
Paper 

FTC Variance 
Computer 

FTC Variance 
as % Paper 

FTC Variance 
as % Computer 

1 51 51 20.6 21.9 
2 41 11 16.5 4.7 
3 8 4 0.8 0.4 
4 10 10 13.7 13.7 
5 60 51 15.4 12.8 
 

When comparing insights generated of the paper-based role simulation session 

and computer-based role simulation session, we report the following average results for 

all role players who participated in the hospital evacuation sessions: 

 
 
Table 18 – Analysis of Insights for Freeze-Probe Questionnaire by Question 
Question 
Number 

Avg Variance 
Paper 

Avg Variance 
Computer 

Avg Variance 
as % Paper 

Avg Variance 
as % Computer 

1 42.3 20 17.1 8.6 
2 78.7 42.7 31.7 12.2 
3 26.0 5.3 14.0 2.7 
4 25.3 11.3 34.7 15.5 
5 200.0 154.0 51.3 37.9 
 

 

For all five questions, the average variance is lower for the computer-based trial 

than the paper-based trial. In fact, the variance from actual for the computer-based trial is 

less than half the variance for the paper-based trial, except for the estimate of residual 

time that patients would still be in transit after all patients were evacuated from the 

hospital. Our findings suggest there is improvement in situation awareness, for initial 

training purposes with our Hartford County team, when using our computer-based 

simulation interface compared to the paper-based one currently being used by the KCHC. 

 

We performed a paired-t statistical analysis to compare situation awareness levels 

between paper-based and computer-based trials. We were interested in looking at the 

potential influence of computer-based interfaces during simulation sessions as provided 
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in Appendix III to pinpoint the likely effect of our computer-based interface and reported 

results of significance with high p confidence levels. 

 

We calculated a t-value of 4.347 for question one and compared it to the required 

p value necessary to refute the null hypothesis. Our null hypothesis suggested that the 

two drills had identical situation awareness for the tracking of patients experiencing 

significant discomfort. Our t-value of 4.347 was large enough for us to refute the null 

hypothesis with confidence, with a chance of refuting improperly at .0002. 

 

We calculated a t-value of 2.610 for question two and compared it to the required 

p value necessary to refute the null hypothesis. Our null hypothesis suggested that the 

two drills had identical situation awareness for the tracking of patient locations of those 

experiencing significant discomfort. Our t-value of 2.610 was large enough for us to 

refute the null hypothesis with confidence, with a chance of refuting improperly at .0142. 

 

We calculated a t-value of 3.537 for question three and compared it to the 

required p value necessary to refute the null hypothesis. Our null hypothesis suggested 

that the two drills had identical situation awareness for the tracking of in-transit patients. 

Our t-value of 3.537 was large enough for us to refute the null hypothesis with 

confidence, with a chance of refuting improperly at .0014. 

 

We calculated a t-value of 5.558 for question four and compared it to the required 

p value necessary to refute the null hypothesis. Our null hypothesis suggested that the 

two drills had identical situation awareness for the amount of time it would take to finish 

the hospital evacuation. Our t-value of 5.558 was large enough for us to refute the null 

hypothesis with confidence, with a chance of refuting improperly at less than .0001. 

 

We calculated a t-value of 2.055 for question one and compared it to the required 

p value necessary to refute the null hypothesis. Our null hypothesis suggested that the 

two drills had identical situation awareness for the tracking of patients experiencing 
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significant discomfort. Our t-value of 2.055 was large enough for us to refute the null 

hypothesis with confidence, with a chance of refuting improperly at less than .0490. 

 

As a result, we were able to refute three of the five situation awareness null 

hypotheses with at least 95% confidence and suggest our participants retained a higher 

level of situation awareness by using a computer-based interface to evaluate the 

simulation. Our other two null hypotheses showed some evidence of also being refutable, 

but not to the level of significance we were willing to be comfortable with given the 

potential of natural inter-session variability not relevant to situation awareness. 

 

As a result of working with just one team of first responders in evaluating 

situation awareness, we consider our contribution to be more one of demonstrating a 

viable and useful approach to considering team situation awareness instead of being able 

to be definitive in how the approach makes a difference. The approach can be applied to 

many teams of first responders participating in many first response scenario sessions in 

order to gather a book of evidence as to how well the use of a simulator helps prepare 

first responders for their roles in conjunction with others. 

 

9.3 Contribution to Team Preparedness 
 

Our results suggest that our approach to using a geospatial interface for simulated 

role-play can help a team prepare for working with each other when responding to a 

community-wide crisis. As we added the interface, we observed at least two indicators 

that the team was improving distributed cognition so as to overlap in a shared mental 

model of the activity. These suggested here require more rigorous verification, but at first 

glance suggest a better preparedness for the team as a whole: 

 

1. Role players had insights from the perspective of other roles as they became 

familiar with visualizing the causes and effects of other role player actions. 

 

2. The team as a whole appeared to be significantly faster at performing actions 

with the computer-based interface that would get them to their stated goals faster. 
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As we build our simulation play interface to provide a different tool for each role 

player and yet with common shared visual components to foster efficient communication, 

we offer each team member the opportunity to play other roles to gain first-hand 

knowledge of how that role considers the joint activity and decides upon actions to take. 

Consequences of actions can also be evaluated upon running the simulation repeatedly 

while playing a role. Our challenge is one of building the best-shared components that 

then trigger memories of other role player perspectives without distracting from the 

actual role expected of the participant come an actual emergency response event. 

 

9.4 Contribution to Individual Training 
 

We found more insights and better situation awareness for all three of our roles in 

both the KCHC drill support and the Hartford County team training trials The more often 

we iterate our design and run simulations using our latest interface designs, the more we 

can design, develop, and deliver ideal interfaces for training these individual roles. This 

dissertation has tracked an approach to building emergency response training tools in 

conjunction with existing emergency response training programs while at the same time 

making the resultant tools available to any team that wishes to then train using the 

simulator. With the added step of incorporating role player agents into the mix, we can 

anticipate providing a software environment where any person anywhere can attempt to 

play any emergency response role with a scenario that is made accessible. We believe the 

Web is an ideal medium through which to provide such opportunities. 

 

 We imagine a day when community preparedness for emergencies can go beyond 

just training the first responders to play important emergency response roles and can 

instead become accessible to all residents in the community who wish to be better 

prepared for assisting and anticipating emergency response efforts by gaining a cognition 

as to how they likely will be enacted. Geospatial-temporal visualizations are an 

opportunity to provide an overall structure in which to think about an emergency 

response crisis as it relates to all facets of the community. Human pattern recognition can 

help individuals picture potential states of incidents and resources and how they move 
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about within a community over time when responding to one or more events. Taking on 

the perspective of an actual role that analysts have scoped and engineered to be 

performed well by a trained professional is potentially a perspective that lets any citizen 

makes sense of emergency response crises in general. Adding additional perspectives 

over time through simulated role-play would perhaps provide opportunity to iterate upon 

a better mental model in a logical manner. 

 
9.5 Relationship to Hypotheses  
 
 We presented our subject experiment results in this chapter in order to support 

conclusions made about testing our hypotheses. Although our sample sizes are small, we 

have shown experimental findings that support our insight generation hypothesis for both 

of our teams of hospital evacuation scenario simulation participants. Participants from the 

KCHC participated more fully in the design and implementation of the RSR and RSV 

tools and as a result developed insights into the nature of the scenario they were training 

on before they participated in the two simulation drills. And yet, they identified 44% 

more insights that they attributed to better performance during the computer-based drill 

than the paper-based drill. They helped us iterate the design of the RSR tool so that 

participants would more effectively gain insight through interaction with the interface. 

The results of the second team of hospital evacuation scenario role-players presented 

above showed an 80% increase in the number of insights deemed significant to overall 

team performance. Even if we cluster the specific insights identified into major (scoring 

more than ten points) and minor (scoring less than or equal to ten points) groups, we find 

a 29% increase in the number of specific insights generated by the computer-based RSR 

tool. 

 

 The situation awareness two-tailed paired-t test results support the situation 

awareness hypothesis. For all five critical success factor questions on the freeze probe 

situation awareness questionnaire, participants scored higher with the computer-based 

RSR tool than without. We found the results to be significant beyond a 95% confidence 

level for all five questions. 
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Chapter 10 - Future Work 

 

In our readings, we found that there were many areas of research that required 

collaboration among experts in order to coalesce a useful shared vision of phenomena 

that could be explained and applied for human understanding and use. In many cases, an 

expert with tangential or seemingly environmental knowledge was able to shed additional 

light, by becoming invited into the existing vision of a group of people. The cybernetics 

field of the 1950s is one example of a field that brought in one science group after 

another to shed light on fundamental principles. The chaos and complexity field involved 

experts from a wide variety of fields and continues today through such organizations as 

the Santa Fe Institute. The virtual reality field of the 1980s is another field that made 

progress through engineers, computer scientists, cognitive scientists, sociologists, and 

others. Most recently, the social networking field has brought together physicists and 

sociologists. There are many other research domain examples we could cite. 

 

Because research is a human pursuit, we noticed that progress among 

interdisciplinary teams has most often made significant leaps when a new member joined 

the community with a passion to explore the existing research with the existing 

community of researchers who were open to discuss and collaborate together on the 

research. The enthusiasm of a respected person with a fresh point of view, supported by a 

valued body of work in a different field, and with a different experience in community 

building with other researchers, seems invaluable to an existing community. Such a 

community allows expression for their work in terms that can bridge a gap between the 

two knowledge bases in which collaboration takes place. This association also allows 

participants to repackage their own knowledge for better expression within the greater 

interdisciplinary community, sharing new insights with all parties.  

 

One ripe area for further research is the area of interface and interactivity design. 

We iterated the interface to our hospital evacuation simulator many, many times through 

perspectives we received from perception experts, cognition experts, and interaction 

design experts. But, our feedback from the six simulation session participants who 
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actually used the interfaces to do analysis and interact with the simulation seemed the 

most immediately valuable. Because community-wide crisis events and response 

activities generate so much data ripe for visualization, we feel confident much of our time 

will be spent researching how to improve that aspect of the RimSim architecture. 

 

Another area for future research is the emergent behavior of human groups in 

crisis. Anticipation of potential human behavior can be a significant part of training for 

community-wide emergency scenarios based on our readings of the aftermath of 

hurricane Katrina and our first-person experience of the emotions associated with two 

significant earthquakes in Seattle just on either side of the year 2000. 

 

A third area research of we could enhance with the RimSim is decision support. 

We have noted the need for better decision support tools that are available for use during 

emergencies. Since our existing software already does simulation and provides us the 

ability to speed up or slow down simulated time, we feel there is a basis on which 

decision-support tools could be built. Decision-support requires a rigorous approach to 

development that we believe shows promise in pushing our iteration process towards 

improving RimSim rapidly. And, decisions of life and death are difficult to make when 

the human psyche has to deal with the responsibility and accountability for such 

decisions. Providing decision support tools can widen the ownership of responsibility and 

accountability of decisions to a wider community – those who create and test the decision 

support tools. 

 

There are other areas of research we believe RimSim could help support. We 

believe the RimSim architecture is available to support the kind of collaborative research 

endeavor that can bring a wider understanding to researchers across fields of research. 

And, we believe progress in improving cross-field understanding comes from individuals 

who are committed to participating with their point of view while being open to having 

that point of view enhanced through the point of view of others. We believe enthusiastic 

RimSim participants will make the most important contributions by convincing others 

that sharing an architecture for shared research is valuable and that gaining the help from 
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others to implement one’s research openly will be a critical success factor to a RimSim 

approach. 

 

We also believe RimSim is available to support a wide range of first response 

communities who wish to apply a simulation approach for better insight into potential 

community-wide crises of concern in their communities. We’ve shown that a RimSim 

approach has potential for training individual first responders in a scenario and in helping 

a team of first responders train in the collaborative aspects of first response activities. We 

know that first responders who engage in a RimSim-supported process can improve 

training potential. In turn, they can co-develop tools that help train better and train their 

colleagues. We believe RimSim is a terrible approach to force on a first responder or 

group of first responders who don’t want to spend the time to engage in the process of 

developing a better tool for themselves from which to train. As we saw first-hand when 

working with the groupware industry in the early 1990s, computer-mediated solutions to 

support human behavior either succeed or fail through many complex variables that 

contribute to motivation and organizational support. Perhaps even those variables can 

begin to be explored via simulation. 

 

Like any new process being attempted by human beings, there is potential to 

improve RimSim implementations through repetition and modification by expanded 

exposure of the process to a wider range of scenarios. Creating interfaces for human 

beings is not an exact science and one person’s ideal interface might not be able to 

become another person’s ideal interface. By starting from a defined architecture, we can 

provide the opportunity to plug-in different components to adapt to different 

environmental conditions and personal preferences. We can distribute the job of 

improving the whole simulation process across people who each take a piece of the 

architecture and implement solutions that improve that piece as part of the whole.  

 

Since it was so difficult to schedule professional emergency response personnel, 

we were able to work with only two teams, with many variables, in tailoring our skill set 

to work effectively with trained emergency responders. We found our time with a retired 
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fireman to be extremely useful because he had the time to devote to our endeavor without 

having emergency response responsibilities active in his mind. He had a perspective 

gained from years of thinking about emergency response and working in that culture that 

was invaluable to helping us evolve our point of view to better work with emergency 

responders. Many of today’s retirees have little or no computer literacy or exposure to 

geospatial-temporal interfaces outside of static paper maps. As younger people retire after 

having lived a career in emergency response during the digital and information ages, we 

see our work becoming more feasible to more groups of people without having to 

interrupt emergency responders during their day-to-day responsibilities. 

 

We must continue to evolve our thinking in terms of all subject matters we 

reviewed in chapter 2 of this dissertation. Each subject matter sheds some light on how 

we can improve our process to be more effective. Adding those people trained in 

evaluation to our team will help us quantify our contribution well beyond the humble 

attempt by minimally competent graduate students making their first attempt at 

evaluation. 
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Chapter 11 - Summary and Conclusions 
 

11.1 Tools built  
 

To contribute to the research on simulation environments as a useful platform for 

first responder training and planning, we built two software-based tools: 1) The RimSim 

Response multi-user role-play simulation platform enables first responders the 

opportunity to train on a community-emergency response scenario and consider their role 

when planning their contribution for potential events, and 2) The RimSim Visualization 

tool provides an interactive visual analytics platform for post-event sense-making of a 

First Response Effort. As both tools are built from the same underlying Java-based 

library modules, component software that supports one of the tools can be integrated into 

the other with the ease of a typical good software engineering process. 

 

As the literature suggested that real-time situation awareness and asynchronous 

sense-making could be considered two distinct distributed cognitive activities, we 

developed the two independently to allow first responders to interact with both tools to 

improve their emergency response distributed cognition.  

 

First responders trained with the RSR tool through role-playing multiple scenarios 

with different levels of specificity and detail. Medical logistics team members role-played 

a resource allocation scenario to train their cognition for a medical supplies caching and 

real-time hospital allocation task that would be typical of many emergency response 

scenarios that led to human injury. RSR software stress-testing teams played a first 

responder transport allocation scenario to train their cognition in allocating police, fire, 

medical, and other first responder staff to varying incident levels across metro-Seattle, 

Detroit, Vancouver, BC, and Christchurch, NZ communities. Upon iterating the tool for 

effectiveness, robustness, and reliability, we pursued a specific community-wide hospital 

evacuation scenario to provide to a team of medical and emergency response staff 

interested in hospital evacuation scenario training. Two teams from different 

communities role-played the hospital control, hospital transportation control, fire 
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transportation control and receiving hospital control roles through the use of the RSR 

tool. 

 

We provided the two teams that performed the King County, Washington hospital 

evacuation scenario with the RimSim Visualization tool so they could help us interpret 

their performance and identify insights that contributed to their overall situation 

awareness. We made the task of identifying situation awareness after the fact a sense-

making exercise that could help us iterate the RSV tool while at the same time help us 

evaluate subject experiments attempting to test our hypotheses in this thesis. The teams 

used the RSV to negotiate a consensus evaluation of their performance. 

 

 

11.2 Research findings  
 

Through the design and development process of building tools to support first 

responder training and planning, we found that the process consistently provided us with 

insights into the nature of first responder roles. As a result, we were hopeful the tools 

would provide the first responders with insights that would improve their performance 

during RSR role-playing sessions. By bringing the King County Hospital Coalition into 

the design and development process for the RSR hospital evacuation scenario 

configuration, we found the process to be insightful for those participants as well. The 

necessity of making decisions associated with interface design brings up discussions 

about the affordances necessary to perform emergency response tasks. These discussions 

drive the first response team to consider all aspects of first response tasks in order to help 

the software team build visual software components that allow them to perform the tasks 

during role-play sessions. 

 

We designed formal subject experiments to explore the possibility that the RSR 

role-play experience would improve distributed situation awareness for those critical 

success factors that a first responder team asked us to focus on for training purposes. We 

found the critical success factors they gave us to be reasonable given the critical success 
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factors documented in the various Emergency Operations Centers manuals we explored 

during emergency response drills we had been invited to during our experiments 

preparation period. We asked role-play participants to answer questions about the critical 

success factors through freeze-probe questionnaires that had been used effectively to 

evaluate team situation awareness in related fields of study. For all five questions on the 

questionnaire, participants scored higher when using our computer-interface to train their 

roles than when they did not. Three of the five improvements were strong enough that we 

were able to state they significantly did better with at least 95% confidence. 

 

We let the role-play participants evaluate their performance asynchronously after 

they finished interacting with the emergency response crisis simulation. They told us they 

felt they had done better using the interface but we wanted to observe them as they 

worked as a team to discuss their performance using a visual analytics tool. We guided 

their analysis by suggesting that they review all communications and decisions made 

during the simulation session to identify where they had insights and score those insights 

as to the value each insight had to the overall performance of the hospital evacuation 

activity. We asked that the team reach a consensus by level-setting the contribution of 

each participant to the benefit of the overall performance of the team. We observed the 

team perform the insight-scoring task intelligently with impressive negotiation skills. We 

also observed that the team scored higher on the simulation session with our RSR 

interface than the simulation session without. 

 

11.3 Hypothesis proven 
 

Although we believe our contribution goes beyond the testing of two specific 

hypotheses, we attempted to frame our research through testing two hypotheses: 

 
1. A multi-user situational simulation environment can be effectively used as 

a training tool for generating insight among emergency response 
personnel. 

 
2. A multi-user situational simulation environment can be effectively used as 

a training tool for improving situation awareness among emergency 
response personnel. 
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We proved the first hypothesis through post-simulation evaluation of two 

simulation sessions whereby both generated significant insights even after the RSR tool 

iterative development process had generated insight among the first responders who 

contributed to tool design. We found the same insight generation process by running the 

simulation sessions with first responders who did not participate in RSR tool generation. 

 

We proved the second hypothesis through performing an experiment with and 

without providing a multi-user situational simulation environment for use by simulation 

participants. The participants demonstrated significantly higher situation awareness when 

using our RSR tool than when not. 

 

 
11.4 Contributions made 
 

Our process of defining system architecture to support first responder training 

through simulation role-play was one of daily iteration, test, discussion, and reflection. 

Such a process is expected to be rocky at times as sometimes iteration takes us backwards 

away from our goals temporarily and not always just to get us out of a local maximum. 

Our process became a nimble one so that we could backtrack to any previous 

development point where we felt progress could be better attained from that point 

onwards. Because we wanted to build a software framework that could support 

simulation for a wide variety of community-wide crisis scenarios, we deemed robustness 

and effectiveness critical success factors to be the most important yardstick by which we 

evaluated our software. We believe we have made a contribution through documenting 

the process by which we designed and development the RSR and RSV tools. 

 

We believe our process is one we can share with a wide variety of researchers 

from a wide variety of research backgrounds. The RimSim architecture lets researchers 

pick and choose where to make a contribution. We have used an object-oriented, open 

source, programming model to allow computer scientists to write code that will enhance 

any part of the simulation support services that let first responders gain insight into 
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community-wide crisis response. Like our process of helping a linear programming 

modeler implement a resource optimization model into the heuristics support module of 

the RimSim system architecture, a community of computer scientists can help others 

implement and test their hypotheses from within the simulation framework of RimSim. 

Each time that integration process happens, new light is shed on the effectiveness of the 

architecture from both a code engineering perspective and from a first responder training 

tool perspective (among others). Our suggested future work becomes much more evident 

as we see that process unfold, bringing in one enthusiastic researcher at a time. 

 

 In order to evaluate distributed situation awareness and insight generation, we 

considered a wide variety of questionnaires, probes, and quantitative metrics that could 

shed light on the usefulness of our tools. We offer our literature search, summary of 

findings, and implementation of chosen yardsticks to the community for consideration of 

evaluating team training and planning tools. Just as we benefitted by the sharing of 

approaches by researchers before us, we wish to benefit others who follow us into this 

area of research. 
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Appendix I – Documents From KCHC Tabletop Exercise on March 3, 2010 
 

 
 

1. Recruitment Notice for Tabletop Exercise on March 3, 2010 
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                                        2.   KCHC Hospital Evacuation Plan Page One 
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                                        3.   KCHC Hospital Evacuation Plan Page Two  
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4. KCHC Hospital Evacuation Patient Tracking Form 
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Appendix II – Documents From Subject Experiments 

 

 
                                              1.  UWMC Patient Encodings Form 
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2. Hospital Transport Coordinator Vehicle Tracking Sheet 
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                              3.  Fire Transport Coordinator Interface Encoding Notes 
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                              4.  Fire Transport Coordinator Vehicle Allocations Notes 
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                                       5.  UWMC Patient Evacuation Tracking Form 
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Appendix III – Calculation of Paired t-test for Situation Awareness Freeze Probe 

Questionnaire 

 

Question 1: 

  DIFF    
0 0 0 2.6 -2.6 6.76 
5 0 5 2.6 2.4 5.76 
0 0 0 2.6 -2.6 6.76 
7 0 7 2.6 4.4 19.36 
0 0 0 2.6 -2.6 6.76 
0 0 0 2.6 -2.6 6.76 
5 0 5 2.6 2.4 5.76 
0 0 0 2.6 -2.6 6.76 
3 0 3 2.6 0.4 0.16 
13 0 13 2.6 10.4 108.16 
2 1 1 2.6 -1.6 2.56 
10 2 8 2.6 5.4 29.16 
12 1 11 2.6 8.4 70.56 
2 0 2 2.6 -0.6 0.36 
4 2 2 2.6 -0.6 0.36 
2 0 2 2.6 -0.6 0.36 
2 1 1 2.6 -1.6 2.56 
4 0 4 2.6 1.4 1.96 
2 1 1 2.6 -1.6 2.56 
1 0 1 2.6 -1.6 2.56 
2 1 1 2.6 -1.6 2.56 
2 0 2 2.6 -0.6 0.36 
1 0 1 2.6 -1.6 2.56 
2 0 2 2.6 -0.6 0.36 
2 0 2 2.6 -0.6 0.36 
1 0 1 2.6 -1.6 2.56 
2 0 2 2.6 -0.6 0.36 
1 1 0 2.6 -2.6 6.76 
1 0 1 2.6 -1.6 2.56 
0 0 0 2.6 -2.6 6.76 

 Mean Diff: 2.6  
Sum of 
Squares 311.2 

    Std Dev 3.275825771 
     5.477225575 
    Std Error 0.598081223 
    df 29 
 t 4.347235625  Variance 10.73103448 
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Question 2: 

  DIFF    
15 5 10 3.8666666 6.1333334 37.6177786 
0 0 0 3.8666666 -3.8666666 14.9511106 
15 0 15 3.8666666 11.1333334 123.9511126 
15 3 12 3.8666666 8.1333334 66.1511122 
0 0 0 3.8666666 -3.8666666 14.9511106 
15 0 15 3.8666666 11.1333334 123.9511126 
15 0 15 3.8666666 11.1333334 123.9511126 
0 0 0 3.8666666 -3.8666666 14.9511106 
0 0 0 3.8666666 -3.8666666 14.9511106 
20 2 18 3.8666666 14.1333334 199.751113 
7 2 5 3.8666666 1.1333334 1.284444596 
5 2 3 3.8666666 -0.8666666 0.751110996 
22 6 16 3.8666666 12.1333334 147.2177794 
2 3 -1 3.8666666 -4.8666666 23.6844438 
4 1 3 3.8666666 -0.8666666 0.751110996 
24 8 16 3.8666666 12.1333334 147.2177794 
2 4 -2 3.8666666 -5.8666666 34.417777 
4 2 2 3.8666666 -1.8666666 3.484444196 
18 12 6 3.8666666 2.1333334 4.551111396 
1 8 -7 3.8666666 -10.8666666 118.084443 
2 2 0 3.8666666 -3.8666666 14.9511106 
20 11 9 3.8666666 5.1333334 26.3511118 
1 9 -8 3.8666666 -11.8666666 140.8177762 
2 1 1 3.8666666 -2.8666666 8.217777396 
20 9 11 3.8666666 7.1333334 50.8844454 
1 9 -8 3.8666666 -11.8666666 140.8177762 
2 1 1 3.8666666 -2.8666666 8.217777396 
11 14 -3 3.8666666 -6.8666666 47.1511102 
1 12 -11 3.8666666 -14.8666666 221.0177758 
0 2 -2 3.8666666 -5.8666666 34.417777 

 Mean Diff: 3.866666667  
Sum of 
Squares 1909.466667 

    Std Dev 8.114411757 
     5.477225575 
    Std Error 1.48148212 
    df 29 
 t 2.609998875  Variance 65.84367816 
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Question 3: 

  DIFF    
0 0 0 1.9333333 -1.9333333 3.737777649 
0 0 0 1.9333333 -1.9333333 3.737777649 
0 0 0 1.9333333 -1.9333333 3.737777649 
0 0 0 1.9333333 -1.9333333 3.737777649 
0 0 0 1.9333333 -1.9333333 3.737777649 
0 0 0 1.9333333 -1.9333333 3.737777649 
0 0 0 1.9333333 -1.9333333 3.737777649 
0 0 0 1.9333333 -1.9333333 3.737777649 
0 0 0 1.9333333 -1.9333333 3.737777649 
0 0 0 1.9333333 -1.9333333 3.737777649 
4 0 4 1.9333333 2.0666667 4.271111249 
0 0 0 1.9333333 -1.9333333 3.737777649 
0 0 0 1.9333333 -1.9333333 3.737777649 
8 0 8 1.9333333 6.0666667 36.80444485 
0 0 0 1.9333333 -1.9333333 3.737777649 
2 2 0 1.9333333 -1.9333333 3.737777649 
8 0 8 1.9333333 6.0666667 36.80444485 
2 0 2 1.9333333 0.0666667 0.004444449 
4 2 2 1.9333333 0.0666667 0.004444449 
8 0 8 1.9333333 6.0666667 36.80444485 
2 0 2 1.9333333 0.0666667 0.004444449 
10 2 8 1.9333333 6.0666667 36.80444485 
6 2 4 1.9333333 2.0666667 4.271111249 
2 2 0 1.9333333 -1.9333333 3.737777649 
10 4 6 1.9333333 4.0666667 16.53777805 
4 0 4 1.9333333 2.0666667 4.271111249 
0 2 -2 1.9333333 -3.9333333 15.47111085 
0 0 0 1.9333333 -1.9333333 3.737777649 
4 0 4 1.9333333 2.0666667 4.271111249 
0 0 0 1.9333333 -1.9333333 3.737777649 

 Mean Diff: 1.933333333  
Sum of 
Squares 259.8666667 

    Std Dev 2.993479504 
     5.477225575 
    Std Error 0.546532083 
    df 29 
 t 3.537456249  Variance 8.96091954 
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Question 4: 

  DIFF    
4 2 2 1.4 0.6 0.36 
6 4 2 1.4 0.6 0.36 
2 2 0 1.4 -1.4 1.96 
4 2 2 1.4 0.6 0.36 
6 4 2 1.4 0.6 0.36 
2 2 0 1.4 -1.4 1.96 
4 0 4 1.4 2.6 6.76 
5 2 3 1.4 1.6 2.56 
2 1 1 1.4 -0.4 0.16 
3 0 3 1.4 1.6 2.56 
4 1 3 1.4 1.6 2.56 
1 1 0 1.4 -1.4 1.96 
2 2 0 1.4 -1.4 1.96 
3 0 3 1.4 1.6 2.56 
0 0 0 1.4 -1.4 1.96 
1 1 0 1.4 -1.4 1.96 
3 1 2 1.4 0.6 0.36 
1 1 0 1.4 -1.4 1.96 
1 1 0 1.4 -1.4 1.96 
3 0 3 1.4 1.6 2.56 
0 0 0 1.4 -1.4 1.96 
2 0 2 1.4 0.6 0.36 
4 1 3 1.4 1.6 2.56 
1 1 0 1.4 -1.4 1.96 
2 0 2 1.4 0.6 0.36 
4 1 3 1.4 1.6 2.56 
1 1 0 1.4 -1.4 1.96 
2 1 1 1.4 -0.4 0.16 
3 1 2 1.4 0.6 0.36 
0 1 -1 1.4 -2.4 5.76 

 Mean Diff: 1.4  
Sum of 
Squares 55.2 

    Std Dev 1.379655129 
     5.477225575 
    Std Error 0.251889412 
    df 29 
 t 5.557994634  Variance 1.903448276 
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Question 5: 

  DIFF    
18 18 0 3.76666666 -3.76666666 14.18777773 
48 18 30 3.76666666 26.23333334 688.1877781 
3 15 -12 3.76666666 -15.76666666 248.5877776 
18 18 0 3.76666666 -3.76666666 14.18777773 
48 18 30 3.76666666 26.23333334 688.1877781 
3 15 -12 3.76666666 -15.76666666 248.5877776 
19 19 0 3.76666666 -3.76666666 14.18777773 
49 19 30 3.76666666 26.23333334 688.1877781 
4 4 0 3.76666666 -3.76666666 14.18777773 
21 20 1 3.76666666 -2.76666666 7.654444408 
36 20 16 3.76666666 12.23333334 149.6544446 
6 5 1 3.76666666 -2.76666666 7.654444408 
24 21 3 3.76666666 -0.76666666 0.587777768 
29 21 8 3.76666666 4.23333334 17.92111117 
9 6 3 3.76666666 -0.76666666 0.587777768 
23 22 1 3.76666666 -2.76666666 7.654444408 
23 22 1 3.76666666 -2.76666666 7.654444408 
8 7 1 3.76666666 -2.76666666 7.654444408 
23 23 0 3.76666666 -3.76666666 14.18777773 
23 23 0 3.76666666 -3.76666666 14.18777773 
8 8 0 3.76666666 -3.76666666 14.18777773 
21 20 1 3.76666666 -2.76666666 7.654444408 
21 20 1 3.76666666 -2.76666666 7.654444408 
6 5 1 3.76666666 -2.76666666 7.654444408 
21 20 1 3.76666666 -2.76666666 7.654444408 
21 20 1 3.76666666 -2.76666666 7.654444408 
6 5 1 3.76666666 -2.76666666 7.654444408 
22 20 2 3.76666666 -1.76666666 3.121111088 
22 20 2 3.76666666 -1.76666666 3.121111088 
7 5 2 3.76666666 -1.76666666 3.121111088 

 
Mean 
Diff: 3.766666667  

Sum of 
Squares 2923.366667 

    Std Dev 10.04020653 
     5.477225575 
    Std Error 1.833082532 
    df 29 
 t 2.054826556  Variance 100.8057471 
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Appendix IV – Subject Trials Recruitment Letter 

 

UNIVERSITY OF WASHINGTON RECRUITMENT LETTER  
ADAPTING SIMULATION ENVIRONMENTS FOR EMERGENCY RESPONSE 

PLANNING AND TRAINING 
 

I am contacting you today to ask if you’d be willing to be a participant in a research study that is associated 
with the hospital evacuation emergency response drills you are scheduled to participate in during February 
and March 2010. In association with the drills, we have designed a study to assess your situation awareness 
throughout the drills. 
 
Situation awareness looks at your perception of environmental elements within a volume of time and space, 
the comprehension of their meaning, and the projection of their status in the near future. It is also a field of 
study concerned with perception of the environment critical to decision-makers in complex, dynamic areas 
of which emergency response is one. Wikipedia has a useful Web page for you to become more familiar 
with situation awareness at http://en.wikipedia.org/wiki/Situation_awareness. 
 
The first experiment will ask you to perform your role within a two-hour long emergency hospital 
evacuation drill at the University of Washington Medical Center (UWMC). This drill is a drill in which 
Tamlyn Thomas, the UWMC Emergency Management Coordinator, has requested your participation. As a 
subject, you would agree to be willing to be asked a short five question questionnaire at ten randomly 
chosen times throughout the drill. The questionnaire would only take approximately thirty seconds of your 
time away from the drill each time. You would also allow us to record your voice and the voice of all 
utterances made available to you during the drill. We would finish transcribing those statements to text 
within six months of the drill and delete all voice recordings to protect your identity. No one would have 
access to those voice recordings except me, the experimenter, Bruce Donald Campbell. 
 
The second experiment would compare the effect of your role in the second drill to the first drill. You 
would have a visualization tool available for your use in the second drill that was unavailable during the 
first drill. You would be given time to practice using the tool via a Web application you could run from any 
Web browser at your leisure. The interface should be quite simple for someone who understands how to 
read a map, and use a computer mouse to click, drag, and double-click the mouse using a cursor on the 
screen to identify your intent better. You could agree not to participate as a subject upon gaining access to 
the tool and realizing any discomfort level with using the tool. All data collected from your participation in 
the first drill would then be discarded permanently and never used. 
 
You would be asked to answer a very short questionnaire about your tool training methods and comfort 
level before the start of the second drill. 
 
Tamlyn Thomas will be debriefing you after each drill in a manner consistent with all previous drills she 
has coordinated.  The debriefings are outside the scope of the research study. You would be asked to 
answer a very open-ended question as to your overall participation in the experiment. You would not be 
required to answer this question but it would be your opportunity to let the research team better design the 
next experiment on the record. 
 
You would have access to all data acquired in the study and be provided with a copy of all academic papers 
and research presentations made as a result of the experiments. 
 
You would be paid $200 to participate in the study out of the pocket of Bruce Donald Campbell, the 
researcher whose dissertation you would be supporting with great gratitude. 
 
 



 159 

Appendix V – Subject Trials Consent Form 

 
UNIVERSITY OF WASHINGTON CONSENT FORM 

ADAPTING SIMULATION ENVIRONMENTS FOR EMERGENCY RESPONSE 
PLANNING AND TRAINING 

Researchers:   
• Thomas Furness, Professor, Industrial Engineering, (206) 543-4608 
• Bruce Campbell, PhD Student, Industrial Engineering, (401) 477-0966 

Researchers’ statement 
We are asking you to be in a research study. The purpose of this consent form is to give 
you the information you will need to help you decide whether to be in the study or not. 
Please read the form carefully. You may ask questions about the purpose of the research, 
what we would ask you to do, the possible risks and benefits, your rights as a volunteer, 
and anything else about the research or this form that is not clear. When we have 
answered all your questions, you can decide if you want to be in the study or not. This 
process is called “informed consent.” We will give you a copy of this form for your 
records. 

PURPOSE OF THE STUDY 
Emergency operations responder personnel often struggle to attain optimal situation 
awareness while performing their tasks during complex emergency response procedures. 
We have developed a simulator and visualization tool to provide hospital evacuation 
personnel the opportunity to better see the ramifications of their actions in parallel with 
the actions of their peers. We now wish to test the use of the visualization tool during a 
typical emergency response drill in order to obtain data that supports a hypothesis that the 
visualization tool helps medical team members improve situation awareness. As a 
member of a first response team who is performing a hospital evacuation drill, your 
participation is greatly appreciated. 
 

STUDY PROCEDURES 
We will be tracking the two emergency response drills you have agreed to participate in 
and would like your participation in recording data associated with assessing your 
situation awareness. Each session will last no more than two hours and you will be 
invited to ask as many questions as you wish after each session concludes although the 
question and answer period may run over two hours in duration (you may also ask 
follow-up questions and expect an answer via e-mail to/from 
brucedc@u.washington.edu). The drills will run between February 15th and June 30th, 
2010 and scheduled based on minimum team attendance availability. For one of the 
experiments, you will be using a basic personal computer with a standard keyboard, 
three-button mouse, and typical flat panel display or a laptop with typical keyboard, 
mouse, and display integrated. 
You will be interviewed during your drills as to your experience with the simulator and 
visualization tool. During the hospital evacuation drills, the drill may be stopped 
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periodically to interview you with basic questions that assess your situation awareness. 
You may refuse to answer any question or item in any test, inventory, questionnaire, or 
interview. 
   

RISKS, STRESS, OR DISCOMFORT 
Risks associated with participating in the simulation sessions are similar to the risks of 
injury associated with using any interactive software program at your best ability for up 
to two hours continuously. Your use of a Web browser for long periods of time is a good 
estimator of the discomfort you may experience. Should you experience a level of 
discomfort beyond your comfort level, you may stop at any time. 
We may record portions of your interaction with the simulator. Recordings may include 
audio, video, and mouse and keystroke capture. All audio and video would be transcribed 
to text within six months of the drill and the originals destroyed without anyone but the 
lead researcher having access to them. We will keep the text, mouse, and keystroke 
recordings indefinitely for research purposes and may share them with other researchers, 
use them in presentations or publications. You will always be given an opportunity to 
review the recordings and delete any portions at any point from this point forward in 
time.   

BENEFITS OF THE STUDY 
We expect our research to shed light on better methods of visualization and interaction 
for emergency first response software.  If you use emergency response software, you may 
benefit directly from the results of this software. Since many first responders currently 
use software or will use software in the future to visualize an emerging emergency 
scenario, we hope our work will help them all improve their understanding and 
performance through better visualization and interaction methods. 

OTHER INFORMATION 
You may refuse to participate and you are free to withdraw from this study at any time 
without penalty or loss of benefits to which you are otherwise entitled. Data associated 
with your role in the shared simulation sessions will be anonymous and you can negotiate 
to play a role that will make your participation feel even more anonymous should you 
prefer. 
The only cost to your participation in this study is your time, which the research team 
knows is highly valuable given the roles simulated in this study. You will be provided 
with a free version of the software and a Web address from which you can download 
updates at any time in the future. 
 
  
Printed name of study staff obtaining consent Signature Date 
Subject’s statement 
This study has been explained to me.  I volunteer to take part in this research.  I have had 
a chance to ask questions.  If I have questions later about the research, I can ask one of 
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the researchers listed above.  If I have questions about my rights as a research subject, I 
can call the Human Subjects Division at (206) 543-0098.  [If relevant, add:  I give 
permission to the researchers to use my medical records as described in this consent 
form.]  I will receive a copy of this consent form. 
 
Printed name of subject  Signature of subject    Date 
 
When subject is a minor: 
 
Printed name of parent  Signature of parent    Date 
 
When subject is not able to provide informed consent 
 
Printed name of representative Signature of representative   Date 
 
 
Relationship of representative to subject 
Copies to: Researcher 
  Subject 
  Subject’s Medical Record (if applicable) 
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Appendix VI – Situation Awareness Questionnaire 

 
UNIVERSITY OF WASHINGTON 

SITUATION AWARENESS QUESTIONNAIRE 
ADAPTING SIMULATION ENVIRONMENTS FOR EMERGENCY RESPONSE 

PLANNING AND TRAINING 

One of the most widely used objective measures of situation awareness is the Situation 
Awareness Global Assessment Technique (SAGAT). As an objective, diagnostic and sensitive 
metric, SAGAT is highly validated for use in a wide variety of applications. SAGAT has been 
successfully used to directly and objectively measure operator situation awareness in evaluating 
avionics concepts, display designs and interface technologies. Our questionnaire applies the 
SAGAT to participants in a hospital evacuation emergency response drill. 

With SAGAT, mission or task simulations are frozen at randomly- selected times, the system 
displays are blanked and the simulation is suspended while operators quickly answer questions 
about their current perceptions of the situation. We plan on asking this questionnaire ten times 
during the simulation. 

1. How many patients are in a significant state of discomfort currently? _______ 
2. Where are these patients located? ________ 
3. How many patients are currently in transit between the evacuating and receiving 

hospital? _____ 
4. How much more time will it require to fully evacuate the existing hospital given ideal 

circumstances? ______ 
5. How much more time will it require to fully deliver all evacuating patients to their 

receiving hospital given ideal circumstances? _______ 

The questions correspond to their situation awareness requirements as determined from the results 
of a situation awareness requirements’ interview done with the emergency response drill 
coordinator, Tamlyn Thomas. These answers based on the subject’s perceptions are then 
compared to the active situation, based on simulation computer databases, to provide an objective 
measure of situation awareness. 

Multiple “snapshots” of operators’ situation awareness are acquired in this way, which gives an 
index of the quality of situation awareness provided by a particular design. The collection of 
situation awareness data via SAGAT provides an objective, unbiased assessment of SA that 
overcomes the problems incurred from post-hoc assessments. 

As a global measurement tool, SAGAT queries made through the questions above attempt to test 
all three components of situation awareness identified by situation awareness literature — level 1 
(perception of data), level 2 (comprehension of meaning) and level 3 (projection of the near 
future) components. As the best validated, objective measure of situation awareness known to 
date, SAGAT provides a gold. SAGAT has been shown to have predictive validity, with SAGAT 
scores indicative of performance. It is also sensitive to changes in task load and to factors that 
effect operator attention, demonstrating construct validity. The tool produces high levels of 
reliability. It has been widely used in aviation, air traffic control, power plant operations and 
military operations to measure both individual and team SA. 
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Appendix VII – Data Collection Document Filed with UW Human Subjects Division 

 

UNIVERSITY OF WASHINGTON DATA COLLECTION DETAILS 
ADAPTING SIMULATION ENVIRONMENTS FOR EMERGENCY RESPONSE 

PLANNING AND TRAINING 
 
 
Initial data collected from subject before any experiment is performed: 
 
What role would you perform if a hospital evacuation emergency response activity were 
required of you today: ________________________ 
 
How many months have you been in that role: ______________ 
 
Do you have any specific personal characteristics that would make your performance in a 
hospital evacuation emergency response drill significantly different than someone else 
with your training? If so, what are they: 
______________________________________________ 
 
Data to be collected during the first experiment: 
 
Text and time stamp (nearest second of clock time) of any and all voice utterance(s) 
uttered and/or overheard by each subject during the drill (as transcribed from voice 
stream). 
 
Latitude, longitude, and altitude of each (fictitious) hospital patient being evacuated 
every minute (time stamped via the official drill clock) of the drill along with a 
conversion to known descriptive location when describable (e.g. second floor Pacific 
Tower lobby elevator landing). 
 
Latitude, longitude, and altitude of each live and simulated responder personnel during 
evacuation every minute (time stamped via the official drill clock) of the drill along with 
a known descriptive location when describable (e.g. second floor Pacific Tower lobby 
elevator landing). 
 
Latitude, longitude, and altitude of each injected incident (e.g. Pacific Tower Elevator 
outage) during evacuation drill (time stamped with start and end times via the official 
drill clock) along with a known descriptive location when describable (e.g. second floor 
Pacific Tower lobby elevator landing). 
 
Latitude, longitude, and altitude of each medical supply (e.g. water bottle, ice bag, 
ambulance, etc.) during evacuation every minute (time stamped via the official drill 
clock) of the drill along with a known descriptive location when describable (e.g. second 
floor Pacific Tower lobby elevator landing). 
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Responder ID for sender and recipient(s) for each command made in the drill – both 
simulated and live participant (along with timestamp of command start). 
 
Responder ID attached to patient ID for the duration when a responder is responsible and 
accountable for that patient during the drill. 
 
Answers to all questions in the situation awareness questionnaire (attached), along with 
timestamp to the nearest minute of the simulation clock for when the questionnaire is 
implemented (ten times per drill). 
 
Data to be collected during the second experiment: 
 
Data collection will be identical to the first experiment with the added capture of 
continuous mouse cursor location on the screen of the visualization tool being tested, and 
the collection of all mouse button up, down, and drag events. Continuous mouse cursor 
location to be captured every 30 milliseconds when moving along with timestamp of start 
and end of each movement (in milliseconds via built-in computer clock). 
 
One additional question will be asked: How much time have you spent gaining a basic 
comfort with the visualization tool before this drill begins? _________ 
 
Both experiments will fill out the following data model as accurately as possible within 
necessary time precision (described above): 
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Appendix VIII – Pre-study Questionnaire Answers 

 

• What role would you perform if a hospital evacuation emergency response 

activity were required of you today? 

1. If I were on shift, I would participate on the logistics team. 

2. I would work with the evacuation logistics team. 

3. As a retired fireman, I would likely not be involved unless asked to volunteer. 

 

• How many months have you been in that role? 

1. I have spent twenty-four years working with hospital logistics 

2. I have spent sixteen years working at this location 

3. I had thirty-three years of fireman training and implementation. 

 

• Do you have any specific personal characteristics that would make your 

performance in a hospital evacuation emergency response drill significantly 

different than someone else with your training? If so, what are they? 

 

1. I believe that my role as an ombudsperson on behalf of patients has allowed 

me to have a good working relationship with the staff and many of our long-

term patients. As a result, I might have an easier time of gaining cooperation 

from people during the time of an emergency. I don’t think that is completely 

as a result of my training. 

 

2. My job requires significant life-affecting logistics management on a daily 

basis and I am told that my level of competence is above the average person at 

my salary grade. I believe that is above the level of my training. 
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3. No, I can’t say that. You don’t last thirty-three years at the fire department 

without being able to prove your ability to implement protocol. I participated 

in many different emergency response activities but nothing I would consider 

community-wide. 

 

• How much time have you spent gaining a basic comfort with the visualization 

tool before this drill begins? 

 

1. After three approximate one-hour sessions practicing use and watching a 

simulation, I felt comfortable with using it. 

 

2. I spent four hours getting familiar and comfortable. 

 

3. I spent two hours getting used to the interface and studied the Seattle area map 

for another two hours to make sure I could allocate resources effectively as if I 

had worked there for my lifetime. 

 

• Please let us know any thoughts from participating in the experiments with which 

you don’t mind going on record. 

 

1. I think the work you are doing is very appropriate for younger people entering 

hospital administration work since they seem to be very active in using digital 

devices in their day-to-day activities; both in their work lives and perhaps 

even more so in their personal lives. 

 

2. I didn’t think using a map was going to be very useful for me since I am not a 

usual map user when thinking about hospital logistics. I now can see how the 

map can be a useful unifying discussion object for a wide area emergency. 
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3. I think I have a better sense of the amount of work it would take to evacuate a 

hospital of 235 patients and I appreciate having been given the opportunity to 

form my own point of view. 
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